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The artificial intelligence (AI) landscape of 2026 would 
have seemed implausible just a few years ago, 
with models that reason across complex problems, 
agents that autonomously execute multi-step 
workflows, and capabilities that are fundamentally 
redefining what is possible inside financial institutions. 
Driven by rapid advances in generative and agentic 
AI, the pace of change shows no sign of slowing.

AI has been a priority on the World Economic 
Forum’s financial services agenda for more than 
a decade, resulting in a large body of research. 
Over that time, the conversation has transformed, 
from the exploration of a technology in its nascent 
stages to an era defined by breakthroughs that 
are testing every institution’s ability to adapt and 
navigate change.

In 2024, recognizing that the latest wave of 
AI advancement demanded an intensive and 
structured response, the Forum and Accenture 
collaborated to launch a multi-phase AI in Financial 
Services initiative, bringing together a diverse set 
of stakeholders across the financial sector to share 
perspectives, successes and concerns as firms 
integrate this disruptive technology.

This report is the outcome of Phase II of the 
initiative, which has engaged over 150 senior 
leaders from more than 100 organizations. 
Building on the Forum’s 2025 white paper, 
Artificial Intelligence in Financial Services, which 
examined AI’s impact on firm-level strategy and 
the broader financial ecosystem, this report offers 
practical guidance for organizations at every 
stage of their AI journey. It is grounded in case 
studies that illustrate real-world applications with 
measured results, and is enriched by insights from 
roundtables held in Hong Kong, New York, London 
and Singapore, alongside interviews and desk 
research. This work also connects to the Forum’s 
cross-industry AI Transformation of Industries 
initiative, a group consisting of over 500 members 
catalysing the ethical and sustainable use of AI for 
the benefit of all.

We hope this report provides confidence and 
clarity as AI continues to evolve at a remarkable 
speed, and that the insights within, garnered 
through trusted dialogue among peers across 
regions, contribute to a financial sector that 
embraces AI’s full potential while managing its 
risks responsibly.
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Executive summary

Artificial intelligence (AI) represents a structural 
disruption, and its impact on financial services 
goes far beyond efficiency gains. It is reshaping 
how work is organized, how decisions are made, 
how value is created and how institutions compete 
and collaborate.

As the industry moves from experimentation to 
scaled deployment, the central challenge for 
organizations is fully integrating AI quickly and 
securely. The decisions involved, from data 
management to governance structures, are 
numerous and varied. This report aims to help 
financial services firms across all geographies and 
sectors work through the complexity.

The report’s key findings are as follows:

AI must be a strategic leadership issue. 
The priority has shifted from running pilots to 
embedding AI across the enterprise, quickly, 
responsibly and in ways that deliver lasting 
value. Leaders must define where to focus, 
what to automate and where human judgement 
remains essential, and how to weave AI into 
day-to-day operations to deliver better outcomes 
for customers.

Differentiation will increasingly come from 
customer relationships amplified by AI. With 
analytical and generative capabilities now widely 
accessible, organizations that use AI to intentionally 
strengthen customer relationships will be better 
positioned to deliver superior experiences, deepen 
retention and drive growth. Central to this is 
ensuring customers trust how the technology 
is being used.

The biggest benefits will come from redesigning 
holistically. While piecemeal deployment can 
bring some local benefits, firms will capture more 
value when they rethink workflows, organization 
design and technology architecture together, rather 
than layering AI onto fragmented legacy structures 
or processes.

A scalable enterprise intelligence platform 
is essential. Institutions need a unified layer 
that coordinates data, models, decisions 
and automation, underpinned by robust data 
management, identity controls, auditability and 
resilience. Without this intelligent platform, AI cannot 
be deployed consistently, securely or at scale.

People must remain firmly in the lead. Successful 
AI adoption depends on people embracing and 
driving the transformation. This will take the form of a 
hybrid workforce, where people and AI agents work 
together supported by evolving roles, skills-based 
architecture and continuous capability development. 
Human judgement and accountability remain 
essential to both safe adoption and lasting value.

Risk management and responsible AI need to be 
embedded at every layer. Institutions must define risk 
appetite early, validate models rigorously and ensure AI 
actions remain explainable, traceable and controllable. 
This means deepening model-risk disciplines and 
incorporating jurisdiction-specific compliance 
requirements into existing enterprise risk frameworks.

A two-speed implementation model sustains 
momentum. Institutions are increasingly pursuing two 
speeds simultaneously, using AI to deliver near-term 
gains in productivity, experience and decision quality, 
while building the enterprise foundations required 
for long-term transformation. That balance between 
practical delivery and structural reinvention is what will 
separate experimentation from scaled impact.

Although there is no single path to success and 
requirements will inevitably evolve, organizations 
that proactively define strategy, align leadership and 
build adaptive foundations will be well equipped to 
capture the opportunities AI presents.

Equally, as AI continues to reshape the financial 
system, greater collaboration across firms, policy-
makers and regulators will be essential to managing 
shared risks and unlocking opportunities that no 
single institution can capture alone.

As artificial intelligence reshapes financial 
services at an intense pace, institutions 
must move with both urgency and discipline.
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Introduction

Artificial intelligence (AI) has taken centre stage in 
financial services discussions, as the technology 
touches every corner of the industry from banking 
and capital markets to insurance, asset management 
and payments. Reshaping the ecosystem across 
multiple dimensions simultaneously, AI is driving 
productivity improvements, redefining how firms 
manage risk and earn trust, opening the door to 
the reinvention of business models and prompting 
regulators to act.

Customer sentiment continues to evolve as well, 
with advances in AI elevating people’s expectations 
of what their experiences could and should be. 
These trends are visible throughout the sector and 
in adjacent industries, such as retail and health. 
Figure 1 shows the relative rate of AI adoption 
compared to other technologies. 

As AI integration in financial services 
intensifies, experiences from early adopters 
are beginning to offer meaningful lessons.

Adoption rates across technologiesF I G U R E  1

AI adoption is outpacing previous technology waves
Adoption of AI, internet, PC and cellphone
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To date, AI has been shifting faster than many 
organizations have yet been comfortably able 
to absorb, deploy and govern it. For example, 
advances in reasoning capability and contextual 
understanding (commonly called “extended 
context”), along with the technology’s ability to 

learn from users, are driving exponential increases 
in AI agents’ capabilities. Yet just one-third of 
respondents in a recent global survey of 1,320 
C-suite executives and 4,560 employees across 20 
industries and 12 markets said their talent strategy 
is fully aligned with their technology and AI strategy.1
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The financial sector faces a range of possible 
futures, with expectations of significant 
opportunities on one side and significant concerns 
about risk, trust and disruption on the other.

In response, financial services companies have 
intensified their focus on AI integration. They are 
honing their plans and prioritizing technology 
investments in generative AI (genAI), agentic 
AI and their underlying enablers, building on 
prior investments in traditional AI and digital 
transformation. After a period of experimentation, 
they are now beginning to expand the 
possibilities of what can be achieved by using a 
wider set of data products and more advanced 
AI models.

As they do, however, they face familiar 
constraints including fragmented data, outdated 
technologies and systems, and unclear regulatory 
requirements, coupled with uncertainty about how 
to capture sustainable value and advantage in 
uncharted territory. 

To help firms navigate these challenges, this 
report provides a structured view of how AI is 
reshaping financial services, examining the current 
landscape, industry adoption trends and the evolving 
regulatory environment, while exploring how leading 
organizations are investing in and operationalizing 
AI across strategy, business models and value 
measurement. It also outlines the foundational 
capabilities required to scale AI responsibly, including 
data, talent, governance and risk management.

The result is a practical playbook, grounded in 
real case studies and emerging success stories, 
designed to help financial services organizations 
translate AI’s potential into measurable, sustainable 
value. This report is equally intended as a resource 
for policy-makers and regulators as they work 
to keep pace with technological change and 
safeguard the stability of the financial system.

The decisions made now about where to act, how 
to build and how to govern will define the industry 
for years to come.
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The landscape today1

Recent AI advancements, combined with 
an abundance of data and language tasks 
across financial services, point to further 
industry transformation.
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Private and public sector leaders navigating the AI landscape in financial services need a 
clear baseline, one that captures the current state of the technology, as well as its trajectory 
and the practices organizations are adopting today. What follows establishes this foundation.

1.1	� Context and industry outlook

Context

While financial services companies have used 
AI extensively for decades, only recently has the 
technology crossed a critical technical threshold, 
becoming context-aware within non-sequential 
architectures. AI systems can now respond in 
natural language and maintain coherence across 
an entire interaction rather than performing isolated, 
linear steps. That is, the technology now possesses 
human-like reasoning abilities, allowing it to operate 
with far less reliance on people than before, and it 
continues to advance rapidly, both functionally and in 
real-world applications. The impact is far-reaching, as:

	– Natural language is becoming a practical 
interface for work and services, extending 
access to advanced capabilities beyond a 
specialist team. More people can create what 
was previously out of reach more quickly. 

	– The marginal cost of creation is falling sharply, 
trending towards zero for many forms of content 
and analysis, enabling more rapid experimentation, 
scaling and innovation and getting new things 
done faster with less input cost.

	– Agentic systems can also execute tasks 
end‑to‑end, pushing down the marginal cost 
of executing tasks beyond creation and 
freeing people to do higher‑value work and 
accelerating business processes.

AI, therefore, decouples headcount from 
organizational capacity beyond what was previously 
possible with traditional AI and automation, unlocking 
what is generally accepted as the next major industry 
innovation and productivity shift. It is poised to disrupt 
financial services significantly, due to the industry’s 
vast amounts of data, high concentration of language 
tasks and large volume of manual processes.

Industry outlook

The industry is beginning to fundamentally redefine 
what it means to deliver financial services. 

Internally, advancing AI technologies are both 
enabling and compelling executives to reinvent their 
organizations end-to-end (strategy, people, process, 
technology). AI could ultimately allow financial 
services companies to operate as AI‑orchestrated, 

event-driven platforms. The back office may 
become fully automated, operating around the clock 
with minimal to no human intervention. The middle 
office would also be able to run continuously, with 
real-time risk and pricing enabled by AI.

On front office operations, organizations will be 
increasingly proactive, anticipating customer needs 
and acting autonomously with customer consent 
guidelines. However, they are also balancing the 
tension between what is technically possible and 
what customers feel comfortable with. Moving too 
quickly risks eroding customer trust and damaging 
the brand, but moving too slowly risks being left 
behind by more agile competitors.

For example, the technology can now create 
highly personalized experiences with contextual 
conversations, anytime-anywhere services at 
scale, essentially creating individual customer 
propositions (a market of one). In this vision of 
the future, customers will be able to experience 
financial services as a trusted, always-on capability 
embedded into their everyday lives and acting 
on their behalf. An agent (or an agentic system) 
anticipates their needs, evaluates options in context, 
executes actions proactively (with consent) and 
clearly explains outcomes. Customers won’t need 
to navigate apps, fill in forms or handle fragmented 
decisions. Instead, they will interact with their financial 
services providers through digital assistants, AI-
assisted operations centres or relationship managers. 

Future digital assistants may not even be owned 
by the financial service provider, raising questions 
this report will explore in later sections, about what 
entity owns the relationship and how that affects 
customer-institution dynamics, and trust and 
responsibility concerns.

As an indicator of consumers’ appetite for AI 
solutions, 71% of banking consumers globally say 
they would welcome an AI assistant in their primary 
bank’s mobile app. However, 82% want to approve 
an agent’s actions before they are executed.2

Societal, regulatory and 
prudential obligations

The rapid adoption of AI is already attracting 
heightened societal, regulatory and prudential 
scrutiny, introducing greater caution into how 
institutions direct and govern their AI initiatives.3 

71%
of banking consumers 
globally say they would 
welcome an AI assistant 
in their primary bank’s 
mobile app.
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For example, AI regulations may limit 
experimentation or force a change in direction, 
even as the technology evolves and organizations 
learn new ways to tap its potential. Hyperscalers, 
the large cloud service providers used by many 
companies to deploy advanced AI models or the 
data products they rely on, add another layer of 
complexity to the compliance landscape. 

On the regulatory front, recent changes in the 
US include Executive Order 14365, Ensuring a 
National Policy Framework for Artificial Intelligence; 
the Financial Services AI Risk Management 
Framework published by the US Treasury; and A 
National Policy Framework for Artificial Intelligence. 
These are setting national-level expectations for 
AI governance, model risk and accountability 
while explicitly avoiding prescriptive constraints 
on deployment.4,5,6

In the UK, the Financial Conduct Authority’s 
(FCA) AI Update and the launch of AI live testing 
formalize a principles‑based supervisory approach, 
embedding AI oversight into existing frameworks 
such as the Consumer Duty regime and the Senior 
Managers and Certification Regime (SM&CR) rather 
than introducing standalone AI regulations.7

In Europe, the EU Artificial Intelligence Act, 
Regulation EU 2024/1689, introduces binding, 
risk‑based obligations across financial services, 
with phased requirements from 2025 that 
materially raise expectations for governance, 
transparency, human oversight and supervisory 

accountability, particularly for high‑risk use cases 
such as credit, pricing and market activity.8

Across the Asia-Pacific region, regulators have long 
been converging on sector‑specific AI governance 
frameworks, including the Monetary Authority of 
Singapore’s Principles to Promote Fairness, Ethics, 
Accountability and Transparency (FEAT), their recently 
published Artificial Intelligence (AI) Risk Management 
Toolkit, and the Hong Kong Monetary Authority’s 
High-level Principles on Artificial Intelligence, 
signalling greater supervisory attention as AI moves 
from experimentation into core financial services 
operations.9,10,11 As another example, in Indonesia, the 
Financial Services Authority has issued AI governance 
guidance for banking,12 while a presidential decree13 
on the responsible use of AI is being prepared to 
provide overarching cross-sectoral guidance.

Investments

To date, most financial services companies have 
prioritized “no regret” AI investments. They are 
experimenting with internal process improvements, 
responsible AI governance aligned with existing 
structures, and the use of copilots and basic AI 
training. As experience with AI use cases and 
deployment grows, however, some are moving 
beyond isolated pilots, knitting together AI initiatives 
throughout and across functions and increasing 
AI’s presence in the front of the house. Figure 2 
illustrates this progression. 

 Most financial 
services 
companies are 
experimenting with 
internal process 
improvements, 
responsible AI 
governance aligned 
with existing 
structures, and the 
use of copilots and 
basic AI training.

Financial sector AI progression (illustrative)F I G U R E  2

Time

Key questions Focus

Where do we start?

What sort of platform do we need?
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 Piloting

Simple processes/back office and  
software development life cycle (SDLC)

Core team/centre of excellence (COE)

Tech and data foundations

Cost reduction

 Scaling

How do we accelerate?

How will our workforce change?

How do we lead the change?

How do we manage the risks at scale?

How do we avoid vendor lock-in?

End to end complex processes

AI-enabled customer experience

Democratization of AI

Intelligent digital brain
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How will customers interact with us?
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What products will we need?

How do we change without crashing 
the bus?
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Business/distribution strategy
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Operating model

Human and machine workforce strategy

Compounding advantage

Execution pivot

 Disrupting (and being disrupted)

Source: Accenture
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1.2	� AI spending trends and prioritization

 IDC research 
finds that the 
global AI market 
is projected to rise 
to more than $631 
billion by 2028.

Global AI spend estimates must be treated with 
caution as figures vary considerably across analysts 
and methodologies and do not yet provide a 
comprehensive or consistent view across the 
emerging AI market in financial services. However, 
International Data Corporation (IDC) research finds 
that the global AI market is projected to rise to 
more than $631 billion by 2028, with the software 
and information services, banking and retail 
industries leading in spending. The IDC also notes 
that genAI accounts for more than 19% of the total 
investment across these industries.14 Stanford 
University’s 2026 Artificial Intelligence Index Report 
reported that global corporate AI investment more 
than doubled in 2025.15

Recent research by NVIDIA, which surveyed financial 
services AI practitioners and executives, also indicates 
that financial services companies are increasing their 
AI spending in 2026. Most (83%) suggested spending 
would increase, and 44% suggested it would increase 
by more than 10%. The top three priorities for doing 
so were optimizing existing AI capabilities, exploring 
additional AI use cases, and building and providing 
access to AI infrastructure.16 

Technology and service providers to the financial 
services industry observe that organizations are 
increasingly looking for localized ways to improve 
efficiency, with the goal of freeing up funds to 
invest in enterprise-wide AI foundations and pursue 
a more clearly integrated path to creating value 
with AI.17 They are seeing investment in scalable 
platforms, model management and enhanced 
compliance capabilities, as well as investment in AI 
across more complex mega-processes and value 
chains. Key call-outs on investment priorities are:

1   �Responsible AI guardrails and capabilities, 
as organizations move to integrate ethical AI 
oversight into their governance frameworks 
and cadences, rather than running it alongside. 
In particular, they are increasingly using AI to 
support compliance mandates – for example, 
by deploying genAI agents to document AI 
decisions and produce audit‑grade records. 
They are also using agentic supervisors to 
monitor other AI systems, validate policy 
compliance and trigger alerts when outputs 
reach guardrails.

2   �Foundational data and technical capabilities 
to support AI systems in production. 
Financial services companies are prioritizing 
enterprise‑grade data platforms, investing 
in modern data architectures that support 
real‑time ingestion, large‑scale unstructured 
data and governed access for AI models and 
agents. They are building AI platforms and 
coordination frameworks that manage model 
execution, agent routing, logging and life cycle 
controls, recognizing that scaling AI requires 
control planes and operating models beyond 
individual models or tools.

3   �Building AI skills and strengthening 
leadership and culture to drive effective AI 
adoption. There is a surge in activity focused 
on enterprise-wide AI literacy and targeted 
upskilling, as leaders increasingly realize the 
importance of educating their employees 
to work confidently with and alongside AI 
agents and genAI. Only a portion of the 
workforce needs deep technical AI expertise 
to effectively use AI. 

The AI Playbook for Financial Services 10
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               In terms of overall use, data analytics was the top area that financial services institutions are using or assessing, according to 68% of               
               respondents. Generative AI was second at 61%, followed by agentic AI and predictive analytics, each at 42%. Data processing, such 
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For business areas, the shift to front-office-facing AI 
is evident in NVIDIA’s research, which suggests that 
most organizations deploy AI use cases in customer 
experience and engagement.18 Advanced tools, 
promising greatly enhanced experiences, will offer 
proactive advice, a frictionless experience and the 
ability to execute processes on a customer’s behalf.

As Figure 3 shows, while financial services companies 
prioritized data analytics for use and assessment in 

2025, genAI ranked second. Figure 4 highlights the 
three top AI focus areas by industry segment.

With capabilities, customer expectations and 
regulatory responses evolving, the landscape is 
ripe for further disruption. As new business models 
emerge, the value of AI as a driver of efficiency and 
incremental quality enhancements lessens as well. 
These qualities will become table stakes as disruption 
rewards bold moves into unfamiliar territory.

Top five AI focus areas for financial services institutionsF I G U R E  3

Source: NVIDIA. (2026). State of AI in Financial Services: 2026 Trends. 
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Investment and maturity 
of the industry

2

Capturing the full value of AI requires strategic 
clarity, disciplined measurement and sound 
judgement about what to scale and when. 
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2.1	� Business-driven adoption models

2.2	� Aligning AI to strategy

Successfully moving to scale with AI requires 
challenging some long-held foundational assumptions 
and embracing new business model concepts. 

Consider, for example, what happens as agents 
begin to sweep deposits across providers, moving 
money from one account to another to optimize 

customers’ finances. Firms will no longer be able 
to count on deposits as a primary relationship 
driver. The agents that manage customers’ finances 
proactively become their digital stewards and, by 
proxy, their trusted intermediaries; they hold the 
intimate customer knowledge, the context and, 
increasingly, the relevant history. 

Industry, business and government leaders, 
aware of the rising challenges, are elevating AI 
integration to the C-suite and board level. This 
shift is playing out in the actions of some early 
movers, where CEOs (chief executive officers) 
are working in concert with talent and technology 
leaders to reimagine how their business strategy 
can be transformed using AI. These leaders 
invest the time to understand its possibilities and 

then set the tone for the whole organization on 
how to adopt it.

For example, JPMorgan Chase is recasting AI from 
a toolbox into the bank’s operating system, with 
strong leadership support. Chairman and CEO 
Jamie Dimon responded to sceptics at the Forum’s 
2026 Annual Meeting in Davos by highlighting the 
importance of business leaders taking charge.

It is what it is. And you can hope for the world you want, but … you’re going to get the 
world you got, and your competitors are going to use it … and if you put your head in 
the sand, you will lose.

Jamie Dimon, Chairman and Chief Executive Officer, JPMorgan Chase19

Leaders need to consider a number of strategic 
drivers and trade-offs, including: 

1.	 When to own the primary customer 
relationship. Firms need to decide whether to 
own the primary customer relationship directly 
or operate through another platform or interface, 
and when in-person interactions still add value. 
For non-retail finance organizations in particular, 
an individual delivering AI-augmented advice 
may offer more value to customers than any 
other sort of interaction.

2.	 How to build trust. Customers will learn to trust 
their agent (representing an agentic system) 
increasingly over time, as the agent uses its 
compounding knowledge to optimize outcomes. 
This could work for or against a firm, depending 
on whose agent the customer chooses to use 
and how frequently an external agent selects a 
single firm’s offerings. Meanwhile, a corporate 
and investment banking player might extend 
services to a mid-market client base using 
a trusted digital investment advisory model. 
Financial technology (fintech) organizations 
may specialize in cross-industry ecosystem 
aggregation centred on the needs of a group 
of target customers, such as the newly retired, 
creating a digital concierge proposition that 

optimizes those individuals’ end-to-end financial 
and related non-financial goals. StockGro offers 
an example, detailed in case study 1, of how 
starting with solving an industry-wide customer 
problem can build trust.20 

3.	 How to ensure visibility. The number of agents 
and bots surpassed the number of people on 
the internet for the first time in 2024, accounting 
for 51% of total web traffic.21 Machine-driven 
traffic is still mostly one-sided and, all too often, 
driven by malicious intent rather than legitimate 
business use. However, it demonstrates how 
strategy must account for the terms by which 
an organization’s services are discoverable, 
comparable and routable by other agents. There 
is a real risk that financial services companies 
will lose control of demand and margins.

4.	 What to sell. This includes, for example, where 
to seek opportunities and how to both bundle 
and set boundaries for new offerings. This could 
mean casting products as living services or 
deciding to provide value across a customer’s life 
event, such as buying a car or moving to a new 
location. AI enables bundling and orchestration 
across ecosystems, shifting value from discrete 
products to outcomes; this changes proposition 
design, operating model, partners and metrics.

The AI Playbook for Financial Services 13



5.	 Where to seek growth. Organizations may 
use AI to access adjacent ecosystems and 
new markets, as the International Bank of 
Azerbaijan (ABB) demonstrates in case study 2; 
the bank has used AI to scale financial inclusion. 
Complementing these efforts, ABB is also 
harnessing conversational AI to simplify banking. 
Organizations are identifying and creating 
new value pools that were previously beyond 
imagination or simply unfeasible to pursue. 

6.	 How to monetize new AI-enabled services. 
Pricing will need to evolve to align with models 
that capture continuous outcomes, automation 
value and variable usage (e.g. more subscription 

or use-type fee schedules). For example, AI can 
update research and investment portfolio advice 
much faster than people can manually. Once 
matured and used by internal corporate bankers, 
this capability could be used by their clients’ 
corporate treasury functions to optimize their 
capital management. The question is whether 
that move would serve as a brand differentiator 
(no fee) or as a new service element that attracts 
a fee. As another example, as agents and AI 
solutions become more valuable to customers 
over time (gaining insight into customers’ 
preferences and behaviours as they gather data), 
how should organizations price their products to 
reflect this value compounding for customers?

C A S E  S T U D Y  1

StockGro Stoxo: using multi‑agent AI to scale trust, clarity and conviction 
in retail investing

Retail investing in India suffers from a fundamental trust 
and access problem. Despite a population of 1.4 billion 
and over 470 million millennials with earning power, only 
around 45 million individuals actively invest in equities. Most 
retail investors rely on social media narratives, unverified 
“experts” or fragmented news, leading to guesswork rather 
than conviction. High‑quality investment research remains 
expensive, complex and inaccessible to the mass market.

StockGro pivoted from a content‑led investing platform 
to a research‑first, AI‑native model, embedding 
multi‑agent AI directly into the investment decision 
journey. Drawing on its large, engaged user base and 
proprietary data, StockGro built Stoxo, an AI research 
platform where specialized AI agents work together 
to analyse markets, validate relevance and translate 
complex signals into clear, actionable intelligence. 
Key attributes of the solution include:

	– A proprietary small language model (SLM) built in‑house, 
powered by over 80 AI agents trained on inference, 
relevance and contextuality

	– Training on proprietary conversational and behavioural 
data from 35 million users over five years, combined with 
expert trade calls and real‑time market analytics

	– Aggregation of community intelligence, expert insights 
and live market data that converts headlines into 
trade‑ready guidance

	– A radical degree of accessibility, pricing institutional‑grade 
research 98% below traditional industry pricing

The solution, deployed at scale, delivers clear benefits including:

	– A total of 2 million users onboarded within six months, 
serving over 25 million research queries per month

	– Compression of more than four hours of manual research 
into under 10 seconds with high accuracy

	– An 85% improvement in decision accuracy by reducing 
reliance on stale or unverified advice

	– A total of 64% of users taking a subsequent trade 
action after receiving Stoxo insights, up from 43% with 
standard alerts

By redesigning investment research around multi‑agent AI 
and proprietary data, StockGro has transformed AI from a 
generic assistant into a trusted, always‑on research analyst 
for millions of retail investors.
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2.3	� Measuring AI value

 In addition 
to measuring 
outcomes, 
measuring inputs 
can be an important 
way to assess 
whether AI and AI 
agents are working 
effectively and serve 
as a stepping stone 
towards achieving 
business value.

C A S E  S T U D Y  2

The International Bank of Azerbaijan: using AI to scale financial inclusion

The ABB took an ethical approach to solve a problem for 
micro-business owners and entrepreneurs who struggled to 
secure finance due to their imperfect credit history and relatively 
high cost for banks manually underwriting micro loans.

Enabling responsible digital lending to largely non-banked 
customers requires automated, data-driven risk assessment 
capable of evaluating thin-file and first-time borrowers 
in real time.

A new segment for ABB, the bank built a machine learning 
(ML) application scorecard and embedded it directly into 
its digital lending platform to fully automate decisioning. 
The model enables real-time approval, limit assignment, 
and risk-based pricing with instant digital disbursement. 
Key components of the solution developed include:

	– An ML-based application scorecard that uses internal 
transaction, credit bureau and other external data

	– Cross-bank turnover data via automated PDF 
statement parsing

	– Integrated real-time decisioning into the digital 
lending platform

	– Automated approve/reject logic, limit allocation  
and risk-based pricing

	– 100% end-to-end digital disbursement with zero 
manual intervention

As a result, the bank provided a valuable solution to customers 
that were previously precluded, which also provided a new 
segment of significant growth for the bank. The straight-through, 
standardized, data-driven risk model provided a workable, 
reliable solution for first-time borrowers that was scalable.

The solution generated a profitable revenue stream, with an 
average portfolio yield of 21% and non-performing loan (NPL) 
ratio under 4%.

In the future, the bank is looking to expand into other 
micro lending customer groups using data-driven learning 
to responsibly scale financial inclusion.

Not all AI initiatives deliver value, and the debate over 
AI’s value will continue as applied capabilities mature. 
Early experiments, both failures and successes, are 
learning grounds, not rigid pass-or-fail tests. As such, 
a value-led approach to determining the return on 
investment (ROI) is essential. It may be that a pilot that 
was initially deemed a failure was badly defined, data 
products were skewed or the initiative was early in the 
adoption curve, where outputs lag but will compound. 
In addition to measuring outcomes, measuring inputs 
can be an important way to assess whether AI and AI 
agents are working effectively and serve as a stepping 
stone towards achieving business value.

Internally and across the industry, leaders are 
engaged in a robust, ongoing conversation about 
how to measure AI value. Several factors should be 
considered here, such as: 

	– Economic value: How much value does 
AI create, and what does it cost to run the 
technology at scale? Beyond cost reduction, 
leaders need to consider capital efficiency 
and revenue to keep AI tied to profit and loss 
(P&L). Example key performance indicators 
(KPIs) include AI-attributed revenue uplift; 
cost-to-serve reduction net of run costs; 
and capital efficiency impact, such as risk-
weighted assets (RWA) intensity or economic 
capital per dollar of revenue.

	– Decision effectiveness: Is AI improving 
judgement as well as speed? This measure might 

include the rate at which humans override AI-
supported decisions, the decision-loss rate when 
genAI is used compared to the baseline process 
or the degree to which AI-supported decisions 
diverge from established policies and standards.

	– Adoption and behavioural change: Is the 
organization improving its operations as a result 
of AI integration? This measure might require 
evidence that workflows have changed enough 
for AI to operate alongside people, with humans 
providing oversight and handling exceptions. It 
might look for instances of people avoiding AI 
and, if so, why. Behavioural change could be 
evidenced by the share of cases completed using 
AI or the human intervention rate required to reach 
an acceptable outcome; the percentage of cases 
completed end-to-end with AI in the workflow; 
and active use of AI by role, coupled with those 
individuals’ assessments of the tool’s support.

	– Risk, control and sustainability: What will it 
take to sustain AI over its life cycle at scale? To 
ensure that value is durable, an organization 
might measure the cost of control per model 
over time; the frequency of remediation events 
and the firm’s ability to pause, roll back or 
retrain without business disruption; the model 
incident rate (weighted for severity) and the time 
to remediate incidents; and the control cost 
per model per month (including monitoring, 
validation and audits).
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2.4	� Pilots versus scaled programmes

To integrate AI at scale effectively, companies 
are creating enterprise-wide foundations and 
reusable, sustainable capabilities. Early movers are 
conducting efforts to:

	– Create shared intelligence through central 
AI platforms, developing the organization’s 
enterprise AI platform. Doing so ensures access 
to shared models, orchestration and guardrails; 
persistent context, memory and feedback 
loops; and channel-agnostic decisioning that 
supports core goals and values.

	– Industrialize delivery with high-throughput 
and repeatable pipelines. Doing so standardizes 
build (reducing the need for bespoke builds) 
and deploys and monitors AI life cycles. The 
organizations doing this are prioritizing use 
cases with clear service level agreements (SLAs).

	– Turn data into a compoundable asset by 
restructuring it into owned, reusable products 

that feed the enterprise AI platform. Doing 
this requires domain-based data ownership 
(customer, risk, transactions); continuous 
feedback loops from live interactions to 
improve data, real-time data accessibility 
and quality controls. Building the right 
data infrastructure is one of the greatest 
challenges identified by those who move 
to scaled solutions.

	– Ensure people remain at the helm by 
redesigning roles and the workflows so that 
humans supervise AI systems as needed 
and handle exceptions. Clear accountability 
is also needed for AI-driven decisions, along 
with a commitment to providing people with 
increasingly personalized support to develop 
skills and advance their careers.

A recent collaboration between Allianz Partners and 
Taktile demonstrates how organizations are creating 
AI advantage at scale.

C A S E  S T U D Y  3

Allianz Partners and Taktile: using agentic AI to scale accuracy, trust and 
efficiency in global health claims

Processing health insurance claims on a global scale is 
inherently complex. Thousands of claims arrive daily in 
different languages, formats and levels of detail, each 
requiring a careful interpretation of medical invoices, coverage 
rules and eligibility criteria. This complexity creates friction for 
customers and significant operational cost for insurers. Allianz 
Partners identified health claims as a high‑impact opportunity 
for AI, given that they are high in volume and variability, and 
require intense manual effort.

Allianz Partners pivoted from a predominantly manual 
approach to a human‑in‑the‑loop (HITL), agentic AI model, 
partnering with Taktile to redesign the end‑to‑end claims 
workflow. Instead of treating automation as a single model, 
the team deployed multiple specialized AI agents, each 
responsible for a discrete step in the claims journey, with 
people overseeing exceptions and edge cases. Key attributes 
of the solution include:

	– Sequential AI agents covering document classification, 
structured data extraction, treatment mapping and 
claim assessment

	– Modular agent design, allowing capabilities to be reused 
and extended across products and geographies without 
rebuilding workflows

	– HITL governance, ensuring full traceability, 
auditability and compliance through clear escalation 
and validation mechanisms

	– Delivery on Taktile’s decisioning platform, enabling 
collaboration between subject matter experts and 
technology teams

The solution, deployed at scale, delivers clear 
benefits, including:

	– Cutting claims processing time from days to minutes, 
improving customer experience

	– Reducing manual effort for insurance members and 
claims adjudicators by automating information extraction 
from documents and invoices 

	– Over 1.5 times better fraud and false payout detection 
through consistent application of advanced decision logic

By redesigning claims processing around agentic AI with 
strong human oversight, Allianz Partners has established a 
scalable foundation for AI‑driven operations. The solution 
supports growth while preserving trust, transparency and 
regulatory confidence.
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Successful AI starts 
with a strong foundation

3

Scaling AI sustainably requires deliberate 
focus across enterprise platforms, workforce 
capability, risk management and governance.
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3.1	� The foundation and platform architecture

Components and architecture of an enterprise-wide intelligence platformF I G U R E  5

External intelligence 
–  Generic LLMs
–  General purpose with    
    intelligent baseline
–  Trained on public data 
    with the capacity to learn

General
intelligence

I N P U T

FS company 
proprietary intelligence 
–  Process, data, workflows,   
    metrics, relationships
–  Expert knowledge
–  Policy, regulation,          
    compliance

Ecosystem intelligence 
–  Industry and 
    functional context
–  Enterprise-ready, domain    
    and data capabilities
–  Models and agentic       
    capabilities tuned 
    for industry

–  Trusted knowledge
    (accurate + relevant)
–  Decision-ready (decision/   
    choice framed for a human
–  Action-executed (agent     
    carries out the task)

Specialized
intelligence

O U T P U T

–  Unlocks hidden 
    institutional knowledge 
–  Makes expertise 
    widely accessible
–  Continuously adapts and    
    improves knowledge
    and capabilities
–  Unlocks productivity,
    automates tasks, 
    boosts efficiency 

Enterprise AI platform

AI control/ 
responsible AI
Establishes enterprise 
AI governance and 
embeds guardrails, 
explainability and 
auditability

Maintains/oversees 
AI controls and 
adherence, e.g. 
model/agent 
certification, registries, 
transparency/
audit logging

Provide the point of 
human intervention

AI operations
Continuous 
operations layer that 
executes control, 
trust, and continuous 
improvement to AI.

Comprises AI specific 
control monitoring 
and traditional 
cybersecurity 
services honed to AI, 
e.g. telemetry 
integration, SIEM 
integration, AI 
observability controls,
AI DevOps.

AI orchestration
Coordinated autonomous industry agents that 
execute tasks, collaborate and orchestrate 
across systems, including multi-agent workflow 

AI model/reasoning hub
Cognition centre for reasoning/decision 
support. Customized from pre-trained LLMs, 
AI/agents improve through adaptive learning, 
capture tacit knowledge by observing patterns, 
behaviours and context.

Knowledge composition/ontologies
Semantic layer that turns enterprise data into 
business-understandable concepts and 
relationships for both human users and AI agents

Data foundation
Unifies structured and unstructured enterprise 
data using a data-as-a-product approach, 
enabling secure, seamless sharing through 
connectors, APIs, model context protocol 
and zero-copy integration

Enabling compute infrastructure
Traditional infra that supports AI layers 
operability, e.g. container management, 
network management, identity and access 
management, storage management

Multi-modal Reasoning Orchestrating Self-learningAutonomous

Source: Accenture synthesis of AI platform desk research (MS 2024, AWS 2025, Google Cloud, MAS, FSB), client experience and SME interviews.

Many firms experience a lag between investing in AI 
and generating scaled results or returns. Common 
reasons for this are:

	– A lack of data and technical readiness

	– Insufficient agility to exploit, adopt and adapt to 
the technical possibilities of AI

	– Concerns about data security, model output 
and third-party risk

	– Underprepared AI governance, risk 
management and compliance across  
all levels

Financial services organizations are investing in 
four foundational areas to address the challenges 
of scaling AI. While each organization’s path differs 

based on its strategic priorities, these areas are 
consistently critical across the industry: 

	– Building resilient, scalable and adaptive AI 
platforms underpinned by secure, reliable and 
available data

	– Upskilling and empowering the workforce to 
drive adoption and continuous improvement 
that reinvents work tasks rather than automating 
what happens today

	– Integrating AI-specific risk management 
capabilities into the enterprise risk 
management spine

	– Moving beyond broad principles to embed 
responsible AI firmly into appropriate 
governance structures

After early experimentation with proofs of concept 
(POCs), most financial services firms seek to 
scale AI through an integrated, enterprise-wide 
intelligence platform. This platform emulates key 
aspects of human cognition; it can perceive, 
reason, act and learn across multiple modalities in 

dynamic environments. Crucially, it does this in a 
secure, scalable and cost-effective way.

Such platforms typically share a common 
architecture and include common elements, as 
shown in Figure 5.
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3.2	 Skills, hiring and culture change

Hybrid workforce

Skills-based design 
and architecture

Work and
role redesign

Employee value
proposition

Hybrid workforce 
collaboration

A new breed 
of leaders

Learning pathways for 
human and digital workers

Dynamic evolution of 
work plane built in

Culture of innovation 
and responsible agility

Building blocks of a hybrid workforceF I G U R E  6

Source: Accenture.

 Data products 
ensure consistent 
discovery and 
consumption, 
which allows 
agentic systems to 
reason and act with 
greater accuracy.

Any such platform is only as good as the data 
that underpins it. The intelligence platform can 
consolidate structured and unstructured enterprise/
ecosystem data and enables secure sharing via 
connectors, application programming interfaces 
(APIs), Model Context Protocol (MCP) and zero-
copy integration.

To prepare data for AI and human consumption, 
the platform needs to structure data into products: 
reusable, business-ready datasets that are 
packaged and managed with a defined purpose, 
ownership and life cycle. Data products ensure 
consistent discovery and consumption, which 
allows agentic systems to reason and act with 
greater accuracy. In turn, organizations provide 
semantic frameworks, such as business concepts, 
relationships and context, so that systems can 
interpret data correctly.

Buy, grow, partner

Most firms are using a mix of build, buy and partner to 
scale AI. Hyperscalers, other cloud data vendors and 
model providers bring powerful capabilities that evolve 
rapidly. This is evident in a recent global survey which 
revealed that 63% of financial services firms and 
65% of regulators use external foundation models for 
internal workflows.22 Many of these organizations also 
customize or develop some AI systems in-house. 

The challenge for leaders is deciding which parts of 
the architecture to build in-house and which to buy or 
partner for. The goal is to retain intellectual property 
(IP) and agility while avoiding over-dependence on 
any single external provider through long contracts or 
proprietary systems. Additionally, in some markets, 
sovereignty considerations are becoming a key factor 
for governments, regulators and financial institutions 
in their build-versus-buy-versus-partner decisions. 

Companies throughout the sector are also enhancing 
human and organizational foundations they need 
to scale AI effectively. This matters because genAI 
and agentic AI will likely affect a larger share of 
tasks than in many other industries. Much financial 
services work is language-based and depends on 
unstructured information, cross-team coordination 
and multiple verification layers. For example, in 
banking, it’s estimated that 73% of employees’ 
time could be affected by genAI, with 39% through 
automation and 34% through augmentation.23

The predominant emerging vision is to manage 
human and digital workers as an integrated 
talent ecosystem aligned with purpose, data 
and performance outcomes. Figure 6 shows 
the basic building blocks of such a system. 
Automating more execution through agents should 
allow humans to focus increasingly on applying 
judgement and oversight and creating value. For 
humans to do this well, they need clear, hybrid 
workforce models that define skills, decision rights 
and ways of working.
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3.3	 Governance, risk and compliance management

To fulfil this vision, work needs to be completely 
redesigned. While automating existing processes 
offers short-term value, that approach loses 
potency as people learn more about what the 
technology can do and as the technology, in turn, 
learns from the people who work with it. 

This entails baselining processes and KPIs, and 
some teams are creating digital twins to imagine 
and model radically different scenarios enabled 
by AI. Today, skilled, innovative professionals 
do this work. Some organizations, however, 
are experimenting with AI agents to help those 
individuals reinvent their workflows and processes. 

As a result, organizations may need to shift to a 
skills-based workforce architecture. Starting with 
individual skills and tasks, they will reconfigure 
people’s roles, supported by AI, and, in turn, drive 
new talent, skill and capacity requirements. They 
will also adjust learning paths, moving much of 

the training into the flow of work itself to address 
evolving skill needs for both people and agents.

While 95% of employees say they see value in 
working with genAI, adoption still depends on trust, 
learning and experience. Only 19% say they work in 
teams that experiment with AI together, and only 17% 
feel comfortable speaking up or sharing ideas.24 The 
World Economic Forum estimates that 59% of the 
global workforce will require reskilling by 2030, with 
170 million jobs created and 92 million displaced.25 
It will be crucial for financial services firms to focus 
on improving culture and on better understanding 
and supporting people’s needs as they increasingly 
work with AI. They will need to encourage safe 
experimentation, demonstrate prudent management 
of AI-related risks, and reward effective adoption. 
To that end, some firms have already revisited their 
employee value propositions to reflect this, in light of a 
future that will likely include managing a team of digital 
co‑workers and rewarding them for joint outcomes.

As highly regulated entities, financial services 
organizations are enhancing AI governance, risk 
and compliance foundations to ensure AI is used 
as intended, and to maintain financial system 
stability. This requires adapting enterprise-wide risk 
management frameworks for AI while aligning with 
evolving regulatory standards. 

Across jurisdictions, industry risk frameworks aim 
to turn broad AI principles (fairness, transparency, 
privacy, robustness, accountability) into operational, 
embedded controls. Figure 7 explains the common 
life cycle these frameworks follow.
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Adapting the risk management life cycle to AIF I G U R E  7

Re/define intended risk management use (AI 
regulator mandates and organizational principles)

Translating regulatory expectations into 
internal requirements 

Align compliance and risk assessment approach, as needed

Map detailed AI-specific risks, tier of applications by risk and 
maintain a risk-and-controls registry

Assess risks/impact

Adapt/establish AI governance 
structures and roles, embedded into 
existing structures with responsibilities and 
escalation paths for AI development, 
deployment and monitoring clearly defined, 
including assigning roles for developers, 
users and oversight committees.

Implement controls in design, build, deploy, 
operate, including tools and processes that 
make AI systems interpretable and auditable 

Test, monitor, report and improve (ethically) 
continuously and benchmark against best practices 
and emerging regulation

Deployed evidence-grade traceability sufficient for 
audit/regulator review and post incident investigation

Independent validations including testing before and 
after AI deployment

Applies to third-party vendor and in house models

Consistent approach for regulatory 
engagement. Briefing regulators on use cases, 
risk tiering, controls, known limitations, as well 
as evolution on regulatory mandates 

Risk 
management 

life cycle
3

21

4

5

Integrated risk management – control domain taxonomy for AI governanceF I G U R E  8

Data governance

Ensures data used for AI is lawful, 
fit-for-purpose, traceable and 
controlled across collection, use, 
sharing, retention and deletion.

Responsible AI board/ C-suite oversight
Sets risk appetite and accountability for AI, approves the governance operating model and requires oversight/reporting on AI exposure, 
incidents, compliance and performance

Governance/compliance leadership and management
Defines and oversees the operating model for AI across the enterprise, including decision rights, approval gates, independent challenge, 
policies/standards and auditability. This includes:

–  Risk and compliance oversight and challenge (second line of defence)

–  Independent internal audit assurance and testing (third line of defence)

Security 
and resilience

Protects AI systems and 
dependencies from attack, 
misuse and outages through 
security controls, resilience 
testing, incident response and 
third-party assurance.

Human interaction 
and recourse

Ensures AI outputs are used 
safely in workflows and that 
affected parties can override, 
contest and remediate outcomes 
through defined triggers, 
processes and service levels.

Model governance

Ensures AI/ML/genAI compo-
nents meet defined performance 
and risk thresholds before release 
and remain within them through 
monitoring, validation and 
controlled change.

Risk frameworks also converge on common control/governance domains, as shown in Figure 8.
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C A S E  S T U D Y  4

DANA: meaningful participation in creating a national AI roadmap for Indonesia

DANA engaged early with the Ministry of Communications 
and Digital Affairs to contribute its insights into Indonesia’s 
national AI roadmap, balancing the needs of digital financial 
services and national security and stability objectives.

As Indonesia embarked on defining its national AI 
roadmap, digital financial services providers were initially 
underrepresented in the debate. DANA proactively 
petitioned to contribute valuable input into the framework. 
It submitted an assessment of its existing internal policies 
for implementing and using AI, as well as showcasing 
how it instilled a strong responsible AI culture via its “AI 
Everywhere” initiative. 

DANA’s contributions positively impacted the AI industry agenda:

	– Proactive alignment with anticipated AI regulation 
reduced policy-adjustment lead time by an estimated 
30–40%, avoided potential remediation costs and 
accelerated compliant AI deployment (with an estimated 
benefit of $500,000 to $2 million in annualized economic 
value/opportunity gains)

	– Enhanced the financial services sector narrative, ensuring 
that payment system risk protection, consumer protection 
and data governance considerations were embedded early

	– Demonstrated that early, structured industry engagement 
increases policy relevance and reduces cross-sector 
regulatory friction, particularly between digital governance 
and financial sector supervision

Risk frameworks differ mainly by their level 
of prescription and their primary risk lens. 
Standards like the International Organization for 
Standardization’s (ISO) ISO/IEC 42001 emphasize 
a certifiable management system and a policy-
to-audit discipline. They work best when an 
organization needs repeatability and assurance 
across many use cases. The National Institute 
of Standards and Technology’s (NIST) AI Risk 
Management Framework (AI RMF), a practical 
risk management handbook, is designed to map 
to existing enterprise risk and security practices. 
Prudential model-risk regimes, such as the Federal 
Reserve’s SR 26-226  and the Bank of England’s 
Prudential Regulation Authority’s (PRA) supervisory 
statement (SS) 1/23 – Model risk management 
principles for banks, are narrower but deeper. These 
prioritize independent challenge, validation and 
evidence for models used in regulated decisions, 
such as credit, capital, pricing and fraud.

The EU’s Artificial Intelligence Act is compliance-
by-risk-tier and introduces explicit obligations 

including documentation and governance duties 
that apply beyond classic models to broader AI 
systems. Legal obligations, for example, include 
clear ownership of AI cycles across the full 
lifecycle, defined escalation paths for AI-related 
risks and incidents, and senior management 
accountability for high-risk AI systems. APAC 
frameworks, such as the Monetary Authority of 
Singapore’s FEAT principles, tend to be sector-
pragmatic and execution-oriented, focusing on 
customer-impact outcomes and supervisory 
expectations rather than a single cross-
economy statute. See Appendix A for a more 
detailed overview of risk framework adoption 
by region/countries.

In many jurisdictions, regulatory positions are still 
emerging. Financial services players are sharing 
their experiences with regulatory and industry 
working groups to inform policy. DANA offers an 
example of this approach, as outlined in case study 
4. Fintech has proactively contributed its know-how 
to Indonesia’s national AI roadmap.

Practically, the most scalable path to implementing 
responsible AI risk management and governance is 
three-tiered:

1   �Run a single internal control taxonomy – a 
cross-enterprise baseline – to standardize 
roles, controls and assurance across all AI. 
ISO/IEC 42001 and NIST’s AI RMF frameworks 
are often used for this purpose.

2   �Map it to model risk requirements and use a 
highly stringent model risk management (MRM) 
framework, such as SR 26-2 or PRA SS1/23, 
for high-impact predictive decision models. 

3   �Align with jurisdiction-specific compliance 
modules and legal obligations, such as 
the EU Artificial Intelligence Act and local 
prudential requirements. 

The baseline covers end-to-end AI system risk; the 
MRM framework provides regulator-grade challenge 
for decisioning models; the modules ensure 
compliance while preventing over-built controls 
where they are not required.
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3.4	� Security, model risk and threat landscape

 Data privacy 
and protection 
ranks as the 
leading AI-related 
risk in financial 
services, cited by 
74% of industry 
players and 80% of 
regulators recently 
surveyed.

AI – particularly genAI and agentic AI – elevates risk 
across many existing organizational risk categories 
and requires an integrated risk management 
approach. See Appendix B for a detailed 
breakdown of AI-driven risks and corresponding 
management responses. Financial services 
organizations commonly report three risk-oriented 
barriers to scaling AI within their organizations: 
data security and privacy, unreliable model 
output, and third-party vendor risk. In response, 
firms are strengthening their foundational risk 
management capabilities.

Data security and privacy

Data privacy and protection ranks as the leading 
AI-related risk in financial services, cited by 74% 
of industry players and 80% of regulators recently 
surveyed.27 Gen AI models rely on large training 
sets, which may include externally sourced data. 
Training may involve the AI model ingesting 
sensitive or proprietary data, and outputs may 
reveal or infer personal information that should have 
been protected. In turn, these AI-related security 
vulnerabilities may also increase the likelihood 
of attacks that compromise confidential data. 
Additionally, model providers may retain AI prompts 
without permission, either inadvertently or to 
improve model performance. 

Organizations can take a number of steps 
to mitigate these risks, including: 

	– Adding or enhancing data filters to remove 
or obscure sensitive data

	– Deploying access-controlled architecture that 
segregates client data from model providers

	– Conducting penetration and adversarial testing 
to identify and remediate vulnerabilities

	– Conducting data protection impact 
assessments when using sensitive data

	– Restricting user and agent access and 
conducting regular audits

	– Deploying security disciplines for AI 
using DevOps

Model risk

GenAI models rely on massive datasets, making 
consistent accuracy checks challenging. Output 
can be unreliable or biased, and traditional 
deterministic testing methods are often less 
effective. In response, organizations are adopting 
multiple mitigation approaches for model risk. 
Human review is the simplest option, but it can be 
expensive and may introduce new risks, such as 
human error. Other mitigations include:

	– Deploying multi-agent systems to review the 
accuracy of outputs and verify them against 
defined standards and other reliable data sources

	– Using SLMs and fine-tuning using proprietary 
datasets to increase output accuracy

	– Scoring outputs based on confidence, so that 
people can prioritize review and/or multi-agent 
systems can check low-confidence results 

	– Automating attributions so that outputs can be 
rapidly explained and assessed

	– Monitoring operational performance to verify 
model outputs against a specified range of 
measures/criteria. This approach is particularly 
important when introducing new and upgraded 
model versions. 

Third-party vendor threats

Most financial services organizations use third-party 
vendors for genAI models and solutions; doing so 
is more cost-effective than developing the needed 
internal expertise and capacity. However, standard 
audit processes often cannot trace vendor data and 
algorithms end-to-end. Vendors may also update 
software without consultation. 

Teams typically access, customize and integrate 
genAI models in different ways, each raising risks. 
To mitigate these risks, organizations are adding 
third-party gateways, checkpoints and firewalls 
between different AI systems. They are also 
enabling independent testing and setting more 
stringent auditing arrangements.
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The role of agentic 
systems in unlocking 
value at scale

4

As agentic AI is adopted across financial 
services, its value lies as much in collaboration 
with humans as in what it can automate.
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4.1	� Why agentic AI is key

4.2	� Human–AI partnership

Agentic AI is a genuine breakthrough for handling 
complex end-to-end processes and unlocking 
value. What makes it different is its ability to act 
with a degree of agency. Instead of stopping at 
a single answer, an agentic system taps a variety 
of individual agents to move work forward. An 
agentic system can request information, trigger 
downstream steps, escalate exceptions and 
complete complex jobs. It also evolves rapidly, 
learning and improving as it builds on existing 
predictive AI and automation solutions and as 
people provide feedback.

Financial institutions are adopting it rapidly for good 
reason. Organizations need traditional automation for 
repeatable processes, rules engines for deterministic 
policy decisions, ML for prediction and pattern 
detection, and genAI to contextualize, synthesize 
and generate outputs. Agentic AI can help 
organizations connect these steps more effectively.

The challenge is scaling it. This includes identifying 
where agentic AI is appropriate, where it should 
remain assistive only, and where it should not be 
used without strict human approval.

With its ability to plan, decide, act and learn 
autonomously to achieve defined goals, rather than 
simply respond to prompts or execute fixed rules, 
agentic AI essentially becomes an active participant 
in work, with several distinct capabilities:

	– Goal-directed autonomy: agents initiate 
and complete tasks end-to-end within 
defined objectives.

	– Reasoning and decision-making: 
they evaluate options, make trade-offs and 
select actions.

	– Continuous learning loops: performance 
improves through feedback and outcomes 
over time.

	– Multi-step execution: agents break work into 
tasks, coordinating sequences of actions across 
multiple agents, systems and processes.

	– Context awareness: they adapt behaviour 
based on changing data, environment and intent.

Together, these capabilities represent a leap forward 
in how work is done, creating a compounding effect 
in which speed, quality and learning reinforce each 
other over time.

In practice, agentic AI works as a coordinated 
ecosystem of specialized agents. Some focus 
on analysis, others on execution, monitoring or 
optimization. Together, they form a clear hierarchy 
of responsibility and control. 

Orchestrator agents set goals, break down tasks 
and manage workflows. Other agents execute 
specific tasks, such as synthesizing inputs, 
understanding intents, making recommendations 
and executing actions. People evaluate responses 
and make decisions at critical points in the 
workflow, as needed.

Most commentary on digital and human workers 
focuses on delegation, risk management and 
supervision in the human–AI relationship. For 
example, accuracy-critical tasks often require 
maintaining a HITL workflow, in which humans are 
actively involved at each step or at regular intervals. 
An increasingly common variation of this is an 
autonomous AI system with a human overseeing 
the process and offering feedback or vetoing 
actions where required. However, with significant 
advancements in automation, a growing concern 
is whether humans can effectively supervise 
multiple agents. Relatedly, institutions must ensure 
the ability to intervene, override, or shut down AI 
systems where necessary.

While these are critical considerations, they tell only 
part of the story. Equally important is how agentic 
AI can unlock human potential and shape satisfying, 

productive experiences and outcomes for workers. 
For many roles, it can be a true collaboration, where 
humans and AI exchange ideas, co-create solutions 
and push each other beyond individual limits. 
Successful collaboration in agent-human teams 
could offer:

	– A shared purpose. Humans and AI are aligned 
around the same goals, and AI can generate 
ideas, suggestions or recommended actions 
towards an objective. Collaboration is outcome-
driven, not always task-driven. Examples include 
a claims leakage target or fraud loss target.

	– Iterative co-learning. Humans learn from AI 
patterns, predictions or insights. AI adapts to 
human feedback, preferences and decisions. 
Both improve through repeated interaction, 
creating a dynamic learning loop in the flow of 
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work. For example, this could happen in a trade 
anomaly review or when fine-tuning credit limits.

	– Complementary creativity. AI generates 
options, scenarios or simulations that 
humans might not imagine. Humans integrate 
judgement, intuition and context. Together, they 
co-create solutions that neither could produce 
alone, such as creating hardship script variants 
or creating a market campaign.

	– Fluid, real-time interaction. Humans and 
AI exchange inputs continuously rather than 
sequentially. Decisions and ideas emerge 
organically from the partnership. The process 
feels like a conversation or a collaborative 
workshop, not a handoff. Examples include 
resolving customer disputes or quoting.

	– Mutual influence. AI can inform or influence 
human thinking by surfacing patterns or 
possibilities. Humans shape AI behaviour 

through feedback, guiding exploration. The 
partnership is bidirectional. An example is the AI 
noticing a suspicious pattern surfacing and the 
adjuster asking for more details.

To collaborate effectively, people must be 
comfortable using AI and committed to adopting 
it. They also need to continuously increase 
their knowledge of the tools they are using or 
guiding. They need to know what they can ask 
of their new tools and how to learn from and 
teach those tools in the flow of work. Moreover, 
they must feel that they can do so safely 
and securely.

Many organizations provide training and 
access to AI. Case study 5, on the Kasikorn 
Business-Technology Group (KBTG), shows 
how a democratized, responsible approach to 
upskilling the workforce and creating space to 
experiment effectively can support a collaborative 
workforce model.

C A S E  S T U D Y  5

Kasikorn Business-Technology Group: embracing a human-first AI collaborative 
culture with strong results 

KBTG’s transformation intentionally adopted a human-first 
approach to AI. Within the first year, the organization trained 
its workforce on the AI tools being integrated into daily work. 
Leadership also democratized access to AI and provided a 
safe experimentation environment, where employees could 
explore ideas and build their own agents. 

Key features of the approach include:

	– An enterprise AI council was established as a formal AI 
governance and strategy body to guide, govern and scale 
AI adoption across KBTG in support of Kasikornbank, 
with a strong emphasis on responsible, human-first AI

	– 100% AI literacy as a first-year initiative, focusing on 
upskilling all employees in the fundamentals of AI and 
productivity AI, while empowering staff to use AI responsibly

	– A dedicated AI playground environment to support 
experimentation, solution creation and best practice 
sharing – this led to the emergence of early adopters who 
later developed AI agents within their teams

	– Employee-driven innovation, enabling staff to build personal 
AI agents and minimal viable product (MVP) projects to 
solve their own challenges and those of their teams

	– Selective scaling of high-impact use cases into 
enterprise-grade platforms with built-in quality control, 
security and responsible AI governance

As a result, employees embraced AI and achieved 
measurable outcomes demonstrating effective human 
AI collaboration: 

	– Over 200 innovation ideas generated, leading to 60 MVP 
solutions, with eight high-impact use cases scaled and 
deployed as enterprise platforms

	– 20–59% productivity improvements for administrative 
tasks, documentation and preliminary analysis

	– Approximately 30,000 workdays saved through 
operational improvements after prototype AI agents 
were scaled into production

KBTG continues to scale enterprise AI by building 
a centralized, vendor-agnostic AI platform, avoiding 
dependency on any single technology stack. This 
platform enables human–AI collaboration where 
employees and AI agents work together across 
workflows to transform productivity and innovation 
at enterprise scale.
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4.3	� Examples of agentic AI in financial services

Agentic capability is not a single construct. It spans 
a spectrum of autonomy, from assisting humans to 
independently planning and executing outcomes. It 
is important to ensure clarity around how decisions 
are made, how clearly responsibilities are divided 
and articulated for both people and machines, and 
how actions are triggered. Equally important is how 
much human oversight is needed and expected, 
and how people can escalate a situation when they 
spot an exception or another problem surfaces.

	– Assistive agents support human decision-
making by generating suggestions, drafts and 
recommendations, while the human remains 
accountable for final decisions and actions.

	– Semi-autonomous agents execute defined 
tasks within clear guardrails, operating 
independently for routine activities but escalating 
exceptions or edge cases for human approval.

	– Autonomous agents plan, decide and act 
against defined goals with minimal human 
intervention, managing end-to-end task 
execution within agreed boundaries.

	– Multi-agent systems or orchestrator agents 
coordinate multiple specialized agents, each 
focused on one task, such as planning, 
execution or review. These agents collaborate to 
solve more complex, multi-step problems.

	– Tool-using agents extend beyond reasoning 
by interacting with external systems, APIs and 
data sources to take real-world actions and 
complete tasks.

Figure 9 provides an example of agent use across 
the value chain for banking.
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Agent use across the banking value chainF I G U R E  9

Liquidity Forecasting Agent  
Predicts liquidity positions 
continuously

Balance Sheet 
Optimization Agent
Simulates capital allocation scenarios

Financial Close Agent  
Automates reconciliation 
and variance analysis

Capital Stress Testing Agent  
Executes and interprets 
stress scenarios

Finance 
and treasury

Case Management Agent  
Routes and resolves service cases

Workplace Optimization Agent  
Balances demand, skills and SLAs

Document Processing Agent  
Extracts and validates 
unstructured data

Service Fulfillment 
Orchestration Agent
Coordinates systems, 
vendors and approvals

Collection Strategy Agent
Optimizes collection actions 
using delinquency signals, 
behaviours, policies

Operations and 
servicing

Liquidity Forecasting Agent  
Predicts liquidity positions 
continuously

Balance Sheet 
Optimization Agent
Simulates capital allocation scenarios

Financial Close Agent  
Automates reconciliation 
and variance analysis

Capital Stress Testing Agent  
Executes and interprets 
stress scenarios

Finance 
and treasury

Operations and 
servicing

AML Investigation Agent
Accelerates alert triage 
and investigations

Fraud Learning Agent
Continuously adapts fraud 
detection logic

Policy Interpretation Agent
Converts regulations into controls

Model Risk Agent
Monitors model drift and bias

Transaction Monitoring Agent  
Detects risk and behavioural 
anomalies

Regulatory Impact Agent  
Assesses regulatory change impact

Credit Decisioning Agent  
Enhances credit decisions 
with explainability

Risk, compliance 
and financial crime

AML Investigation Agent
Accelerates alert triage 
and investigations

Fraud Learning Agent
Continuously adapts fraud 
detection logic

Policy Interpretation Agent
Converts regulations into controls

Model Risk Agent
Monitors model drift and bias

Transaction Monitoring Agent  
Detects risk and behavioural 
anomalies

Regulatory Impact Agent  
Assesses regulatory change impact

Credit Decisioning Agent  
Enhances credit decisions 
with explainability

Risk, compliance 
and financial crime

Content Management Agent
Personalizes engagement content 
across channels

Conversational Banking Agent  
Handles inquiries and transactions 
end-to-end

Proactive Service Agent  
Anticipates needs and 
triggers intervention

Campaign Orchestration Agent  
Designs and optimizes 
multi-channel campaign

Lead Intelligence Agent  
Scores and routes leads using 
intent and behaviour signals

Personalized Offer Agent  
Generates next-best offers 
(up/x-sell, retention)

Customer engagement, 
sales and marketing

Product Design Agent  
Identifies new features from 
use and feedback

Pricing Optimization Agent  
Dynamically adjusts pricing and fees

Product Performance Agent  
Monitors adoption, risk 
and profitability

Product

KYC Orchestration Agent  
Coordinates identity, anti-money 
laundering and risk checks

Application Completion Agent  
Reduces drop-offs through 
proactive guidance

Compliance Validation Agent  
Ensures onboarding meets 
regulatory rules

Exception Resolution Agent  
Detects and resolves 
onboarding issues

Customer 
onboarding
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C A S E  S T U D Y  6

Candidly: scaling personalized financial guidance with a multi-agentic AI assistant

Approximately 42.7 million Americans hold $1.84 trillion 
in student debt28 and must navigate over 140 federal 
programmes,29 many with frequently changing repayment 
requirements. Without personalized guidance, borrowers 
make costly or no decisions, leaving billions in relief 
unclaimed. As a result, 25% face delinquency or default,30 

42% sacrifice basic needs31 and lingering debt cuts 
retirement savings by 30%.32

Human coaching can’t help students at scale in an affordable 
way. Generalized genAI partially fills the gap but also introduces 
new risk. Frontier large language models (LLMs) fail roughly 
60% of realistic financial analyst tasks, and 43% of their 
answers to student loan questions are incorrect or misleading.33 

To address the issue, Candidly built Cait, a domain-
specialized, multi-agentic AI assistant. Cait encodes expert-
level financial reasoning as auditable, human-authored 
knowledge modules that ensure accuracy, compliance and 
deterministic calculations. The solution comprises:

	– The Candidly Intelligence Center (CIC), a five-layer 
intelligence stack combining LLM reasoning, API tools, 
human-authored skills, deterministic code execution and 
retrieval-augmented generation

	– Specialized agents for student loan optimization, college 
planning, readiness for retirement and employee benefits – 
with cross-agent handoffs preserving full conversation state

	– Configurable guardrails: input validation, compliance 
screening and complete decision provenance for 
every recommendation

	– Launch across enterprise partners with white-label,  
co-branded and API deployment options, including  
zero-data-transmission partner-cloud instances

A large majority of Cait’s users (71%) take a meaningful 
step following its insight; almost half (49%) of conversations 
reach the action stage. Almost a third (31%) of conversations 
happen outside business hours. Meanwhile, 41% of 
conversations continue for more than six messages and 61% 
of returning users explore new financial topics.34

Candidly’s approach triples the rate at which users complete 
their first meaningful action on the platform, validating that 
domain expertise, not model scale alone, drives accuracy in 
regulated domains.35

Candidly is expanding Cait into retirement planning, 
consumer debt and equity plan guidance – deploying a new 
specialized agent roughly every three weeks. The architecture 
supports MCP, enabling partners to integrate Candidly’s 
financial intelligence directly into their own AI assistants.

Together, these agent types can provide a 
scalable model for increasing autonomy, enabling 
organizations to progressively shift to machine-
orchestrated outcomes while maintaining control 
and accountability. 

Agentic AI is still a nascent technology. Even 
though it has moved quickly to capture leaders’ 
attention, organizations have only relatively 
recently deployed it to drive operational 
efficiency, enhance decision-making and deliver 
personalized client outcomes for financial 
services. Agents are used to enhance customer 
engagement and advisory, for example, where 
they enable proactive financial guidance, policy 
recommendations, personalized pricing and 
targeted product suggestions. In operations, 
agents autonomously handle loan origination, 
claims processing, transaction reconciliation and 
onboarding. In decision and risk intelligence, 
they provide portfolio optimization, trading signals, 
credit scoring, stress testing and underwriting 
recommendations, augmenting human judgement 
with scalable insights. 

At a strategic level, agentic AI supports decision-
making and anticipates credit defaults, claim 
surges and liquidity risks. 

As agentic use cases emerge, examples that 
reinvent the customer experience and enhance 
operational efficiency and accuracy illuminate what’s 
already possible. 

Customer engagement 
and advisory

A key feature of agentic-enabled workflows is 
that they can deliver services at scale that firms 
previously offered only to private clients at a high 
cost. Agentic AI overcomes this constraint, and 
early forms of digital personal (financial) assistants 
act with customers’ interests in mind. Candidly’s 
experience, explored in the adjacent case study, 
demonstrates this concretely, illustrating how an 
organization can deliver services affordably to help 
individuals address a complex life stage issue.
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C A S E  S T U D Y  7

Mastercard Ethoca Consumer Clarity: using genAI to scale trust and 
transparency in digital payments

Unclear transaction descriptions are a primary driver of 
consumer confusion, disputes and chargebacks in electronic 
payments. These create unnecessary friction and cost. 
With hundreds of millions of transactions flowing through its 
network daily, Mastercard saw an opportunity to turn scale 
into continuous feedback loops that drive smarter decisions, 
faster optimization and compounding value over time.

Historically, enriching raw transaction data required manual 
cleansing and attribute matching by specialists, creating 
a bottleneck that constrained global expansion, increased 
operational costs and limited coverage despite growing 
transaction volumes.

Mastercard pivoted from a human-led enrichment model to 
a collaborative model of multiple AI agents with people in 
the lead. The team rebuilt the workflow, so that genAI now 
performs primary attribute extraction, with people overseeing 
exceptions. Key attributes of the solution include:

	– Multiple sources of customer transaction data across 
Mastercard’s data warehouse, Snowflake and Microsoft 
Azure to create a “merchant database” that allows the AI 
engine to enrich customer transactions

	– Designing and deploying all ranges of AI from classical 
ML, such as XGBoost, to modern genAI or LLMs into one 
product to encourage both revenue growth while meeting 
customer satisfaction

	– Embedding Mastercard’s AI governance process of 
efficacy, fairness and transparency through results 
explainability with a scoring system, tracking regional 
variations, manual validation and AI judging agents

	– Delivering with agility through Microsoft’s AI product 
suite such as Copilot, Microsoft Foundry and Azure 
Machine Learning

Deployed at scale, the system provides clear benefits, including:

	– 15% higher data accuracy than traditional benchmarks, 
improving merchant data quality

	– 20% more records enriched from the same datasets, 
rapidly scaling coverage expansion

	– 87% reduction in processing time and 92% lower cost 
per record, improving unit economics

Now, teams manage genAI as a continuous capability and 
performance depends on high-quality structured inputs, 
continuous feedback loops and systematic retraining. 
Confidence scoring and human review are critical to 
maintaining trust.

Next, Mastercard will embed this capability directly into 
clearing data, enabling the company to deliver enriched 
transaction details to all banks in its network.

Operational efficiency and accuracy

Efficiency remains a top priority for AI reinvention and financial services organizations are 
increasingly using agentic AI to reinvent operations processes. Case study 7 shows how 
Mastercard improved a slow, manual process, not only increasing efficiency and quality but 
also delivering better outcomes for merchants and their customers. 
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C A S E  S T U D Y  8

EBRD LessonsBot: using genAI to scale institutional learning, trust and 
evidence‑based decision‑making

For multilateral development banks (MDBs), institutional 
learning is critical to improving project outcomes and 
maximizing impact across countries and regions. Since 1991, 
the EBRD has accumulated extensive evaluation knowledge 
that captures what works, what doesn’t and why. However, 
as collaboration across the MDB ecosystem increased, so 
did the challenge of making this knowledge easily accessible 
and actionable at scale.

Historically, the EBRD’s evaluation insights were spread 
across more than 300 technical documents and over 20,000 
pages, stored in multiple repositories. Locating relevant 
lessons often required hours or days of manual searching 
and interpretation, limiting reuse, slowing decision‑making, 
and reducing the effectiveness of institutional learning 
– particularly for new countries of operation and 
cross‑institution collaboration.

EBRD pivoted from a document‑centric knowledge model to 
a genAI‑enabled, conversational access model, developing 
LessonsBot as its first bespoke genAI solution. Built by the AI 
Centre of Excellence in close collaboration with the internal 
evaluations department, LessonsBot enables staff to query 
authoritative evaluation evidence using natural language, 
with built-in citations and governance. Key attributes of the 
solution include:

	– A cloud‑based, retrieval-augmented generation 
(RAG)‑enabled chatbot, grounded exclusively in the 
EBRD’s official evaluation documents to ensure accuracy 
and trust

	– Consolidation of over 300 evaluation reports into a 
single AI‑powered knowledge base spanning more 
than 20,000 pages

	– Use of GPT‑4o and Microsoft Foundry, enabling secure 
deployment, explainability and scalable access

	– Iterative, agile development with evaluators, ensuring 
usability, relevance and continuous improvement

	– Phased rollout with strong governance, expanding 
access from pilot users to all staff, the board 
and evaluators across 10 partner international 
financial institutions (IFIs)

Deployed at scale, the system delivers clear benefits, including:

	– At least 20% time savings for evaluation managers 
and analysts

	– A 66% increase in internal lessons‑learnt reports 

	– 100% of surveyed users reporting increased productivity, 
with 75% citing reduced mental effort and improved 
insight quality

	– Adoption across EBRD and 10 other IFIs

Now, teams manage genAI as a shared institutional capability 
rather than a one‑off tool. Performance depends on high‑quality 
structured inputs, citation‑based retrieval, continuous feedback 
loops and human oversight to maintain trust.

Strategic decision-making

As an example of how AI supports broader strategic 
decision-making at scale, consider The European 
Bank for Reconstruction and Development’s 
(EBRD) case. The EBRD used agentic AI to make 
its extensive evaluation knowledge more readily 
available, help shape stronger projects and deliver 
real benefits to communities.

Agentic AI is already demonstrating meaningful 
impact across workflows, yet it remains nascent, 
with capabilities advancing rapidly. Agents 
will continue to evolve from executing narrow 
tasks to complex, end-to-end workflows, 
coordinating across systems and adapting in 
near real time.
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Planning for the 
industry’s future 

5

Realizing AI’s full potential in the long term 
demands forward-looking frameworks and 
leadership commitment.
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5.1	� Emerging technologies and 
cross-industry innovation

5.2	� Framework for scaled and sustained AI adoption

 The massive 
quantum-enabled 
increase in 
compute power 
promises to further 
supercharge the 
development of AI 
solutions, creating 
significant gains.

The future of financial services will be connected, intelligent and ecosystem-driven. As this 
unfolds, leadership across the C-suite will play a critical role in embedding AI more deeply 
into their organizations. Simultaneously, ecosystem players will need to stay ahead of emerging 
technologies as they continue to evolve.

The financial sector is continually adopting 
emerging technologies that are reshaping how 
institutions operate. Cloud platforms enable 
scalable infrastructure and data management. Open 
banking allows secure integration with fintechs and 
third-party services. Blockchain and digital assets 
facilitate faster, transparent and programmable 
transactions. Advanced cybersecurity protects 
digital channels while enabling trust in increasingly 
automated systems. 

Organizations can deploy AI as an orchestrator 
across this emerging technology ecosystem and 
catalyse a reinforcing cycle of value. AI amplifies 
the value of investments in cloud, open banking, 
blockchain and cybersecurity. Cloud infrastructure 
enables scalable AI models and data pipelines, 
while open banking APIs feed AI systems with 
rich, integrated datasets for personalized insights 
and decision-making. Blockchain and tokenized 
assets provide structured, auditable data that AI 
can analyse for fraud detection, risk assessment 
and optimization of financial flows. Meanwhile, 
though advanced AI models can now identify 
and exploit vulnerabilities in software, these same 
models can, and must, be used to enhance 
cybersecurity and help drive resilience across 
digital channels. 

As other technologies progress, such as quantum 
computing, further transformation of financial services 
will take place. Quantum has recently been receiving 
increasing attention, primarily as a security concern. 
Once quantum computers sufficiently advance, they 
hold the potential to break the encryption standards 
that currently protect financial data and transactions, 
posing a significant future risk to the security of 
the global financial system.36 In response, bodies 
such as NIST have been working to get ahead of 
the threat. Through a multi-year process involving 
industry, academia and governments, NIST released 
its first post-quantum cryptography standards in 
2024, and provides resources and guidance to help 
financial institutions begin migrating their systems to 
quantum-resistant cryptography.37

Beyond the security threat, quantum also has a 
transformative upside. The massive quantum-
enabled increase in compute power promises 
to further supercharge the development of AI 
solutions, creating significant gains. In particular, 
the technology promises to improve model 
optimization, reducing training time and improving 
the quality of outputs. It may also exponentially 
accelerate certain core subroutines used by ML, 
which will enable scaling in domains with vast and 
complex state spaces, such as financial analysis. 

Leaders need a course of action based on factors 
including their organization’s AI maturity, ambition 
and financial resources. Intent matters, and there 
is a clear difference between using AI and truly 
transforming with it. Transformational AI requires a 
strong commitment from the CEO, recognizing that 

AI can reshape the operating model, encouraging 
experimentation to find practical uses, and completely 
redesigning workflows rather than limited integration.

Leaders typically guide their organizations through 
several transitional stages, illustrated in Figure 10. 
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Framework for transformational AIF I G U R E  1 0

AI vision – experience, 
efficiency, risk and capital 

Prioritise domains

Establish responsible AI 
principles and guidelines

01
Define vision 
and strategy

Deploy modular, 
cloud-native architecture 

Create enterprise 
intelligence platform

Leverage ecosystem 
partners

Integrate, structure and 
secure enterprise data 

02
Build the digital 
core and AI 
foundations

Speed 1
Fast, frontline impact 
for quick ROI

Speed 2
Enterprise-grade 
strategic AI

03
Implement a two-
speed AI approach

Learning agenda and 
human–AI collaboration 
framework

Integrate cross- 
functional, fluid teams

Embed a culture of 
ethical innovation and 
continuous learning

04
Transform 
workforce, 
processes 
and culture

1   Define vision and strategy

This stage sets direction and prevents fragmented 
AI adoption. It defines where AI will create 
value, which workflows matter most, and 
where autonomous action must stop. During 
this stage, organizations establish a baseline, 
clarify the relationship driver, assess data and 
model readiness, and identify the highest-value 
agentic opportunities. The goal is board-level 
alignment on priorities, measurable outcomes, 
and the guardrails for risk, regulation and 
responsible AI.

2   Build the digital core and AI foundations 

This stage creates the conditions for AI to 
scale reliably. It connects data, updates identity 
and consent, and puts in place interoperable 
architecture and a strong enterprise platform. 
Organizations move successful pilots into 
production by embedding AI into workflows, 
orchestration layers, and multi-step decisions. 
They also establish continuous oversight of drift, 
bias, explainability, and ethical compliance so 
deployment stays controlled, scalable and resilient. 

3   Implement a two-speed AI approach 

This stage balances near-term results with long-term 
advantage. One speed focuses on rapid customer 
and operational gains, while the other builds strategic 
AI that learns, improves, and scales across the 
enterprise. Organizations expand AI across business 
units, automate repeatable decisions, and refine 
models using enterprise feedback and outcome 
measurement. This can create immediate efficiency 
and experience gains while building sustained value 
through growth, cost reduction, and stronger risk 
and capital management. 

4   Transform workforce, processes and culture

This stage embeds AI adoption and turns it into 
enterprise value. During this stage, work, decision 
rights, incentives, and leadership roles are redefined 
and embedded into how the organization operates. 
Organizations implement skills-based structures, 
institutionalize AI-driven decision-making, and build 
reusable capabilities that can scale across the 
business. The result is a new operating model and 
culture in which AI supports continuous improvement, 
stronger adoption, and more ambitious innovation.
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Embedding AI into an organization requires 
engagement from leaders across the C-suite. Every 
leader contributes a distinct perspective, whether 
in strategy, operations, finance, risk management, 
technology or human resources, that collectively 
cultivates innovation, governance and trust.    
Achieving success relies on shared responsibility and 
effective collaboration among all parties involved.

It also requires new leadership models. For 
example, IT and HR leads are aligning more closely 

as AI integration drives changes in work, workflows 
and governance needs across the organization. 
The chief AI officer role is increasingly common, 
sometimes reporting directly to the CEO or jointly 
to technology and HR leaders. More variations, 
such as chief work officer or chief workforce 
transformation officer, may emerge to coordinate 
digital and human resources. These new roles 
would not replace existing positions. Rather, they 
would synchronize strategies for work, workforce 
and technology as the company scales agentic AI.

5.3	� Leadership, sponsorship and accountability

Emerging areas of accountability for leadersTA B L E  1

Role Accountability

CEO

Chief Strategy Officer (CSO)

	– Set the strategic intent and sponsor AI transformation.

	– Communicate to staff, shareholders and regulators how AI is integrated into 
the overall strategy.

	– Lift AI to a board-level priority, build stakeholder confidence.

Chief Operating Officer (COO)

Business heads

	– Select processes with established baselines, identifiable risks, accessible data 
and clear benefits.

	– Define SLAs for blended digital workers and manage risks.

	– Start adoption in controlled, high-value impact areas.

Chief Financial Officer (CFO) 	– Track costs before and after, assess financial impact once quality is confirmed, 
and allocate expenses including compute and licensing.

	– Develop reporting that reflects digital capacity as part of the workforce.

	– Embed digital workers in financial management.

Chief Risk Officer (CRO)

Chief Compliance Officer (CCO)

	– Define risk appetite. Require validation, continuous monitoring, anomaly 
detection and rollback options.

	– Ensure agent actions are explainable and logged.

	– Protect from compliance breaches and provide regulators with confidence.

Chief Information Officer (CIO)

Chief Technology Officer (CTO)

Chief AI Officer (CAIO)

Chief Data Officer (CDO)

Chief Information Security Officer (CISO)

	– Publish a reference architecture covering identity, entitlements, data governance, 
tool access and telemetry. Define agent certification requirements.

	– Plan for vendor and in-house agents. Ensure interoperability, and security, 
across platforms.

	– Provide the technical backbone to scale safely and avoid vendor lock-in.

Chief Human Resources Officer (CHRO)

Chief People Officer (CPO)

	– Partner closely with business to redesign roles and reskill employees. Identify 
hybrid roles such as agent supervisors.

	– Update HR frameworks so workforce planning and performance management 
includes digital workers.

	– Ensure employees view digital workers as collaborators.
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Conclusion
AI marks a structural technological shift that some 
experts are comparing to the internet, electricity 
or the introduction of rail. The implications are 
profound for financial services and the public 
institutions that shape trust, stability and inclusion. 
This report offers industry and public sector leaders 
across all geographies practical examples and 
guidance to support the development or refinement 
of AI strategies and to translate ambition into 
sustained, governable execution.

The case studies, provided by members of the 
World Economic Forum’s AI in Financial Services 
community, are central to that intent. They move 
the conversation from what AI could mean to what 
leaders are learning as they build foundations, set 
guardrails, redesign work and scale new capabilities 
in live environments. These contributions make the 
guidance more concrete, credible and immediately 
useful for peers navigating similar choices.

No organization has a complete playbook. 
Capabilities, risks and supervisory expectations 
are evolving quickly, and strategies will need to 
be revisited as agentic systems mature and as 
new operating models emerge. However, as the 
financial services industry moves from digitization 
to cognition-enabled economies, one thing is clear: 
guided by trust and governance, comprehensive AI 
adoption will define the future of financial services 
and underpin the global economy.

That is why knowledge-sharing is so critically 
important. Exchanging practical lessons, 
patterns that work and approaches that fail safely 
accelerates progress for everyone, raising the floor 
on governance and trust while helping the industry 
capture value responsibly. The Forum supports 
this ongoing dialogue and welcomes further 
contributions, comparisons and collaboration to 
advance the sector’s collective progress.
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Appendices

A1	� Overview of risk framework adoption 
by region (non-exhaustive)

Region
Sub-region/
country

Common risk/govern-
ance frameworks used by 
financial services for AI Application/key call-outs

Global Cross-jurisdiction 	– NIST AI RMF 1.0 (+ genAI 
profile)

	– ISO/IEC 42001

	– ISO/IEC 23894

	– ISO/IEC 27001/27002  
(security controls)

	– OECD AI Principles

	– UNESCO on Ethics of AI

Used as a common baseline to harmonize responsible 
AI requirements across business lines and countries, 
then mapped to local regulator obligations. ISO 42001 
is often adopted as the management-system wrapper; 
NIST/ISO 23894 provide practical risk processes; 
OECD/UNESCO are used most often for principles, 
policy language and external stakeholder alignment.

Americas US 	– Federal Reserve SR 11-7/
OCC 2011-12 (updated 
to SR 26-2) (Model Risk 
Management); NIST AI 
RMF; sector cybersecurity 
baselines (e.g. NIST CSF 
as a control reference)

Extends model risk management to AI/ML/genAI 
(inventory, tiering, validation, monitoring, independent 
review), with NIST AI RMF used as overlay for 
broader non-model risks (human impact, governance, 
transparency). Strongest applicability is banking 
(prudential focus), but insurers and fintechs commonly 
align as it provides evidence-grade governance 
expectations for regulated decisions.

Canada 	– OSFI guidance/ expectations 
(model risk, operational risk, 
third-party risk)

	– ISO/NIST overlays

Typically treated as part of enterprise risk management. 
AI is governed through model risk (where predictive), 
operational risk and third-party risk, with ISO/NIST used 
to standardize practices across groups. Practical call-
out: regulator focus is often on robustness, controls and 
accountability rather than a single AI-specific statute.

Latin America 	– Local financial supervisor 
requirements and guidance 
(varies by country)

	– Local data protection laws

	– Central bank/payments 
regulator rules for 
digital finance

	– Voluntary standards (ISO/IEC 
42001; ISO/IEC 23894; NIST 
AI RMF)

In Latin America banks, insurers and fintechs typically 
implement AI governance through domestic banking/ 
insurance supervisors, central banks and data 
protection authorities, rather than a single region-wide 
AI statute. MNIs in the region usually overlay ISO/NIST 
to standardize controls and evidence across countries, 
and local firms also adopt these standards selectively 
to meet partner/outsourcing assurance needs, cross-
border group requirements and investor expectations.

Europe, the Middle 
East and Africa

EU 	– EU AI Act

	– GDPR

	– DORA

	– EBA guidance on ML for IRB 
(banks)

	– ISO/IEC 42001/23894

EU AI Act is the dominant compliance driver (risk 
classification + obligations), with GDPR shaping data/
automated decisioning controls and DORA driving 
resilience and third-party management for AI services. 
Banking internal-model use cases often add EBA/
ECB supervisory expectations; ISO 42001/23894 
are commonly used to operationalize a management 
system and risk process across the organization.

UK 	– PRA SS1/23 Model Risk 
Management principles

	– FCA expectations  
(conduct/consumer outcomes)

	– ISO/NIST overlays

UK approach is commonly “MRM-first” (especially for 
banks): firms extend PRA model risk principles to AI/
genAI and use ISO/NIST to broaden into enterprise 
governance (policy, controls, audit evidence). 
Compared with the EU AI Act, the UK has historically 
relied more on regulator principles and supervisory 
expectations than a single cross-economy AI statute, 
so mapping and documentation discipline matters.
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Region
Sub-region/
country

Common risk/govern-
ance frameworks used by 
financial services for AI Application/key call-outs

Europe, the Middle 
East and Africa

Middle East 	– National AI strategies/ 
ethics principles (vary)

	– ISO/IEC 42001

	– NIST AI RMF

	– Sector regulator guidance 
(where issued)

Many financial services firms use ISO/NIST as the 
dominant operational baseline and then tailor to 
national digital/AI strategies and data laws. A common 
differentiator is strong emphasis on national digital 
transformation agendas, with governance often driven 
by regulators and central banks for systemic stability 
and cyber/third-party risk.

Africa 	– National AI strategies/data 
protection regimes (vary); ISO/
IEC 27001; ISO/IEC 42001; 
NIST AI RMF

Often firms lean on international standards (ISO/NIST), 
especially where local AI-specific regulation is still 
emerging. Focus is often on privacy, financial inclusion/ 
consumer protection and operational resilience, with 
regulators/central banks influencing expectations.

Asia-Pacific Singapore 	– MAS FEAT Principles

	– MAS AI Model Risk 
Management

	– IMDA Model AI Governance 
Framework/AI Verify

	– ISO/NIST overlays

Singapore is a leading reference point for FS-specific 
fairness/ethics expectations (FEAT) and practical 
model risk governance for AI, with tooling/assurance 
approaches promoted via AI Verify. MAS guidance  
used as a “gold standard” overlay on ISO/NIST, 
especially for customer-impacting decisions (credit, 
pricing, fraud, advice).

Hong Kong 	– HKMA High-level  
Principles on AI

	– ISO/NIST overlays

Used primarily as supervisory expectations for 
governance, accountability, and controls, commonly 
implemented through model risk management and third-
party risk processes. Compared with Singapore’s FEAT, 
the HK approach is more principles-led and typically relies 
on firms’ internal frameworks to evidence implementation.

Australia 	– APRA prudential expectations 
(operational risk, CPS 230/
outsourcing, information 
security, model risk practices)

	– ISO/NIST overlays

AI governance is commonly implemented via existing 
prudential risk disciplines, operational resilience, third-
party risk, security and (increasingly) model risk rather 
than a single AI rulebook. Tends to be most stringent for 
banks and insurers regulated by APRA; fintechs align to 
meet partner and customer assurance expectations.

Japan 	– Japan AI governance 
guidelines (cross-industry)

	– ISO/IEC 42001

	– NIST AI RMF

Firms typically align to national governance guidance 
and then operationalize via ISO/NIST to create 
auditable controls across the AI life cycle. Compared 
with the EU, the approach is less compliance-by-risk-
tier and more governance-by-principles, so internal 
control design and monitoring are central.

India 	– National AI guidance/initiatives 
(evolving)

	– Sector regulator expectations 
(RBI/IRDAI where applicable)

	– ISO/NIST overlays

Financial services firms commonly implement global-
standard governance (ISO/NIST) and tailor to local data 
rules, outsourcing, and sector supervisory expectations as 
they evolve. 

Given the fintech/neobank ecosystem and extensive third-
party dependencies, third-party risk, data governance and 
consumer protection controls are often emphasized.

China (Mainland) 	– Cybersecurity Law (CSL)

	– Data Security Law (DSL)

	– Personal Information  
Protection Law (PIPL)

	– CAC algorithm  
governance rules

	– NFRA data security rules 
(banking and insurance)

Local Chinese financial services firms typically implement 
AI governance as part of a broader compliance stack, 
focused on data localization, security, algorithm filing 
and assessments, and strong content/safety controls

MNCs operating in China (including foreign banks, 
insurers with PRC entities/ branches/JVs) generally run 
a dedicated “China compliance” variant of their global AI 
framework to meet data residency/cross‑border transfer 
constraints and local supervisory expectations, often 
requiring separate tooling, vendors and governance 
evidence tailored to Chinese regulators.
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A2  	�Overview of AI-driven risks and corresponding 
risk management approaches

Risk category Detail GenAI/agentic impact
AI-specific foundational  
capability requirements

Reputational risk Risks arising from loss of 
trust and credibility with 
customers, regulators 
and the public when 
AI-assisted actions are 
wrong or misleading

	– Unreliable model outputs may 
bypass review

	– Human challenge may weaken, as 
over‑reliance and automation bias reduce 
escalation and second‑line checks

	– External deception outpaces controls, as 
genAI increases fraud and disinformation 

	– Quality controls that detect and block 
high impact misstatements, with 
thresholds for escalation

	– Customer visible transparency for AI 
involvement and a fast path to human 
resolution when confidence is low or 
impact is high

	– AI incident response, for example: 
misstatement, deepfake and public 
misinformation incidents

Legal and 
regulatory risk

Risks arising from laws, 
regulation, supervision, 
legal enforceability, 
conduct obligations  
and financial crime

	– Regulators increasingly expect 
demonstrable controls and governance 
for AI use (not just principles)

	– GenAI raises financial crime risk (identity 
fraud, deception, disinformation) 
intersecting legal obligations

	– Credit scoring and similar use cases 
trigger strict governance, documentation 
and human oversight expectations

	– Compliance-by-evidence audit trails that 
capture what the system did and why, 
including log, monitoring artefacts, model/
agent governance records

	– Codify human accountability for regulated 
decisions (who approves, who can 
override, how intervention is recorded)

	– GenAI-enabled financial crime control uplift 
(prevention, detection, response, reporting)

Financial risk Risks that primarily 
impact capital, 
earnings, liquidity 
or valuation through 
financial exposures

	– Similar models/data across market 
participants can increase correlation in 
price moves/hedges, worsening value at 
risk/stress losses

	– Faster AI-driven adjustment in markets 
can amplify intraday volatility, widen bid-
ask at moments liquidity might be needed

	– Automation can make limit changes/ 
risk actions happen faster, steepening 
P&L swings when regimes shift

	– AI crowding and correlation stress testing 
(model similarity, correlated unwind 
scenarios, ties outcomes to buffers)

	– Intraday liquidity risk governance that 
matches AI speed (key risk indicators, 
triggers, escalation)

	– Automated action circuit breakers that 
pause or constrain model driven limit 
changes and rebalancing during stress

Operational  
resilience risk

Risks that threaten the 
bank’s ability to deliver 
critical operations within 
tolerance (end-to-end 
service continuity)

	– Agentic workflows may reduce human 
buffers and failures can propagate across 
multiple steps and teams quickly

	– Critical services may depend on 
additional AI providers and outages or 
loss of access can impair service delivery

	– Agent decision paths and dynamic 
execution may complicate root cause 
analysis, rollback and controlled restart

	– Resilience testing for agent failure 
cascades and mass exception events 
(not just classic IT outages)

	– Define safe fallback modes and service 
tolerances and that keep critical services 
operating in degraded states

	– Third party continuity and exit controls 
for AI-critical suppliers with evidence, 
recovery playbooks and concentration 
risk management

Technology and 
cyber risk

Risks arising from 
technology engineering 
and operation, as well as 
hostile compromise of 
systems/ information

	– New AI interfaces and data flows 
may create more opportunities for 
compromise and attackers also use AI

	– Reliance on a small set of AI/cloud/
model providers may increase exposure 
if one is disrupted or compromised

	– Deepfakes/voice cloning weaken 
human trust signals used in approvals 
and servicing

	– Agent identity and privilege management 
a tier‑0 security (tool access 
control, segregation of duties, agent 
action monitoring)

	– AI interface security controls (new 
attack surfaces, trust attacks, including 
deepfake‑resistant verification for 
approvals and servicing)

	– AI supplier assurance integrated 
into cyber third‑party risk, including 
incident coordination and provider 
concentration review

Data and model risk Risks arising from data 
integrity/use and model 
behaviour, including 
AI/genAI and decision 
automation

	– Complexity, limited explainability and 
opaque training data may complicate data 
quality assessment and model validation

	– Hallucinations and non-determinism 
may create new accuracy and 
reproducibility challenges

	– Frequent updates to models/ 
prompts/tools may increase drift 
and control burden

	– Inventory and materiality for AI systems so 
controls scale proportionately to risk

	– Independent validation and continuous 
monitoring (including hallucinations, non-
determinism, frequent changes to models)

	– Unstructured data governance (traceability, 
quality checks, provenance)
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A3  	�Additional reading

Industry- or function-specific

Impact on industries, sectors and functions

Regional-specific

Impact on regions

From Paradox 

Energy Framework

Artificial Intelligence 
and Cybersecurity: 
Balancing Risks 

AI in Action: Beyond 
Experimentation to 
Transform Industry

Financial 
services

Upcoming

Advanced 
manufacturing and 
supply chains

Intelligent Industrial
Operations Outlook 
2026

Media, 
entertainment 

Artificial Intelligence in 
Media, Entertainment 
and Sport

Healthcare

The Future of 
AI-Enabled Health: 
Leading the Way

Transport

Intelligent Transport, 
Greener Future: 
AI as a Catalyst 
to Decarbonize 

Telecommunications

The Strategic Role 

Across the AI 

Consumer goods

Unlocking AI Value at
Scale: Workforce 
Adoption 
A Practical Guide for 
Consumer Industries

Organizational 
Transformation 
in the Age of AI: 
How Organizations 
Maximize AI’s Potential

Asia’s Human-led 
AI Opportunity: 
A Framework 
for Transformation

Impact on industrial ecosystems

Cross-industry

Life  
science

Strategic Choices in 
the Age of AI
Shaping the Future
of Life Sciences

In collaboration with 
Boston Consulting Group

Strategic Choices in the 
Age of AI: Shaping the Future 
of Life Sciences
I N S I G H T  R E P O R T

M A Y  2 0 2 6

Industries in the Intelligent Age

Intelligent Industrial 
Operations Outlook 2026
W H I T E  P A P E R

A P R I L  2 0 2 6

In collaboration  
with Accenture

Industries in the Intelligent Age

Unlocking AI Value at 
Scale: Workforce Adoption 
A Practical Guide for 
Consumer Industries 
B R I E F I N G  P A P E R

A P R I L  2 0 2 6

In collaboration 
with Accenture

Industries in the Intelligent Age

In collaboration 
with Accenture

Organizational Transformation 
in the Age of AI: How Organizations 
Maximize AI’s Potential
W H I T E  P A P E R

M A R C H  2 0 2 6

Industries in the Intelligent Age

The Future of AI-Enabled Health: 
Leading the Way
W H I T E  P A P E R

J A N U A R Y  2 0 2 5

In collaboration with Boston Consulting Group

Transformation of Industries in the Age of AI

Intelligent Transport, 
Greener Future:  
AI as a Catalyst to 
Decarbonize  
Global Logistics
W H I T E  P A P E R

J A N U A R Y  2 0 2 5

In collaboration with 
McKinsey & Company

Transformation of Industries in the Age of AI

The Strategic Role  
of Telecom Providers 
Across the AI Value Chain
W H I T E  P A P E R

M A R C H  2 0 2 6

In collaboration 
with Accenture

Artificial Intelligence in Media, 
Entertainment and Sport
W H I T E  P A P E R

J A N U A R Y  2 0 2 5

In collaboration with Accenture

Transformation of Industries in the Age of AI

AI Governance  
Alliance

AI in Action: Beyond 
Experimentation to 
Transform Industry
F L A G S H I P  W H I T E  P A P E R  S E R I E S

J A N U A R Y  2 0 2 5

In collaboration with Accenture

AI Governance  
Alliance

Transformation of Industries in the Age of AI

In collaboration with the Global Cyber Security 
Capacity Centre, University of Oxford

Artificial Intelligence 
and Cybersecurity: 
Balancing Risks 
and Rewards
W H I T E  P A P E R

J A N U A R Y  2 0 2 5

Transformation of Industries in the Age of AI

AI Governance  
Alliance

From Paradox to Progress: 
A Net-Positive AI Energy Framework
I N S I G H T  R E P O R T

D E C E M B E R  2 0 2 5

In collaboration  
with Accenture
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