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  Abstract 
 

Artificial Intelligence and local debt:  
Evidence from five OECD bond markets 

 
This paper examines whether local investments in artificial 

intelligence (AI) improve subnational borrowing terms in an 
international setting. Building on U.S. evidence that areas with 
greater AI diffusion experience lower municipal bond yields and 
improved local fiscal capacity, we extend the analysis to five 
OECD countries: Belgium, Canada, Germany, Spain and Sweden. 
Vacancy data from Lightcast are used to measure the AI share of 
job postings at comparable subnational geographies and to link 
these measures to municipal and regional bond outcomes. Using 
within-country variation, expansions of the AI share of jobs are 
found to be associated with increases, rather than decreases, in 
bond yields. These results point to challenges that many OECD 
economies may face in financing the development of new digital 
infrastructure in the emerging AI economy.  

 
Keywords: artificial intelligence; municipal bonds; subnational 

public finance; regional fiscal risks; job posting data. 
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By Sean Dougherty and Christos A. Makridis1 

 

1.  Introduction 

Artificial intelligence (AI) has rapidly expanded and increasingly functions as a general-purpose 
technology (GPT) with the potential to boost productivity and transform the labour market (Aghion 
and Bunel, 2024; Eloundou et al., 2024; Filippucci et al., 2024), although estimates vary 
(Brynjolfsson et al., 2025; Humlum and Vestergaard, 2025; Johnston and Makridis, 2025). 
In recent years, AI-related job postings have surged from 0.5% of all listings in 2014 to roughly 
2% by 2024.2  However, sceptics caution that unintended effects, ranging from labour market 
disruption to increased regional disparities, could offset AI’s potential benefits (Acemoglu, 
2024), while optimists argue that productivity gains may simply take time to materialise as 
complementary innovations diffuse (Brynjolfsson et al., 2021). As a result, there is growing 
interest in understanding AI’s localised economic effects. 

Municipal finance provides a window into these effects. The cost of issuing local debt, 
and thus the return an investor earns from holding a bond, depends on how investors 
assess the underlying risk of the jurisdiction. As a result, local economic shocks, 
whether positive or negative, should be reflected in bond yields. If local investments in 
AI – even from the private sector – strengthen economic fundamentals, they should be 
associated with lower bond yields, reducing municipal borrowing costs and signalling 
improved fiscal capacity. Recent evidence from the United States supports this view. 
Andreadis et al. (2025) examine U.S. municipal bond outcomes and find that localised AI 
investments – measured using AI job postings – reduce municipal borrowing costs. Counties 
that embraced AI saw higher productivity and positive spillovers – including an influx of 
educated workers and rising property values – which together expanded the local tax base. 
As revenues grow, local government balance sheets strengthened, reducing default risk and 
enabling infrastructure and public services to be financed on better terms. The U.S. evidence 
is consistent with a mechanism in which stronger local economic conditions coincide with 
stronger fiscal capacity and lower municipal borrowing costs, consistent with the results from 
Makridis and Mishra (2022) on a panel of U.S. cities from 2010 to 2018 that increases in the 
AI share of jobs are linked with improvements in individual well-being and per capita income. 

 
1 This document was reviewed by the OECD Network on Fiscal Relations. It was prepared by Christos Makridis, 
consultant to the Network, in collaboration with Sean Dougherty, Head of the Network Secretariat. Expert research 
support was provided by Arthur Rabouin (SciencesPo). We are grateful for comments on the document from 
Luiz de Mello (OECD Economics Department), Agustin Basauri & Pietrangelo de Biase (OECD Centre for 
Entrepreneurship, SMEs, Regions & Cities), Francesca Borgonovi (OECD Centre for Skills), Christian Lundblad 
(University of North Carolina) and Lily Fang (INSEAD). The views expressed herein are only those of the authors, 
and do not reflect those of their institutions, the OECD or its Member countries. 
2 See here: https://lightcast.io/resources/research/the-lightcast-global-ai-skills-outlook  

Artificial Intelligence and local debt: 
Evidence from five OECD bond markets 

https://lightcast.io/resources/research/the-lightcast-global-ai-skills-outlook


4 |   
 

 © OECD 2026 

  
  

Whether local AI intensity is associated with lower subnational borrowing costs outside the 
United States is an empirical question, given cross-country differences in tax treatment, 
market depth and issuance architecture. Interest on state and local bonds is generally exempt 
from federal taxation, which lowers required yields and may amplify the sensitivity of prices to 
local economic fundamentals. The U.S. market is also unusually large and liquid, with active 
secondary trading that facilitates price discovery. In many European and other OECD settings, 
by contrast, subnational borrowing relies more heavily on bank lending, pooled funding 
agencies and joint guarantee structures, which compress cross-issuer yield dispersion and 
weaken the link between local conditions and market pricing. These differences imply that the 
capitalisation of local AI intensity into borrowing costs may operate very differently outside the 
United States. Our contribution is therefore to test whether the U.S. pattern generalises to 
OECD bond markets with distinct tax treatment, market depth and issuance architecture. 

We focus on five OECD countries – Belgium, Canada, Germany, Spain and Sweden – chosen 
for their diverse subnational finance systems. These countries span federal and unitary structures 
and exhibit varying degrees of fiscal decentralisation, revenue autonomy and municipal bond 
market development. Such differences provide a natural testing ground to explore whether AI-
driven productivity and fiscal gains translate into lower borrowing costs under different institutional 
conditions. For instance, whereas in Sweden local governments enjoy significant taxing power, 
subnational governments in Belgium rely on intergovernmental grants for the bulk of their funding. 
In Canada and Germany, subnational governments have intermediate arrangements – they raise 
substantial own revenues but also receive equalisation transfers to balance disparities. These 
structural differences could mediate the link between a local AI boom and that locality’s fiscal 
outlook. For example, where local governments retain most of the new tax base (as in 
Canada’s provinces or Swedish municipalities), we might expect a stronger immediate 
improvement in fiscal metrics, and thus a more pronounced drop in bond yields, whereas in 
settings where additional revenue is largely offset by reduced transfers or shared with other 
regions (as in Germany’s cooperative fiscal federalism or Spain’s regional funding system), the 
credit impact may be more muted.  

We examine whether increases in the local AI share of job postings are associated with lower 
subnational borrowing costs in these countries. The evidence does not support a robust 
negative association. For the five OECD countries in our sample, we find positive associations 
between bond yields and AI job intensity even when controlling for country and year fixed 
effects, in contrast to the negative relationship documented in Andreadis et al. (2025), which 
we replicate in a U.S.-only sample with and without country and year fixed effects. We find a 
negative, but statistically insignificant, relationship for the five OECD countries only when we 
include municipal and year fixed effects, which could reflect the small sample. This divergence 
points to frictions that may weaken the pricing channel outside the U.S. European subnational 
debt markets are typically thinner and more fragmented, with limited secondary-market 
liquidity that constrains price discovery. Credit pooling arrangements and implicit backstops 
further compress yield dispersion across issuers, reducing the extent to which investors 
reward strong local fundamentals. In addition, intergovernmental transfer systems dilute local 
retention of revenue gains from AI-driven growth, while weaker disclosure and analyst 
coverage limit the visibility of local economic signals. These features could help explain why 
higher local AI intensity coincides with higher borrowing costs in our sample, and suggest that 
without deeper markets and clearer fiscal pass-through, technological dynamism may not 
translate into cheaper public finance. 
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2.  Data and Measurement 
This study leverages three primary data sources to construct a novel panel dataset: Lightcast 
job postings data for measuring local AI-related labour investments, London Stock Exchange 
Group (LSEG) financial data for municipal bond outcomes, and several macroeconomic 
indicators from the World Bank. Below we clarify how we define our key variables, how we map 
them to each other, and the assumptions underlying the data consistency. 

2.1 Lightcast Job Posting Data 

We measure local AI investment intensity using the share of job postings that are AI-related. 
Following the approach of Andreadis et al. (2025) and Borgonovi et al. (2023), we utilise Lightcast’s 
comprehensive online job postings database, which aggregates job advertisements across 
thousands of sources. Crucially, Lightcast provides a rich skills taxonomy (the Open Skills 
Taxonomy) that tags postings with specific skills and keywords. We apply a curated list of AI-
related keywords (covering terms explicitly tied to AI techniques, machine learning models, and 
related tools) to identify postings associated with AI. This constitutes a “narrow” AI definition 
intended to focus on genuine AI roles and avoid counting generic IT or data jobs as AI. In 
practical terms, a posting is counted as “AI-related” if it mentions at least one of the selected AI 
keywords or skills. For each locality and year, we then compute the AI job postings share as the 
percentage of all job postings in that locality-year that meet this AI-related criterion. The time 
frame of the analysis begins in 2014 and runs through 2024; starting in 2014 is important because 
earlier years have known inconsistencies in Lightcast’s coverage and skill taxonomy. By restricting 
to 2014 onward, we assume a reasonably consistent methodology and coverage rate across 
countries and over time, so that an “AI job share” in, say, 2016 Spain is comparable to the same 
measure in 2016 Canada or 2020 Germany. 

The true coverage of online job postings can vary – not all vacancies are posted online and 
Lightcast’s aggregate feed may be more comprehensive in some countries or regions than 
others. We do not observe coverage quality directly, but we operate under the working 
assumption that any such differences are relatively constant or random, and thus the year-to-year 
changes in AI job shares are meaningful. In addition, as a robustness check, we constructed an 
alternative broader measure of AI-related postings that includes a wider set of tech-oriented 
keywords (e.g., adding data analytics and general software development skills to the list). This 
broader AI-plus-data job share captures a more expansive view of digital skill investment. 
Reassuringly, key patterns in the results remain similar when using this alternate definition, 
indicating that our findings are not overly sensitive to the precise way AI jobs are identified. 

2.2 London Stock Exchange Group Bond Yields 

We obtain data on subnational government bond yields and related fiscal indicators from the 
London Stock Exchange Group’s financial databases. The focus is on market yields 
(expressed in percentage terms) for bonds issued by municipal or regional authorities in the 
five sample countries (Belgium, Canada, Germany, Spain and Sweden). Where multiple 
bonds exist for a given issuer and year, we use yields that best represent the issuer’s typical 
borrowing cost – for example, yields on benchmark bonds or the average yield across that 
issuer’s outstanding bonds in that year. All yields are on a comparable basis (generally mid-to-
long term fixed-rate bonds) to ensure consistency. We merge these bond outcomes with the 
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job postings data by matching each bond-issuing entity to its corresponding geographic unit in 
the Lightcast data. Figure A1 in the Annex illustrates the dispersion of bond yields across 
jurisdictions and over time. Some observations in LSEG reference bonds issued by local 
cooperative or development banks. We include these only when liabilities are explicitly guaranteed 
by a subnational government, in which case pricing reflects subnational credit conditions. 
Unguaranteed financial institution issuance is excluded. 

A critical step is aligning the geography of AI job postings with the geography of bond issuance. 
We map postings to comparable subnational units across the countries: primarily NUTS-3 regions 
in Europe (or an equivalent local government level) and census metropolitan areas or 
municipalities in Canada. Each job posting is associated with a location, which we aggregate to 
the region-year level for AI job shares. For bond issuers, we determine the geographic “footprint” of 
the borrower; for example, a Spanish comunidad autónoma (region) and German Länder (state) 
correspond to a NUTS-2 aggregation, encompassing multiple NUTS-3 regions, and a Swedish 
kommun may align with a single NUTS-3 or be part of one.3 In cases where an issuer’s jurisdiction 
does not exactly match one of the standard regions used by Lightcast, we either aggregate the 
AI job data from all constituent smaller units that fall within the issuer’s boundaries or, if needed, 
use the nearest available geographic unit’s data as a proxy. For instance, if a bond is issued by an 
entity covering an entire region composed of several NUTS-3 areas, we compute the regions’ AI 
job share as a population-weighted average of the AI job shares in those NUTS-3 areas. If a 
municipality issuing a bond is not separately identified in the Lightcast data, we might use the 
surrounding metro area’s AI job share as an estimate. While these mapping approximations are 
imperfect, they allow us to harmonise the data and include as many observations as possible. 

In operational terms, mapping bond issuers to subnational geographies required manual 
standardisation of issuer names and, in several cases, the creation of country-specific 
crosswalk files. Regional identifiers in bond records were heterogeneous: some observations 
reported administrative units, others only postal codes or city names, and several required 
judgements to align issuers with NUTS-3 or equivalent areas. Key bond attributes, including 
yield definitions and guarantee status, were frequently missing or inconsistently defined in 
earlier years. Bonds issued by local cooperative or development banks were included only 
when the issuer’s liabilities were explicitly guaranteed by a subnational government; 
otherwise, these were excluded. We believe the results remain accurate, but cross-country 
comparability at the regional level should be interpreted with care. 

3.  Empirical Strategy 
Our empirical strategy exploits within-country variation in the evolution of the AI share of job 
postings, conditional on bond characteristics and both country and year fixed effects: 
 

bct = γAIct + βXct + ϕc + λt + εct (1) 
 

 
3 Spanish comunidades autónomas and German Länder correspond to NUTS2 units. When issuers operate at 
NUTS2, we aggregate NUTS3 AI posting shares to the issuer footprint using population-weighted averages. Cross-
country comparability should be interpreted with care given issuer geography harmonisation and incomplete 
reporting of guarantee status and bond attributes in earlier years. 
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where bct denotes the bond yield in country c and year t, AI denotes the share of AI job postings, 
X denotes a vector of country-level controls and aggregated bond-level characteristics, while 
ϕ and λ denote fixed effects on country and year. In select specifications, we use municipal 
(region) and year fixed effects, controlling for more unobserved heterogeneity. Standard errors 
are clustered at the country level to account for serial correlation within jurisdictions, however, 
given the small number of clusters, these standard errors should be interpreted with caution.4 
Controls include national macro variables (GDP growth, unemployment, sectoral employment 
shares) and, where data permit, bond-level characteristics such as maturity and issue size. 

Our primary concern is that unobserved heterogeneity in municipal finances is correlated with 
the share of AI job postings. As a result, we not only include country and year fixed effects to 
isolate within-country variation – and thus cross-sectional comparisons between, say, Belgium 
and Canada – but also control for macroeconomic factors and, in the most restrictive 
specifications, region and year fixed effects. We saturate the model with increasing levels of 
controls to assess the role that omitted factors may play, recognising that we do not have a 
perfect quasi-experimental setting. Because we cannot implement an instrument comparable 
to Andreadis et al. (2025), the estimates should be interpreted as descriptive. Remaining omitted 
variables could bias coefficients in either direction, so we emphasise the need for more research. 

4.  Main Results 
Figure 1 plots the bivariate relationship between bond yields and the AI share of job postings 
across the five countries in the sample, producing a correlation of 0.50. Taken at face value, 
this implies that higher shares of AI jobs raise borrowing costs for municipalities. However, we 
recognise that the bivariate relationship could reflect a wide array of omitted factors, such as 
persistent or time-varying differences in productivity that make some countries more 
advantageous for building and using AI. As a result, we interpret this strong positive correlation 
with caution. 

Table 1 documents our main results. Column 1 presents a simple bivariate relationship. Starting 
with the bivariate relationship in column 1, a 1 percentage point (p.p.) increase in the AI share 
of jobs is associated with a 1.64 p.p. increase in bond yields, a large pure yield effect. 
However, once country and year fixed effects are included in column 2, the coefficient drops 
markedly to a 0.129 p.p. increase in bond yields (statistically insignificant). Columns 3-5 
sequentially add additional controls: the employment share in agriculture and services, the 
unemployment rate, the population growth rate and the real GDP growth rate, which raises 
the statistical and economic significance of the positive association.   

This is consistent with downwards bias in the raw correlation. However, once region ID and 
year fixed effects are added in column 6, the coefficient turns negative, consistent with 
Andreadis et al. (2025). However, it remains statistically insignificant. Weighting the 
observations by country population raises the economic significance of the coefficient 
estimate on the AI share of jobs, but it remains statistically insignificant.  

 

 
4 If we instead cluster at the region level, the coefficient estimate on the AI share of jobs is not only negative, but 
also statistically significant (p-value = 0.002). We therefore encourage more work with larger samples. 
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Figure 1. Bivariate relationship between non-U.S. bond yields and the AI share of jobs 

 
Sources: London Stock Exchange Group (LSEG) and Lightcast. The figure shows the correlation between the share of 
job postings that are AI related and bond yields across municipalities in a sub-sample of 152 observations in Belgium (9), 
Canada (43), Germany (32), Spain (32) and Sweden (36). The correlation is 0.50. The sample is winsorised at the 
bottom and top percentile and any observations with an AI share over 5 are dropped. 

 

Table 1. Baseline effects of AI investments on bond yields 

 

Sources: London Stock Exchange Group (LSEG) and Lightcast. The table reports the coefficients associated with 
regressions of bond yields on the AI share of jobs in a region, country and year, conditional on macroeconomic factors 
and both country and year fixed effects. Unless otherwise stated, observations are unweighted and standard errors are 
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clustered at the country-level.  

To verify that these positive associations are not purely driven by data limitations related to coverage 
in the European market, Figure 2 plots the bivariate relationship between yields and the AI share of jobs 
for the United States. Consistent with Andreadis et al. (2025), we find a negative association in our 
sample too, although it is only an unconditional correlation in a much smaller dataset. Rather than the 
non-U.S. sample being exceptional, the robust negative association in the U.S. case may be due to its 
institutional and fiscal context. 

Figure 2. Bivariate relationship between U.S. bond yields and the AI share of jobs 

 
Sources: London Stock Exchange Group (LSEG) and Lightcast. The figure shows the correlation between the share 
of job postings that are AI related and bond yields across municipalities for the United States. The correlation is -0.15. 
The sample is winsorised at the bottom and top percentile. 

5.  Discussion 
Our results reveal a notable and somewhat puzzling contrast to our prior expectations. 
Based on U.S. evidence by Andreadis et al. (2025), one would anticipate that greater local 
investment in AI and related labour force skills reduces municipal bond yields by signalling 
improved economic fundamentals. Indeed, the working hypothesis was that an AI-driven boost 
to a city or region’s economy should strengthen its fiscal outlook and thus lower its borrowing 
costs. While we find a negative association between the AI job share and bond yields when 
we include municipal and year fixed effects in our sample, the association is not statistically 
significant, whereas we find robust positive associations in a range of alternative specifications 
that contain time-varying country controls and both country and year fixed effects. In other 
words, localities investing more in AI appear to face higher interest rates on their debt, not 
lower. This counterintuitive outcome warrants a careful discussion of potential reasons and 
implications. Of course, one possibility is unobserved heterogeneity at the municipal level that 
is not captured by the country fixed effects, but we would need a larger sample and longer time 
series to make a more definitive statement. These correlations, therefore, should be interpreted 
as descriptive and motivating – not causal. 
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A natural starting point is that the mapping from local fundamentals to observed subnational 
yields is institutionally contingent. In settings where subnational bond markets are small, 
segmented, or thinly traded, yields can respond more to common risk appetite, benchmark rates 
and liquidity conditions than to fine grained local information. Fragmented issuance, small free 
floats, as well as buy and hold investor bases can limit secondary market price discovery and 
reduce the sensitivity of yields to new information about local growth prospects. Limited analyst 
coverage and attention can reinforce these patterns, weakening the extent to which local 
economic signals are incorporated into prices (Cornaggia et al., 2022). In such environments, 
even if AI intensity is associated with stronger local fundamentals, the pricing channel may be 
muted, delayed or obscured by market microstructure. 

A related consideration is the institutional architecture of subnational credit. In several OECD 
settings, borrowing is intermediated through pooled funding vehicles or shaped by explicit and 
implicit backstops from higher levels of government. These arrangements compress cross 
issuer dispersion and reduce incentives for investors to differentiate pricing across jurisdictions 
based on local conditions, because the relevant pricing object becomes closer to a system level 
credit assessment than a jurisdiction specific one (Brochado and Dougherty, 2024). When credit 
pooling and backstops are salient, stronger local performance may not translate into markedly 
lower yields, and observed correlations can be weak even when local fundamentals improve. 

Fiscal pass-through further conditions the link between local growth and credit outcomes. 
In multi-level fiscal systems with equalisation and transfer rules, local economic gains do not 
necessarily map one for one into improvements in subnational fiscal capacity. If incremental tax 
bases are shared, offset by reduced transfers, or accompanied by higher expenditure 
obligations, then an AI-driven expansion in local activity may not materially strengthen the 
balance sheet that investors price. In this case, the expected channel from productivity gains to 
lower yields is attenuated even absent bond market frictions. 

Bond market mechanisms, however, are not the only plausible explanation. Labour market 
institutions and adjustment dynamics can also shape how AI diffusion affects near-term fiscal 
risk. Even if AI ultimately raises productivity, adoption can involve transitional disruptions, 
retraining costs, and uncertainty about the durability and distribution of gains. These transitional 
costs can elevate perceived risk in the short run and raise required yields, particularly where 
investor attention to issuer specific information is limited. The positive association – and the 
statistically insignificant negative association – we observe is consistent with a temporal 
mismatch in which adjustment costs are front-loaded, while benefits materialise more slowly. 

Moreover, the composition of adoption may differ across institutional environments. Where 
labour market rigidities and skill mismatches are pronounced, firms may delay incremental, 
augmentation-oriented adoption until turnkey automation becomes cheaper and more 
standardised. That adoption path can tilt toward substitution of routine and semi-skilled tasks 
rather than gradual task reallocation, consistent with evidence on displacement margins in task-
based frameworks (Autor et al., 2003; Acemoglu and Restrepo, 2020). First, AI investments are 
partially irreversible, so uncertainty raises the option value of waiting. Once standards 
consolidate and vendors offer plug-and-play bundles, adoption can arrive as lumpy, capital 
embodied automation rather than a smooth augmentation process (Dixit and Pindyck, 1994). 
Second, weak managerial and training complements can make augmentation payoffs harder to 
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realise, shifting firms toward substitution-heavy configurations (Bloom et al., 2012). When local 
training capacity is thin and reallocation frictions are high, the creation of new human task niches 
can lag the automation shock (Goldin and Katz, 2008; Acemoglu and Restrepo, 2019). Third, 
jurisdictions with more rigid wage structures or collective bargaining coverage, and a higher 
share of routine employment, may be more exposed to a short-run substitution pathway even if 
longer-run productivity ultimately improves. These adjustment mechanisms may also affect how 
fast and whether local investments are capitalised into bond yields. In this sense, labour market 
frictions could also help explain why local AI intensity may not be associated with lower 
subnational borrowing costs in the international sample, and they reinforce the interpretation of 
the estimates as descriptive associations rather than causal effects.  

Nonetheless, we recognise our findings are preliminary and derived from a relatively small and 
heterogeneous sample. The unexpected positive association between AI job share and bond 
yields should be interpreted with caution. The sample covers five countries and 152 subnational 
observations, and the data coverage has its limitations. The Lightcast job postings data, while 
harmonised across countries, may not capture all AI-related activity uniformly – some regions 
or years might have underrepresentation in online postings, and smaller municipalities might 
have noisier measures of AI intensity. Our analysis assumes consistency in measurement 
across contexts, but any biases or errors in the job postings data could affect the results. 
Similarly, the bond yield data from LSEG may not account for all nuances (such as differences 
in bond tenors, collateral, or guarantee structures) that could vary by issuer. Given these 
caveats, one must be careful not to over-generalise the findings. It is a starting point for deeper 
investigation: a signal that in international contexts the link between technological innovation 
and fiscal outcomes is more complex than initially thought. Future research with larger 
samples, more granular data (e.g., credit ratings or policy changes), and refined identification 
will be needed to conclusively determine why AI investments did not translate into lower 
borrowing costs here as theory would predict. In the meantime, our results serve to highlight 
potential structural challenges and hypotheses in municipal finance and invite policymakers to 
probe whether the fiscal frameworks in their jurisdictions are truly geared to reward innovation 
at the local level.  

6.  Implications and next steps 
This paper documents a positive association between local AI job intensity and subnational 
bond yields across Belgium, Canada, Germany, Spain and Sweden. The pattern contrasts 
with U.S. evidence from Andreadis et al. (2025) linking AI diffusion to lower municipal 
borrowing costs and stronger local fiscal capacity. In our data, the most restrictive 
specifications yield imprecise estimates that are directionally closer to the U.S. finding, but the 
dominant pattern across specifications is a positive association. 

Taken together, the results suggest that the effects of AI diffusion on subnational public 
finance operate through at least two distinct channels. The first is a real-economic and labour-
market channel. Even if AI adoption ultimately raises productivity, it may entail transitional 
adjustment costs that are front-loaded in time, including retraining expenditures, labour 
reallocation frictions and temporary disruptions to local tax bases. Where adoption is delayed 
or uneven, firms may skip incremental, augmentation-oriented diffusion and instead adopt 
more substitution-heavy, capital-embodied automation. In such cases, the short-run fiscal 
effects of AI diffusion can be neutral or even negative, particularly in settings with rigid labour 
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markets or limited local training capacity. These dynamics imply that local AI intensity need 
not translate immediately into stronger subnational revenues or lower perceived fiscal risk. 

The second channel is a financial pricing channel, which governs whether and how local 
economic conditions are capitalised into borrowing costs. Thin and segmented subnational 
bond markets can limit price discovery and reduce the sensitivity of yields to local 
fundamentals. Credit pooling arrangements and implicit or explicit backstops can compress 
cross-issuer dispersion, weakening incentives for investors to differentiate pricing across 
jurisdictions. Intergovernmental transfer systems can further dilute the extent to which AI-
related growth translates into gains in subnational own-source revenue and balance-sheet 
strength. Together, these institutional features attenuate transmission from local productivity 
gains to lower borrowing costs, even when underlying economic conditions improve. 

From a policy perspective, these findings suggest that mobilising capital for digital – and 
specifically AI-related – infrastructure cannot rely solely on expectations of lower borrowing 
costs in AI-active jurisdictions. Where the objective is to ensure that technological dynamism 
supports subnational fiscal sustainability, complementary reforms may be needed. These 
include deepening secondary markets, improving the consistency and comparability of 
disclosure, strengthening the fiscal pass-through from local growth to subnational budget 
capacity, as well as investing in the managerial and workforce complements that allow 
AI adoption to translate into durable productivity gains rather than short-run disruption. 

Future work should refine measurement and attribution. Priorities include improving issuer-
geography concordances; constructing population and issuance-weighted measures of 
AI exposure; and incorporating explicit measures of market liquidity to separate fundamentals 
from microstructure. Outcomes should extend beyond secondary market yields to sovereign 
or swap-matched spreads, primary market pricing, ratings actions, issuance volumes and 
refunding activity. Finally, designs that exploit institutional heterogeneity could be informative. 
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Annex A. 

Figure A1. Distribution of bond yields (outside the United States)  

 
Sources: London Stock Exchange Group (LSEG) and Lightcast. The figure shows the kernel density distribution of bond yields 
across municipalities in a sub-sample of 152 observations in Belgium (9), Canada (43), Germany (32), Spain (32) and Sweden 
(36). The sample is winsorised at the bottom and top percentile and any observations with an AI share over 5% are dropped.  
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