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Abstract

We study the labor market impact of unplanned pregnancy among women using long-acting reversible
contraceptives to delay pregnancy. While most women successfully delay, some have unplanned pregnan-
cies, providing quasi-random variation in pregnancy timing. Analyzing linked health and labor market
data from Sweden, we find that unplanned pregnancies halt women’s career progression, resulting in
income losses of 19% five years later. We find similar effects of unplanned births among women using
short-acting reversible contraceptives. Using pregnancy as an instrument for birth in a dynamic treat-
ment effect framework, effects of unplanned children are more detrimental for younger women and those
enrolled in education.
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1 Introduction

The effects of children on women’s careers are central to understanding gender inequality in the labor
market. Having a child is associated with large drops in earnings for women across countries with varying
policy environments (Kleven et al., 2019b). In Sweden—the setting of this paper—having a child is associated
with an almost 20% drop in earnings. At the same time, women are increasingly delaying motherhood. The
average age at first birth for Swedish women rose from 24 to 30 years between 1970 and 2023 (Nordic
Statistics database, 2024; Olah and Bernhardt, 2008). This shift in timing suggests that observed earnings
losses today may reflect only part of the total cost of children, as women may actively avoid births that would
be especially costly to their careers. Unplanned pregnancies offer a unique lens into the career impacts of
children typically hidden by planning, but important for understanding the constraints that shape women’s
childbearing decisions.

In this paper, we use quasi-random variation in the incidence of pregnancy in a setting where women
intend to delay having children. We examine the labor market outcomes of Swedish women who become
pregnant while using Long-Acting Reversible Contraceptives (LARCs), in particular, intrauterine devices
(IUDs) and birth control implants. These increasingly popular contraceptive methods work passively and
are effective, but not perfect. About 0.5% of women using a LARC will get pregnant in a year, resulting
in a natural experiment in which women who had planned to delay childbirth become pregnant earlier than
they desired. We refer to pregnancies shortly following a LARC prescription as unplanned pregnancies.’
We compare career paths of women who experience an unplanned pregnancy to those who do not, but who
receive a LARC in the same year and at the same age.

We find that unplanned pregnancies have substantial, negative, and lasting consequences on the careers
of women who have not yet had children. In all the years that we observe after the unplanned pregnancy,
earnings are 12-24% lower than if the unplanned pregnancy had not occurred. In the long-term, the earn-
ings effect is driven by occupational sorting rather than by changes in hours or employment: the long-term
probability of working in an occupation with higher skill requirements is almost 20 percentage points lower
than if the unplanned pregnancy had not occurred. Turning to other welfare measures, we find that un-
planned pregnancy increases fertility (beyond the focal birth), but has no significant impact on anti-anxiety
or anti-depression prescriptions.

Our reduced form estimates of the impact of unplanned pregnancy on labor market outcomes are chal-

lenging to compare to existing estimates of the impact of childbirth (e.g., from event studies). To isolate the

1Our baseline specification defines an unplanned pregnancy as a conception within nine months of receiving a LARC pre-
scription. As we discuss in Section 2.3, most pregnancies within the nine-month time window occur due to device failure or
device removal due to discomfort. We provide robustness for shorter windows, where we find pregnancy rates that are similar
to what is found in the medical literature.



causal effect of children, we develop a dynamic instrumental variables (IV) strategy that accounts for the
fact that women in the control group have children later and some women with unplanned pregnancies have
abortions.? Our dynamic IV estimates reveal large and persistent career penalties for women experiencing
unplanned births. On average, the arrival of an unplanned first child decreases earnings by 25% in years
1-6 after childbirth. Year-by-year earnings remain 20-30% below counterfactual levels, with early declines
driven by non-employment. By year four, employment rates converge, but occupational sorting continues
to diverge. By year five, mothers with unplanned births are 25 percentage points less likely to work in
occupations requiring higher skills.

The heterogeneity in impacts is similar whether we examine the effect of pregnancy or of childbirth: in
both cases, we find the largest effects on earnings for young women and women enrolled in education. For
women who experience unplanned births between ages 22 and 27, average earnings decline by 32% in the six
years after birth, which is more than twice the loss for women who experience unplanned births at age 28
or older.®> This steep age gradient suggests that the timing of childbirth, rather than fertility per se, plays
a central role in shaping career outcomes. A back of the envelope calculation implies that each additional
year of delay in childbirth reduces the earnings penalty by roughly 2.5 percentage points. Among women
enrolled in an education program before the pregnancy occurs, earnings losses are nearly twice as large as
those of women who are not enrolled. These findings suggest that unplanned births disrupt human capital
investments and this drives longer-term economic impacts of children. By avoiding or postponing births
during these sensitive periods, women may significantly reduce the long-term career costs of motherhood.
Our finding that children have the largest impact early in a woman’s career is consistent with a large body of
literature suggesting that early career decisions and opportunities have long-term effects. In early theoretical
work, Neal (1999) provides a model in which individuals discover their talents early in life and then specialize
later. In these models, having a child early in the career is particularly costly as it makes it more difficult
to search for one’s comparative advantage or accumulate skills.*

To assess whether our findings generalize beyond the subset of women using LARCs, as these women
may be especially motivated to delay pregnancy, we also examine unplanned births among women using
Short-Acting Reversible Contraceptives (SARCs)—primarily oral contraceptive pills. We classify a birth as
unplanned if the woman filled a new prescription for oral contraceptives shortly after conception, or if she
sought an abortion consultation but decided not to terminate the pregnancy. These alternative classifications

yield the same conclusion: unplanned births lead to substantial and persistent career impacts with point

2We discuss the identifying assumptions in detail in Section 3.2 and provide supporting evidence in Section 4.4.

3These age-based differences persist when younger women are re-weighted to match older women’s characteristics at similar
ages.

4Kuka and Shenhav (2024) emphasize the importance of hastening return to work to mitigate these impacts.



estimates similar to the LARC setting. In contrast, the impact is less than half the size of our baseline
estimates for planned births—estimated among women undergoing In Vitro Fertilization (IVF) treatments—
and unplanned births among women who already have children. These planned and higher order births show
no discernible impact on occupational sorting.

Our contribution to the literature is both empirical and methodological. Empirically, we provide causal
estimates of heterogeneous impacts of unplanned pregnancies and births—particularly how these impacts
vary by fertility intentions and the timing of entering motherhood. Methodologically, we propose a new
empirical strategy that relies on unplanned pregnancies among LARC users who intend to delay pregnancy.
The main strength of this strategy is that most women using LARCs delay pregnancy as intended, while
the occurrence of unplanned pregnancy is as-good-as random. We show which assumptions are necessary
for identification when using pregnancy as an instrument for birth, and develop an estimator to account
for dynamic non-compliance that flexibly accommodates different assumptions on heterogeneous treatment
effects.

Our paper extends the large literature utilizing “natural experiments” in fertility to shift the timing of
childbirth. Notable papers in this literature include Hotz et al. (2005), Miller (2011), and Bir6 et al. (2019),
who use miscarriage as a shifter of birth timing. Other notable papers include Rosenzweig and Wolpin (1980),
Angrist and Evans (1998), Grogger and Bronars (2001), and Black et al. (2005) who use family composition
as an instrument for family size, and Cristia (2008) who focuses on women who seek fertility treatment and
Lundborg et al. (2017) and Bensnes et al. (2025) who use initial IVF success to shift the timing of first
birth.® Combining approaches, Miller (2011) uses survey data to instrument age at first birth with three
shifters of birth timing: a miscarriage indicator, an indicator for pregnancy while using contraception, and
years between first conception attempt and first birth. To our knowledge, this is the first paper to focus
on unplanned pregnancies among LARC users to shift the timing of first birth.® Our empirical strategy
focuses on the subset of women who intended to delay pregnancy, while most past work focuses on those
who planned to have children but faced obstacles.

Our paper complements the literature studying the impact of unplanned pregnancy through the lens of
abortion access. Recent work in this area includes Zohar et al. (2025), Londofio Vélez and Saravia (2025),

Miller et al. (2020), and Miller et al. (2023).” The average woman exposed to laws that change abortion

5Past work on the impact of second children has focused on the effect of twin births compared to singleton births (Rosenzweig
and Wolpin, 1980; Angrist and Evans, 1998; Jacobsen et al., 1999; Grogger and Bronars, 2001; Bronars and Grogger, 1994;
Céaceres-Delpiano, 2012). These instruments have become controversial (Bhalotra and Clarke, 2019) and twins entail different
parental investments than singletons (Dougan et al., 2025). Our setting offers an alternative strategy of comparing the impact
of an additional pregnancy for women who would like to delay having another child.

6Compared to Miller (2011), who also uses failed contraception as an instrument, our paper narrows to a form of contraception
that works without user action, minimizing selection concerns. We also compare our estimates from the LARC setting to other
settings for unplanned and planned births.

7A number of additional papers study the impact of abortion access on children’s outcomes, finding that children born when



access differs substantially from the LARC users in our sample. Abortions are most common among women
in their teens and early 20s. In contrast, LARC users are on average 31 years old, which is also the average
age of women without children in our Swedish sample. It is worth noting that in abortion access studies,
compliers are women who would like to have an abortion when they get pregnant. While in our setting,
compliers are women who decide to have a child when they have an unplanned pregnancy.

We also advance the methodological literature on identification and estimation of dynamic treatment

effects in settings with dynamic non-compliance.®

This setting is relevant not only when instrumenting
births among women using contraceptives (e.g., Miller, 2011; and ours), but also for instrumenting births
among women getting IVF treatments (e.g., Lundborg et al., 2017; Bensnes et al., 2025; and ours), and
using initial assignment in a randomized control trial (RCT) as an instrument for receiving treatment in
a setting with dynamic non-compliance, for example, medical treatments (e.g., Angrist et al., 2025) or
labor market training programs (e.g., Bloom et al., 1997; van den Berg and Vikstrom, 2022). We first
extend the standard IV assumptions—in particular independence and the exclusion restriction—to a dynamic
setting where compliers in the control group may receive treatment in later periods. We then show that
identifying dynamic treatment effects beyond the first period requires two additional assumptions about
these later-treated individuals: an assumption about their treatment effects, and an assumption ruling out
anticipatory effects on pre-treatment outcomes (Proposition 3.1). Cellini et al. (2010) address an analogous
dynamic non-compliance problem in a sharp regression discontinuity design, assuming the same treatment
effects for the initially-treated and the later-treated. In contemporaneous work, Angrist et al. (2025) make
similar assumptions—that average treatment effects are the same for the initially- and later-treated, with no
anticipatory effects—in a dynamic instrumental variables setting similar to ours.” Under these assumptions,
we show that identification follows recursively even with heterogeneous treatment effects (Corollary 3.1.1).
We develop an IV-GMM estimator that jointly estimates dynamic local average treatment effects (LATES)
while accommodating different assumptions about both later treatment effects and the anticipatory effects
of the later-treated. This flexibility is important in our setting, where later births among LARC users are
likely planned and may therefore have different career impacts than unplanned births.

Finally, our paper contributes to the extensive literature on the costs of motherhood which compare

the earnings trajectories of mothers before and after they have their first child to fathers and/or women

abortion was available are less likely to live in poverty (Gruber et al., 1999), use controlled-substances (Charles and Stephens,
2006), are less likely to commit crimes (Donohue III and Levitt, 2001), and are less likely to be teen-mothers (Donohue III et
al., 2009). Pop-Eleches (2006) studies the removal of abortion access in Romania under Ceausescu and finds that children born
in these cohorts had worse outcomes than would be predicted by their mothers’ education. Mglland (2016) studies abortion
access among teenagers in Norway and finds that abortion access improves educational attainment.

8Heckman et al. (2016) and Han (2021) investigate dynamic treatment effects in the context of sequences of choices using
exclusion restrictions at each margin and allowing for heterogeneous treatment effects of each choice.

9See Ferman and Tecchio (2025) for a partial identification approach that relaxes the assumption of the same average
treatment effects for the initially- and later-treated.



who have different first-birth timing using event-studies (Angelov et al., 2016; Kleven et al., 2019a,b; Chung
et al., 2017; Eichmeyer and Kent, 2024; Andresen and Nix, 2022). These empirical strategies reveal that
motherhood is associated with large and persistent earnings declines and adverse life outcomes. Our novel
use of prescription data to identify the pregnancy intentions of women yields several insights beyond what
is possible with data connecting births to mothers’ outcomes. It is precisely the fact that these births are
unplanned that allows us to study how much circumstances surrounding birth matter, since observational
data includes strategically timed births. In the 1970s, with access to better birth control, women delayed
pregnancy, gaining time to find a better partner and to increase their educational attainment and labor
market attachment (Goldin and Katz, 2002; Bailey, 2006; Ananat and Hungerman, 2012).'° Consistent with
earlier work showing that women alter their career paths to minimize childbearing impacts (Polachek 1981,
Blackburn et al. 1993, Adda et al. 2017, Bronson 2019), we find planned births have smaller career effects

than unplanned births.

2 Institutional Setting and Data

2.1 Institutional Setting

Sweden has a variety of “family-friendly” policies intended to help families balance children and careers. In
the years we study, parents are allotted a total of 16 months of leave for each child of which two months are
earmarked to each of the parents. During 13 of these months, parents that were employed at least 240 days
before leave receive higher benefits based on past income. Abortion access is relatively unrestricted with
free abortion until the 18th week of pregnancy, and later abortions are only allowed if the fetus is deemed
unable to survive. Healthcare is universal and free-of-charge for children. Childcare is highly subsidized
and enrollment is 70% for 1-2 year old children and 90% for 3-6 year old children. These institutions are
described in more detail in Appendix D. It is important to keep this setting in mind when interpreting the
empirical results—the effect sizes may well differ in places like the US, where monetary costs of healthcare

and childcare are higher and public family support is lower.

2.2 Swedish Administrative Data

Our sample includes all women who are born in 1965-83 and reside in Sweden. We merge several admin-
istrative registers via a unique individual identifier. Labor market data are collected and administered by

Statistics Sweden (SCB). The primary source of labor market data is the longitudinal integration database

10Using Swedish data, Heckman and Walker (1990) find that rising female wages over the life-cycle delay time to conception,
but barely affect childlessness.



for health insurance and labour market studies (LISA) that contains yearly observations during the period
1990-2013 on earnings, public transfers, employment, and occupation. Our primary income measure is earn-
ings (that most closely proxies labor market productivity) plus all transfers related to pregnancy-, parental-,
and family-leave benefits.!!

We also analyze employment and occupation outcomes. Our measure of employment is based on an
employee indicator in the last week of November in a given year. We measure occupational skill require-
ments using the first digit of the Swedish Standard Classification of Occupations (SSYK96). Following the
hierarchical structure and skill level criteria established by the International Labor Organization, we classify
occupations as high-skill if they fall into one of three major groups: (1) “Legislators, senior officials, and
managers,” (2) “Professionals,” or (3) “Technicians and associate professionals.” These occupations require
either managerial responsibilities, advanced theoretical competence (typically requiring a university degree),
or specialized competence (typically at least a short college degree or substantive on-the-job training and/or
previous experience required for competent job performance).!?

These data also include the level and field of highest completed education, information on enrollment
in education, age, civil status, family status, and some information on household composition; including
the number of children in various age-groups and the identity of the partner for married couples and for
unmarried couples cohabiting with common (biological or adopted) children.

We merge labor market data with health data collected and administered by the National Board of
Health and Welfare (“Socialstyrelsen”). This includes the Medical Birth Registry (MFR), containing all
births between 1973 and 2012; the Prescribed Drug Register (LMED), which includes all prescriptions from
July 2005 through 2013; and the National Patient Register (NPR), which contains outpatient doctor visits
including day surgery and psychiatric care from both private and public caregivers (2001-2013), but not

primary care.

2.3 Defining Unplanned (and Planned) Pregnancies

In this section, we describe how we identify unplanned pregnancies among LARC users, our main empirical
strategy. We also describe alternate definitions for unplanned and planned pregnancies among women using

SARCs, women who attend an abortion meeting but have the child, and women receiving IVF treatments.

11See Appendix C.2 for more details on the income measures.
12This classification aligns with standard practice in the literature examining occupation-based skill requirements; see Ap-
pendix C.3 for details.



2.3.1 Unplanned Pregnancies while using LARCs

LARCs are attractive to women who do not want to get pregnant in the near future. LARCs last at least
three years and have low failure rates (Trussell, 2004; Sundaram et al., 2017). Unlike most SARCs, LARCs
work passively and do not require women to take any action until they wish to have them removed. The
average IUD user is 35 years old, and only about ten percent of the IUDs we observe are purchased by women
who have not yet had a child. Implants, on the other hand, are given to younger women (average 28 years
old in our data) and about a quarter have not yet had a child. Appendix Figure Alb shows the fraction of
women at each age who receive an IUD or an Implant, both among all women and among nulliparous women
with no prior childbirth.'3

We focus our analysis on women who purchase a LARC with a prescription. In Sweden, a woman with a
hormonal birth control prescription must physically pick up the prescription at the pharmacy and then take
the prescription to a doctor, women’s clinic, or midwife to insert it.'* We observe the date at which a woman
paid for and received her LARC device from a pharmacy in the prescription data. Appendix C.1 describes
the codes we use to identify LARC prescriptions. We do not rely on outpatient procedure records to identify
when women get a LARC inserted and removed as we observe fewer than 10% of these procedures.'?

Our baseline definition of an unplanned pregnancy is one that occurs within 9 months of purchasing
an TUD or implant contraception. We consider conceptions that end in childbirth or in an abortion. Our
definition of unplanned pregnancies excludes miscarriages or terminations due to a non-viable pregnancy,
for example, an ectopic pregnancy. Women who experience such pregnancies are implicitly assigned to the

16 In the sample of LARC users who have no children, we observe 352 unplanned pregnancies

control group.
using a nine-month window.'”
There are three main concerns with our definition of unplanned pregnancy. The first two concerns relate

to women changing their mind after purchasing a LARC. First, women may never insert the LARC. Second,

women may remove the device early. The third concern is that failures of the device are not as-good-as

13Note that this is not the utilization rate. The utilization rate is higher than this, because a LARC lasts for 3-5 (plus) years.
If a woman took out a prescription at age 29, she is likely still using the LARC for birth control at ages 30 and 31. We do not
present utilization rates because they require assumptions about how long a woman has the LARC inserted. However, if about
5% of women are getting a LARC in a given year and they last on average four years, then a back-of-the-envelope calculation
would imply that approximately 20% of women are using a LARC in that year.

MIUD and implant prescriptions cost about US$100 for the women in our sample. There are discounts for younger women
outside of the age range in our sample.

15Most insertions and removals take place in a primary care or midwife office, which are not included in the outpatient data.

160f the nearly 25,000 women in the control group, we see fewer than 50 instances of miscarriages or ectopic pregnancies
within nine months—our baseline window—of a LARC prescription, so it is unlikely that the experiences of this group bias
our main estimates. We do not include miscarriages in our main specification because it is unlikely that all miscarriages are
recorded—not only are we missing miscarriages reported during visits to primary care doctors, but also women may not visit
doctors or be aware that they are miscarrying because both IUDs and implants can cause irregular bleeding. The medical
literature suggests IUD pregnancies have a miscarriage rate of 20% (Stenchever, 2001), while our observed rate is 13%.

17340 of these women are also observed in the labor market data the year before the LARC prescription. A small fraction of
women are not observed in the labor market data, because, for example, they are out of the country.



random. We discuss each of these in turn below. As most of the clinical literature does not condition on
nulliparous women, the analyses that follow include all women who get a LARC.

First, we do not believe that failure to insert the LARC is the cause of the unplanned pregnancies that
we observe. While we do not observe most insertions, we observe a subset. Pregnancy rates are similar when
insertions are observed compared to the whole sample (0.0079 vs. 0.0082), so we do not find any evidence
that women are not getting the LARCs inserted in our sample.

Second, we believe that some women are removing the device by nine months after insertion, however,
we do not believe that this reflects a change in pregnancy intentions. The pregnancy rate we observe in
the population of LARC users at nine months (annualized) is 0.0082.'® This is higher than what one would
expect based on device failure rates reported in clinical trials. However, it is similar to the rate reported in
surveys.

Estimates of failure rates in clinical trials range between 0.001 to just under 0.01, as shown in Appendix
Figure A2. These estimates may not reflect typical pregnancy rates. In clinical trials, practitioners are likely
more careful and, likewise, women are surveyed and asked to check on the status of the device as often
as every three months.'® In order to calculate a comparable pregnancy rate to the clinical-trail setting,
we consider the set of women for whom we observe insertions, and for whom removals and expulsions are
unlikely by calculating the pregnancy rate within three months of the LARC prescription. In this sample,
the pregnancy rate is 0.004, similar to the failure rates found in clinical trials of LARCs.

Our baseline definition (pregnancy within nine months of purchase), however, also includes pregnancies
that occur after the device has been removed or expelled. Removal of the device may occur due to side-effects
of the LARC, or because women wished to become pregnant. In the former case, we would be concerned
that the incidence of side-effects was related to labor market trajectories. We discuss this in detail below. If
women remove the LARC within nine months because they wish to become pregnant, this would mean that
we misclassify planned pregnancies as unplanned pregnancies. Grunloh et al. (2013) is the only study that
we are aware of that surveys less than one year after insertion of the LARC. In this survey, interview subjects
report that 7% have removed the LARC at 6 months, but nearly all (98%) of the removals are due either to
the side effects of the LARC (pelvic inflammation, hormonal issues, or menstrual issues) or to involuntary
expulsion rather than changes in pregnancy intention. Only 0.16% of women have changed their intentions
(removed the LARC because they want to have children) by six months. If we extrapolate from this, and

assume that around 6 months 0.16% of the sample removes the LARC in order to become pregnant, the

18Rates are higher in our sample of nulliparous women, but is completely accounted for by the different age distribution of
this population compared to the overall population of LARC users, as documented in Appendix Figure Al. If we reweight the
nulliparous sample to have the same age distribution as the full LARC sample, we find a pregnancy rate of 0.0086.

9For example, Stoddard et al. (2011) studies typical-use implant failures in Australia and finds that more than a third of the
pregnancies are due to doctors failing to insert the implant correctly, a failure mode not reported in the clinical trial literature.



expected number of conceptions by nine months would be 21 (given a 60% chance of conception after three
months of trying).

Based on the medical literature and the delay between removing a LARC and achieving conception, we
choose a nine-month window as our baseline specification where the pregnancies are unlikely to be planned.
We do two robustness exercises to check the potential bias from misclassifications. First, we estimate
the effects for shorter windows where planned pregnancies are less likely. We also estimate a model that
explicitly accounts for planned pregnancies being misclassified as unplanned in the estimation. Our results
are qualitatively unchanged in both exercises.?®

The third concern is whether unplanned pregnancies among LARC users are as-good-as random. It
is likely that pregnancies are more common among women who are more fertile, who have more frequent
intercourse, or who have the LARC removed early due to side effects. To overcome the potential challenges
this selection poses for identification, we match women based on age and fertility history, focusing only
on women without children in our main analysis. We also match on civil status and education in some
specifications (in addition to age and prescription year) and do not find that it affects our estimates of the
labor market impacts of unplanned pregnancy. Ultimately, our research design rests on the fact that the
outcomes of women in the control group captures the counterfactual for women in the treatment group. In
Section 4, we present differences between the two groups over time and find that there are no differences
in labor market outcomes between these women before the LARC prescription. The strongest evidence we
provide for our research design is the fact is that these two groups are very similar in both levels and trends

in the seven years leading up to a contraceptive prescription and only diverge after treatment assignment.

2.3.2 Unplanned and Planned Pregnancies while using SARCs

To assess whether the impacts of unplanned pregnancies generalize beyond LARC users, we identify un-
planned births among women using SARCs—primarily oral contraceptive pills, used by more than 50% of
women in Sweden (see Figure Ala). We use two definitions of unplanned births: (1) births among women
who purchased a SARC prescription within two weeks of conception, suggesting they were unaware of the
pregnancy; and (2) births among women with an active SARC prescription who had an abortion counseling
meeting but ultimately gave birth. We also define planned SARC births to be those where the last SARC
prescription was 84-365 days before conception, suggesting deliberate discontinuation with the intention of
becoming pregnant. For all definitions, we compare labor market trajectories to women of the same age who
get a SARC prescription in the same year.

Identifying pregnancy intentions among SARC users is more challenging than among LARC users because

208ee Section 4.4.



discontinuing the pill may reflect changing fertility intentions, characteristics of the user (e.g. conscientious-
ness) that also affect compliance, or some combination of the two. This means that in practice, while we can
construct specific scenarios where the resulting birth was likely unplanned (or planned) we cannot construct
a control group matched on pregnancy intentions. Because births are likely an endogenously selected subset
of pregnancies, causal interpretation of the motherhood effect among SARC users warrants caution. See

Appendix C.1 for details of the definitions and additional discussion.

2.3.3 Planned Pregnancies from In Vitro Fertilization (IVF) treatment.

Another way to identify planned pregnancy is among women who undergo fertility treatment. This definition
focuses on women who would like to have a child, but face obstacles conceiving. Following Lundborg et al.
(2017), we define planned pregnancies as pregnancies resulting from successful first IVF treatment. We
restrict our attention to first IVF procedures because after this initial treatment, persistence in seeking IVF
may be endogenous to personal characteristics and may also be affected by labor market shocks. Appendix
C.1 describes this procedure and definition in detail. Appendix Figure Alc also shows the distribution of
women who receive at least one IVF treatment in a year.

The IVF definition above leaves us with a sample of almost 9,000 first IVF treatments. From this, we
separate the treatments into successful treatments that lead to a childbirth within 46 weeks (identified from
childbirths in the birth registry) and failed treatments that do not lead to a childbirth within this window.?!
If we observe more than one IVF prescription or insertion before a childbirth, then we classify the first

treatment as a failure. We identify 2,274 planned IVF births resulting from the first IVF treatment.

2.4 Summary Statistics

Table 1 shows summary statistics of our data and Figure Al shows the probability that a woman of a
given age receives one of these prescriptions or an IVF treatment. Women in our sample are on average
31.2 years old, LARC users are slightly older on average while IVF users are older still on average. Most
women are employed, and LARC users without children come closer to the overall population on this margin.
Compared to the population overall, LARC users without children are also similar in civil status, but LARC
users are somewhat less educated. Among LARC users without children, only 25% work in occupations
requiring higher skills. In terms of mental health, SARC users without children are closest to the population
overall, while LARC users are more likely to have prescriptions for anti-anxiety medication or anti-depression
medication. In contrast, IVF users are less likely to have these prescriptions. This, however, may reflect

that these women are avoiding medications when trying to become pregnant.

21'We chose the 46 week threshold to be sure to include all pregnancies that resulted from the IVF procedure.
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We next describe differences in outcomes between these groups, conditional on birth. Appendix Table A1l
presents data on the characteristics of women who give birth to a first child in seven categories (columns).
In the first column we consider the characteristics of all women having their first child in our sample period,
then the characteristics of all women who used LARCs before their first birth, the characteristics of women
who had an unplanned pregnancy while using a LARC, the characteristics of all women who underwent an
IVF procedure before their first birth, the characteristics of all women who had their first child as a result of a
successful initial IVF procedure, and finally, we reweight the last two groups according to the characteristics
of women who experience an unplanned pregnancy while using a LARC using the propensity score procedure
of DiNardo et al. (1996).%2 Children born to women undergoing IVF and women using LARCs are similarly
unhealthy relative to the overall population of births, though mothers using LARCs are more likely to be
smokers, to be snuffing, and taking anti-anxiety, anti-depression, and pain-relieving prescription drugs, while
women giving birth through IVF are older and more likely to have a planned cesarean section (c-section)
delivery. In measures of gestational age, size for gestational age, APGAR, and days in the hospital after birth,

babies from LARC unplanned pregnancies are slightly less healthy than babies in the overall population.?3

2.5 Balance

In this subsection, we test balance on characteristics for LARC users who had an unplanned pregnancy
compared to those who did not. Table 2 shows the balance in pre-prescription characteristics, comparing
women who get pregnant in the first nine months after taking out a LARC prescription and those who do
not. We match women based on their age and year of the LARC prescription. The balance between the two
groups is similar except in terms of civil status and on some dimensions of education. Divorced and married
women are more likely to have an unplanned pregnancy than single women, possibly due to more sexual
activity. Figures in Section 4.1 documents the fact that pre-LARC, differences in labor market outcomes are
not present between women who experience an unplanned pregnancy and the control group, both with and
without conditioning on pre-LARC education and civil status. In both specifications, there are only small
insignificant differences in labor market outcomes between the two groups. We conclude that the likelihood
of an unplanned pregnancy is unlikely to be related to labor market outcomes.

Turning to IVF success, a primary concern with treating IVF success as a random event is that women
take actions to increase the probability of a success and that this is correlated with labor market paths. In

this case, successful treatments are not random and the post-IVF treatment outcomes does not only reflect

22More specifically, we predict the probability that a woman in the IVF sample would be in the LARC sample based on
her income, education level indicators, married, divorced, employment, indicator for occupation requiring higher skills, private
sector indicator, and age in the year of the fertility procedure. We then weight by this probability.

23 Although children born as a result of unplanned pregnancy while using a LARC are slightly higher birthweight than children
born as a result of IVF success, even when the IVF population is re-weighted.
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a childbirth, but also differences in labor market behavior. We do find that this is partly the case in the
data. In the last three columns of Table 2, we see that women with a successful first IVF treatment also have
higher pre-treatment earnings, and that they are slightly more likely to be employed and work in higher-
skilled occupations. However, these differences shrink substantially when we also control for education and
time since last contraceptive. We discuss these issues in detail in Section 4.4.%4

Appendix Table A2 also shows balance for women who already have one child and are LARC users.
We see that the women who experience unplanned pregnancy look similar to women who do not in this
population on all dimensions except our measures of mental health. Women with one child who experience
unplanned pregnancies are substantially more likely to have prescriptions for anti-anxiety and anti-depression
medication. One reason for this is that some women experience postpartum depression after the first child,
and this disproportionately affects their propensity to use the LARC or changes their intentions concerning
future children rapidly. When we condition on not having any mental health prescriptions when the first
child is an infant, we find that balance in other characteristics is unchanged and that we also have balance
in mental health prescriptions (last three columns of Appendix Table A2). We present main effects for all

LARC users with one child, and also for the subset of these women who have no mental health prescriptions

when the first child is an infant.

3 Empirical Strategy

In this section, we present our empirical strategy. In Section 3.1, we describe a strategy that compares
outcomes for women who experience an unplanned pregnancy to those who follow their intended fertility
path. This is the comparison of interest for estimating the average return to successfully delaying pregnancy,
for assessing the value of policies that affect access to more effective contraceptives, and for studying the
timing of childbearing between the two groups. In order to isolate the effect of having an unplanned child,
Section 3.2 develops a dynamic IV strategy for estimating the impact of childbirth. This is the comparison
of interest for understanding the impact of children on women’s careers and yields a parameter which can

be compared to what is estimated in the literature, for example from event studies.

3.1 Dynamic Effects of Pregnancy

We first estimate the reduced-form impact of an unplanned pregnancy in the years following a LARC. The

baseline specification matches women with an unplanned pregnancy to women who get a LARC at the same

24See Groes et al. (2024) for additional discussion of the concerns with the TVF instrument.
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age and year. Our primary specification performs the matching using a saturated regression model:
Z aLARcl t = s — year;] Unplanned Pregnancy;

©3 S A= s yean] 1y = year] 1 = agel + <1
t=—7 vy 7

where Yj, is the outcome of interest (e.g., labor market earnings) in calendar year s for woman i. We focus
on outcomes t = —7,...,7 years after woman i got a LARC; i.e., t = s — year;, where year; is the calendar
year and age; is the age at which woman 7 received the focal LARC.?> The UnplannedPregnancy; indicator
is equal to one if woman ¢ had an unplanned pregnancy (see definition in Section 2.3). The second term
ensures that we are specifying a saturated model in each year ¢ since LARC, comparing women within each
possible value of age and year of getting the LARC. This is equivalent to exact matching with equal weight to
all women with the same value of (¢, age;, year;).?5 This ensures that the counterfactual for women with an
unplanned pregnancy are women who get a LARC at the same age and in the same year, but for whom the
LARC works as intended. In some specifications we additionally interact the second term with observables
measured the year before getting a LARC (X yeqr,—1) to corroborate the robustness of our estimates. We
estimate the impact of a “planned” pregnancy in a similar way.?”

The main identifying assumption for the matching estimator is that conditional on age and year of
getting a LARC, an unplanned pregnancy is as-good-as randomly assigned. We test the implication of

this assumption that there are no pre-existing differences in outcomes between the two groups of women:

25Most nulliparous women (75%) in our LARC sample have one, and only one, LARC prescription during our sample period
(2005-2012) and 20% have two LARC prescriptions. For the 25% of women with more than one LARC, we randomly select one
as the focal LARC.

26 Performing matching via a saturated regression or a weighted average of contrasts may give different answers as they weigh
the contrasts differently. Neither approach gives any weight to the cells with no treated women. In our setting, the probability
of treatment is close to independent of age and year of getting the LARC prescription. Consequently, the weights are almost
identical. A regression of treatment on age and year of prescription has an F-statistic of 1.4 and R? = 0.009. The top panel of
Appendix Figure A3 shows the number of observations in each of the 142 age x year cells, and the bottom panel singles out
the 42 cells with no treated women: most of these cells are for women age 40 or older (43%) and in the two endpoint years:
21% in 2005 for which we only have half a year of data and 26% in 2012 when only women who fill LARC prescriptions in the
first three months can be “treated” as we only observe births through the end of 2012.

27The specification for planned pregnancies is:

7
Yis = Z at]VFl [t = s — year;] Planned Pregnancy;
t=—7

+ Z Z Z ZJI};E’ZI [t =s—year;]1[y = year;|1[j = age;] 1 [l = Xi,yeari—l} + €is

t=—7 vy

where the PlannedPregnancy; indicator is equal to one if a woman became pregnant with the first IVF treatment. The last
term defines the exact matching cells as the interaction between t years since first IVF treatment and all values of year; and
age; year; at first IVF treatment, and the last term denotes additionally matching on all values of X; yeqr; —1 that here includes
years since last contraception at time of first IVF treatment (YearsSinceContra; year;), and college degree obtained by the
year before IVF (C’ollDegreei,yea”,l) We match on additional observables as the pre-IVF estimates of aIVF ey al_‘{F are

significantly different from zero otherwise. For more details, see Section 2.3.3 describing the IVF setting.
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bR = = ol 4RC = (. The parameters atLZAORC give the dynamic impact of an unplanned pregnancy on
outcomes. aFAFC is analogous to an intent-to-treat (ITT) estimate of the effect of an unplanned pregnancy,

when treatment is an unplanned birth. We next turn to estimating the impact of an unplanned birth.

3.2 Dynamic Effects of Childbirth

In this section, we describe a general instrumental variable strategy to identify dynamic treatment effects
when there is dynamic non-compliance. Dynamic non-compliance can appear in many situations, including
RCTs of labor market training programs to medical treatments (e.g. vaccines, radiation therapies, and
other one-time medical therapies and procedures), where compliers in the control group may endogeneously
receive treatment in later periods. In our setting, we observe that some women who do not have an unplanned
pregnancy (i.e. our “control” group) go on to have children in the years that follow. In the following, we
describe the assumptions required for identification and how we estimate the impact of unplanned birth.

We start by adapting the standard potential outcomes notation for a setting with dynamic treatment
effects and dynamic non-compliance (see Appendix Figure B1 for a diagram of the dynamic compliance and
notation on treatment). We focus on binary treatments that are irreversible or where the first treatment
is particularly salient. The analysis is done with respect to period ¢, which is time relative to treatment
assignment or the year that the woman received the LARC in our case. Let Yj;(7) be the potential outcome
for individual ¢ in period ¢ if the individual has been treated for 7 € {0,1,2,3,...} years. 7 = 0 denotes
not yet being treated, 7 = 1 denotes treatment in the current period, and 7 = 2 denotes treatment in the
previous period.?® Furthermore, let Tj; be equal to one if individual ¢ received treatment in period ¢. Finally,
assume that there is an instrument Z; that affects treatment assignment in the first period ¢t = 1.

In our setting, we define treatment to be the birth of the first child and assume that unplanned pregnancy
is a valid instrument conditional on age and year at the time of getting a LARC.?° Hence, Y;;(7 = 0) is
the potential outcome for a woman who has not yet had a child in period ¢ and Y;;(7 = 1) is the potential
outcome for a woman who has a newborn in period ¢ (“treated”). In other words, for 7 > 0 the age of the
firstborn child is 7 — 1. In the following discussion, the matching of women by age and year is kept implicit.

We adapt the standard instrumental variable assumptions to the dynamic setting. In what follows, we
focus the terminology of compliance on the first period, where we have compliers, never-takers, and always-
takers with respect to choices in the first period. We define C; = 1 if individual 7 is a complier in the first

period (i.e., {i: T;1(Z; = 1) > T;1(Z; = 0)}). The main difference with respect to the static setting is that

28Note that the potential outcomes are the same regardless of the number of years before treatment.

29While women are observed to have additional children, we are particularly interested in the transition to motherhood. The
identification arguments for the second child are similar, except that the sample consists of women who have had one child and
we additionally match on the age of the first-born child at the time of getting the LARC.
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the independence and exclusion restriction assumptions need to be extended to include both future outcome
dynamics and treatment trajectories. We also need to account for possible anticipatory effects for compliers

who receive treatment in later periods.
Al : Independence: Y (7),Ti(Ti1) L Z; Vt, T

The independence assumption requires that the instrument is as-good-as-randomly assigned in the first
period (¢ = 1) with respect to both outcomes and treatment in the first period and future values of outcomes
and treatment. In our setting, we assume that unplanned pregnancies among LARC users are as-good-as-

randomly assigned. See discussion in 3.1.
A2 : Relevance: Cov(Z;,T;1) #0

The relevance assumption requires that the instrument affects treatment assignment in the first period. In

our setting, relevance requires that unplanned pregnancies make births in the first period more likely.
A3 : Exclusion Restriction: Y, (7, Z;) = Yy (7) V¢, 7 and T} 451 (Tin, Z;) = Tiy>1(Tia) Vi

The exclusion restriction requires that conditional on treatment in the first period, the assignment of
the instrument does not affect the future values of outcomes and treatment choices. In our setting, the
exclusion restriction assumption states that the instrument does not affect contemporaneous and future
labor market outcomes and is also not related to future fertility outcomes except through birth in the
first period. For example, when we consider unplanned pregnancy as an instrument for first childbirth, we
assume that abortions do not affect the labor market outcomes and fertility trajectories of women who have
an abortion following an unplanned pregnancy (i.e. never-takers in period ¢ = 1). We discuss this arguably
strong assumption in more detail and provide corroborating empirical evidence when presenting the dynamic

treatment effects of having the first child in Section 4.4.
A4 : Monotonicity: T;1(Z; =1) > T;1(Z; =0) Vi

In our setting, the monotonicity assumption requires that an unplanned pregnancy shifts each woman to

either have a child in the first period or not be affected by the instrument.

A5 : No anticipatory effects for compliers who are treated in periods ¢ > 1:

Y;'t(T = O)J_ {,‘Ti,t-ﬁ—lan,t-‘r% .. } if C;=1Vt>1

The no anticipation effects assumption requires that pretreatment outcomes do not vary by timing of

future treatment within a later-treated individual. This assumption assures that we compare to the untreated
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counterfactual of having no child and is needed because the instrument only generates variation in the post-
treatment period and anticipatory effects are not identified. Note that this does not rule out selection effects,
where individuals with better (or worse) outcomes select into future treatment.> A5 may seem like a strong
or counter-intuitive assumption given that this paper distinguishes between planned and unplanned births.
If women make anticipatory changes to their lives before having children—such as changing jobs in order to
be closer to future grandparents—A5 means that these changes do not affect earnings before the birth of the
child. A5 is consistent with these anticipatory changes reducing the impact of childbirth on later earnings,
compared to the counterfactual in which women still lived far from their parents. Likewise, high-earning
women delaying motherhood for career reasons is a form of self-selection that also does not violate A5.
Recall also that this assumption is only required for a particular subgroup of the analysis: the later-treated
compliers. As this group is relatively small due to the strong intentions of LARC users, we expect any
potential biases to be likewise relatively small. We discuss this assumption in more detail in Section 4.4 and
provide an alternative estimation where we allow for anticipation calibrated to event study pre-trends.

We adopt a “forward-engineering” approach to showing identification, similar to Baker et al. (2026) for
difference-in-differences and Cellini et al. (2010) for regression discontinuity designs. In the dynamic IV case,
we sequentially consider Wald estimators comparing outcomes in each period ¢ = 1,2, 3,.... This approach
makes clear what is being identified under explicitly stated assumptions. The Wald estimator for period ¢
when treatment is assigned in period ¢t = 1 is:

E[Yi|Z = 1] - E[Y;|Z = 0]

Wald, =
T PN =1Z=1—-P[T, =1Z = 0]

Let p;(7) = Y (7)—Yi(0) be the dynamic treatment effect for individual ¢ who has been exposed to treatment
for 7 periods. That is, the causal effect of having a 7 — 1 year old child relative to the counterfactual of not

having a child yet.

Proposition 3.1. Given Assumptions 1-5, the dynamic causal effect for compliers (C = 1) is identified in the

first period. Identifying the dynamic effects in subsequent periods requires accounting for bias terms that arise

30Consider the example of a medical treatment. A5 rules out situations in which a patient initially assigned to the control
group later finds a way to receive treatment and begins to feel better in anticipation of receiving treatment. Following the same
example, A5 does not rule out less healthy patients in the control group making more effort to receive the treatment in later
periods.
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from compliers in the control group receiving treatment after the first period (dynamic non-compliance):>!

E[p(1)|C = 1] = Waldy
(R —
LATE._,

E[p(2)|C = 1] = Walds + E [p(r = 1)|T = 1,C = 1] P[Ty = 1C = 1]
—_—

LATE,

E[p(t)|C = 1] = Wald, + Y "E[p(r =t—s+1)|T. =1,C =1] P[T,=1|C=1]
N———

LATE,—, 5=2 LATE for period s later-takers Prob. of later treatment

Each bias term is a product of the dynamic causal effect for the later-takers and the probability of
treatment in later periods for compliers. Given Assumptions 1-5, the probability of later treatment for
compliers can be estimated directly from the data. Identifying the causal effect for 7 > 1 requires an
additional assumption about the causal effects for the later-treated in the control group. In some settings,
such as the IVF setting, it may be reasonable to assume that the average causal effect is the same for initial-
and later-treated compliers, and identification of the causal effects follows recursively. This is formalized as

Assumption 6:

A6 : Initial- and later-takers have the same LATE:

E[p(t)|T, = 1,¢ = 1] = E [p()C = 1] Vs,t

Corollary 3.1.1. Given Assumptions 1-6, the dynamic causal effects are identified in all periods.>?

In our LARC setting, the women having children in later periods are likely having planned pregnancies,
which may have different causal effects. Assumption 6 is thus a strong assumption in the LARC setting and
we instead impose a set of alternative assumptions for the effect of planned pregnancies (later-treated): (1)
identifying dynamic effect of planned birth as above using initial IVF success as an instrument for planned
birth, (2) imposing Assumption 6 that the effects of initial unplanned and later planned births are the same,
(3) assuming that an event study around childbirth estimates the effect of planned birth, and (4) identifying
dynamic effect of planned birth as above using initial IVF success as an instrument for planned birth, but

re-weighting the women undergoing IVF to have characteristics similar to the unplanned birth population.

31The proof is in Appendix Section B.1.
321t follows from Proposition 3.1 that the effect in each period can be solved recursively. In other words, the causal effect in
the first period can be used to calculate the bias term in the second period, and so on.
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Estimation Strategy We develop a dynamic IV-GMM framework that estimates LATE, jointly and
is flexible to accommodating different assumptions about the effect of the later-treated. We follow the
sequential approach in defining the system of moments, where each moment corresponds directly to the
identification equation for each period ¢ > 1 as listed in Proposition 3.1. Let p(7) denote the estimate of
LATE, = E[p(7)|C = 1]. In our baseline specification, we jointly estimate heterogeneous p(7) using both
IVF and LARC settings, where a planned pP(7) is identified from the IVF setting and used to estimate the
effect of “planned” later-births among LARC users. The unplanned p“(7) is identified from the unplanned

pregnancies occurring in the first period among LARC users. The joint LARC-IVF IV-GMM estimator is:

2V (Ya = Iy (01l =1 = = 12))
6:(0) = (2)

ZEARC (Yig = ST o (01 =1 = = 1] = ST g ()1l — 1 =t = 87))

where the first (second) set of moments use data from the IVF (LARC) setting, ¢} refers to the year of the
first unplanned LARC birth, ¢ refers to the year of other first births in the sample of LARC users and to
IVF births, and all variables are demeaned within age x year cells. In Appendix Section B.2, we show the

specifications for other assumptions about the later-takers.

4 Results

In this section we document the effect of unplanned pregnancy on labor market outcomes among LARC
users. To do this, we plot the labor market trajectories of women in the seven years before and after they
receive the LARC, comparing those who have a pregnancy soon after receiving this contraceptive to those
who do not become pregnant, conditional on age and year of prescription. We compare these estimates to
those obtained for women who (1) already have a child, (2) who experience unplanned pregnancies while
on other forms of birth control such as the pill, and (3) who have planned children as a result of IVF
procedures. We next implement a dynamic IV strategy to obtain estimates of the impact of childbirth on
labor market outcomes over time in a setting with dynamic non-compliance. We focus our main results on
seven outcome variables: earnings including paid leave, earnings, employment, the propensity to work in
occupations requiring higher skills, total number of childbirths, and the propensity to receive prescription
drugs to treat anxiety and depression. We present additional results on hours and wages to understand the

drivers of the patterns we see in the primary outcomes.
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4.1 Effect of Unplanned Pregnancy on Labor Market Outcomes

First, we focus on women with a LARC prescription. For various outcomes, the left-hand side of Figure 1
presents raw means, re-weighting the control group (women who do not experience an unplanned pregnancy)
to have the same age and year-of-prescription distribution as the treatment group (women who experience
an unplanned pregnancy). In Appendix Figures A4 and A5, we further break the treatment group into
those who have an abortion and those who give birth following an unplanned pregnancy. The right hand
side of Figure 1 plots the estimated impact of unplanned pregnancy using equation (1), along with 95%
confidence intervals. Figure 1a shows the average rate of first births for the two groups and Figure 1b plots
the first stage effect: Two years after their LARC prescription, the share of women who have had a child is
70% higher among those who experience an unplanned pregnancy than among those who do not, because
about 30% of women have abortions following an unplanned pregnancy. However, seven years after LARC
prescription, 40% of women who did not have an unplanned pregnancy (women in the “control” group) have
become mothers.??

Unplanned pregnancy has a large impact on earnings inclusive of paid leave and is not predicted by
pre-LARC earnings conditional on age and date of prescription.* Figure lc shows that earnings diverge
immediately following an unplanned pregnancy.®® The effect of an unplanned pregnancy on earnings shrinks
over time but is economically meaningful throughout our window and is equal to about a 19% impact of
unplanned pregnancy on income five years after the LARC prescription.

Figure 2 presents the effect of unplanned pregnancy on additional labor market outcomes: earnings
(excluding publicly paid leave), employment, and occupation. Employment, depicted in Figure 2d, falls only
temporarily with unplanned pregnancy. Although employment effects are not precisely estimated seven years
after prescription, point estimates suggest that women who have an unplanned pregnancy are as likely to
be employed as in the counterfactual in which they did not experience an unplanned pregnancy. However,

an unplanned pregnancy substantially reduces the likelihood that women advance in the career ladder, as

33When we extrapolate the probability that these women will ever have a child, we estimate that 60% of the control group
will have a child by age 47. We obtain this estimate by giving women of age a who do not have children by period t the observed
childbearing probability between period ¢ and ¢t + 1 equal to the probability of childbirth in the next year for women of age a
in the control group 5-7 years after a LARC prescription who have not yet had children in those years. We believe this is a
slight underestimate, since the conditional probability of childbirth generally increases with years after LARC even controlling
for age.

34Qur preferred definition of income includes both labor market income and paid leave due to sickness, pregnancy, maternity
leave, and parental leave. This is closer to the labor market earnings definition used in Kleven et al. (2019a) and an important
source of earnings for women who have recently had children (Adams et al., 2024). We also present the effect of unplanned
pregnancy on labor market earnings exclusive of government paid leave—these effects are qualitatively similar, but larger, as
in Figures 2a and 2b.

35We check if these results are sensitive to dropping outliers as suggested by Broderick et al. (2020). As the “treated” group is
quite small relative to the “control” group, we perform an analysis in the spirit of Broderick et al. (2020), where we stratify the
sample by unplanned pregnancy. We estimate a constant effect in the post-LARC period and we drop a fraction F' of treated
observations with the lowest income and a fraction F' of control observations with the highest income. We have to drop about
2.9% or 8824 of the most influential observations for the p-value to be greater than 5%. If we consider only the most influential
treated (control) observations, then we need to drop the 10% (4.9%) of the most influential observations.
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measured by the skill requirements of their job. In Figure 2f we see that by seven years after an unplanned
pregnancy, women are 20 percentage points less likely to be in occupations with higher skill requirements,
compared to the counterfactual. Our results are not driven by women moving into lower-skilled occupations
after having an unplanned pregnancy, but instead they do not advance to higher-skilled occupations at the
same rate as the control group (see Figure 2e). Appendix Table A3 shows that 1% (3%) of those who had
(did not have) an unplanned pregnancy switched to occupations with lower skill requirements, while 17%
(25%) switched to occupations with higher skill requirements.

When we look at effects on hours and wages, we find a consistent pattern where wages, not hours, are
lower in the longer term. Appendix Figure A6 plots our measure of wages and hours, as well as an indicator
for whether data on wages and hours are not missing. In the short term, decomposing earnings into changes
in wages vs. changes in hours poses data challenges, as only a subset of firms are sampled to report wages
during a sample week in each year, and women are less likely to be in the wage data around motherhood.3¢
If we focus on the years in which representation of women in the data is similar for those with an unplanned
pregnancy vs. not (years 5, 6, and 7), the evidence suggests that wage declines and not hours reductions are
driving the impact of unplanned pregnancy on earnings. This pattern is also consistent with the fact that
women experiencing an unplanned pregnancy stall their progress up the occupational ladder, as discussed
above. Our results on employment rates, wages, hours, and occupation are jointly consistent with earnings
declines that stem from changes in the type of work women are doing as a result of unplanned pregnancy
and not from changes in the amount women work.

Figure 3 turns to non-labor market outcomes: number of children and mental health, as measured by
prescriptions for medication to treat depression or anxiety. As depicted in Figure 3a, women who experience
an unplanned pregnancy have on average about 1.5 children seven years after an unplanned pregnancy, while
women who do not experience an unplanned pregnancy have on average 0.5 children seven years after the
initial LARC prescription. This difference persists when we restrict to women who are 35 or older at the time
of LARC prescription, who have likely completed their fertility by the end of the study window (see Appendix
Figure AT), suggesting the gap reflects completed fertility rather than a shift in fertility timing. This means
that there is an impact of unplanned pregnancy on the number of children beyond the unplanned child.?”
This may be because in our setting having two children is generally more common than having a single child
(see Appendix Figure Ald and Sobotka and Beaujouan (2014)). We find that there is a slight decline in
the propensity to take anti-anxiety and anti-depression medication in the years immediately following an

unplanned pregnancy. This may be because women who are pregnant and nursing generally avoid taking

36See Appendix C.5 for details concerning the wage data.
37This finding is similar to Londofio Vélez and Saravia (2025), who find the effect of an abortion denial on the number of
children that is twice as large as the first stage effect on the birth of the focal child.
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these medications, or it may reflect improved mental health. In the longer term, we do not see any effect
on the propensity to take anxiety or depression medication relative to the control group (as depicted in
Figures 3¢-3f), but imprecisely estimated.

Turning to other aspects of family life, the presence of a partner may help mitigate career costs for
women. Unfortunately, data limitations preclude us from studying the evolution of partner outcomes around
an unplanned pregnancy relative to a control group.?® Nonetheless, we can compare partnership and cohab-
itation rates for women in our unplanned pregnancy sample relative to other women at the time of their first
birth and in the following years. Appendix Table A4 presents the average outcomes following first birth for
women who have their first child due to an unplanned pregnancy (column 3), compared to the first birth of
past LARC users (presumably these births are not unplanned, column 2), and first births in the population
overall (column 1). One striking pattern is that though women whose first child is unplanned are the least
likely to be living with the father of that child at birth, the baseline level of cohabitation is high—79 percent.
By five years after birth, this falls to 67 percent but still that rate is only five percentage points lower than
the rate for past LARC users overall. These patterns suggest that women who experience an unplanned

pregnancy generally have a relationship with the father of the child.

Robustness. First, we consider robustness to the window around a LARC prescription that we use to
label pregnancies “unplanned.” A three month window is our most conservative definition as it is unlikely
that pregnancy intentions changed for LARC users so quickly that they decided to get the LARC removed
and were able to conceive within three months of initially purchasing the device. The three month window
is represented by the gray line in the first panel of Figure 4, (a) and (b): the estimates of the impact
of pregnancy on earnings are similar to the nine-month window but they are substantially less precise.
The rate of giving birth following an unplanned pregnancy increases with the window. This pattern likely
reflects a change in the strength of the intention to avoid pregnancy, which may decline on average as more
time passes since the purchase of this very effective form of birth control. Following nine months, there
is a small monotonic increase in the pre-LARC difference between treatment and control, possibly due to
planned births entering the sample as the window following LARC purchase gets longer. Overall, these
figures and the evidence discussed in Section 2.3 from surveys of LARC users lead us to conclude that the
9-month window is a reasonable baseline definition of unplanned pregnancy and that the control group offers
a reasonable counterfactual. A three month window would bring us to similar, but substantially noisier,

conclusions. Alternative windows for the other outcomes are presented in Appendix Figure AS8.

38In our data, two unmarried individuals are only recorded as cohabiting if they are cohabiting and share common children.
This means that we cannot look at how cohabitation evolves over time for women who experience an unplanned pregnancy and
a control group who does not because we would not know whether women in the control group are cohabiting as they do not
have children.
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To assuage concerns about imbalance due to education and civil status, Appendix Figures A9 and A10
present our baseline specification compared to three specifications where we additionally match on civil
status, an indicator for higher education, and the interaction between higher education and marital status in
the year pre-LARC. We find that this additional matching neither significantly impacts pre-LARC balance
nor the estimated longer-term effects.

Appendix Figure A11 shows a variety of additional robustness checks. First, to the extent that IUD births
may lead to birth defects, we find our results are similar whether we consider IUDs or Implants. Second,
a concern with our identification strategy is that even if women who experience an unplanned pregnancy
look similar to those who do not upon receiving the LARC, they may be on unobservably different trends.
For example, those who experience an unplanned pregnancy may be more likely to be in a relationship than
those who do not, and this relationship may have eventually caused them to step back from the labor market
regardless of the unplanned pregnancy. We cannot test this possibility directly, but we can split the sample
into those who are married at the time of getting the LARC to those who are not married. When we do this,
we see that the results are similar between the two groups—the difference between unmarried treatment and
control is similar to the difference between married treatment and control, where we observe the partnership
status. This is displayed in Appendix Figure A11b. In Appendix Figure Allc we include additional control
variables: the first specification adds the average outcome over the three years prior to LARC purchase, and
the last four specifications sequentially add controls for educational attainment, civil status, employment
and occupation, and health status.?® The additional controls do not significantly shift the balance in the
pre-LARC period. Finally, given we have an unbalanced panel, we may worry about composition driving
some of our results. Appendix Figure Alld displays the main specification but restricting the sample to
those who are observed for a certain number of years post-LARC, mostly selecting on calendar year of birth.
If anything, the estimates are most negative when we restrict to the women with the earliest pregnancies

(e.g. LARCs taken out in 2006 are observed for seven years, in 2007 for six years, and so on).

4.2 Comparing Alternative Methods for Identifying Fertility Intentions

Another concern may be that our sample of 352 unplanned pregnancies resulting from LARC failures is not
representative of unplanned pregnancies more broadly, since LARC use may reflect a stronger intention to
avoid pregnancy, compared to the typical unplanned pregnancy. We now turn to the pool of SARC users and
implement alternative definitions of unplanned pregnancy, as described in Section 2.3.2. We note here that
neither SARC strategy allows us to confidently identify all individuals experiencing an unplanned pregnancy,

only those who have an unplanned birth, so some caution in interpreting the effect of motherhood among

39The note to Appendix Figure A1l lists each control variable.
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SARC users causally is warranted. The second panel of Figure 4, (¢) and (d), presents our main outcomes
for the baseline LARC definition (black line), as well as for births among women with a SARC prescription
in which the mother filled a SARC prescription within two weeks of conception (purple line), and births
among women using SARCs who have a meeting to discuss abortion but instead give birth (blue line).

We see that the first stages in all of these cases are similar after year two with some mechanical differences
in the first years.?® Labor market earnings also show similar patterns relative to our baseline definition
among LARC users. Appendix Figure A12 presents the other outcomes. We see similar paths relative to
LARCs, though we see some pre-trends in occupation for one of the SARC definitions and there are worse
mental health outcomes in period ¢t = —1 associated with SARC unplanned births.*! This may reflect some
correlation in SARC failure with individual behaviors. One advantage of studying births following abortion
counseling meetings is that these data are available for a longer period than the prescription data, implying
that we can look at outcomes beyond seven years post-prescription. Appendix Figures A15 and A16 present
the effects of unplanned birth among SARC users who have an abortion meeting, and the effects among
women who have an abortion meeting, matching only on age and year. The effects are similar, and earnings
do not recover when we look at the longer panel. The reduced form impact eleven years after an unplanned
birth is about ten percent.

While the earnings patterns are remarkably similar across various definitions of unplanned pregnancy,
we find rather different patterns when studying other types of pregnancies. In Figure 5, we present three
alternative comparisons. The first panel of Figure 5 presents two potential definitions of “planned births.”
The teal lines compare women whose first IVF procedure is successful vs. those whose first IVF procedure
is unsuccessful, as in Lundborg et al. (2017) and Bensnes et al. (2025), and as described in Section 3.1. We
find no impact of a first successful IVF procedure on earnings including parental leave, despite a strong first
stage.*? Next, we consider SARC users but instead of looking for unplanned pregnancies, we identify new
mothers whose last SARC prescription was 365 days to 84 days before the date of conception of their first
child, and compare these women’s trajectories to those of women who filled SARC prescriptions on the same

date and who are the same age, but who presumably continued to use birth control to avoid pregnancy.

40The abortion counseling definition, like our baseline LARC definition, allows the conception to occur many months after
the prescription, while the other SARC definition has a very narrow window (14 days) post-prescription in which pregnancy
can occur.

41 Appendix Figures A13-A14 present estimates for different windows in which women filled contraceptive prescriptions around
conceptions, while Figures A15-A16 present estimates comparing births to women using SARCs who have an abortion meeting
to the corresponding estimates for all women.

42Because the probability of IVF success is high and our data include almost ten thousand IVF procedures (for nulliparous
women), our standard errors allow us to detect even small differences in earnings in the pre-IVF period. In the years before
the first IVF procedure, women with a successful first treatment have slightly higher earnings (Figure 5b). Appendix Figure 5
presents other outcomes which also show imbalance. It is a concern that the differences reflect the fact that wealthier women
seek out better doctors or hospitals with a higher probability of a success. We present estimates of the impact of IVF success on
outcomes both matching only on age, time since contraception, and year of IVF, and also matching additionally on education.
We also do this for comparability with other papers in this literature who match on education, such as Bensnes et al. (2025).
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In this group also we see a strong first stage but also large pre-trends and, similar to the IVF group, no
long-term earnings impact. The strong pre-trends are suggestive that in general, childbirth is not randomly
timed. Appendix Figure A17 presents these IVF and SARC-based definitions of planned-pregnancy effects
for other outcomes. In the bottom panel of Figure 5 we study unplanned pregnancies but among LARC
users who have already had a child. Recall that we find imbalance in mental health outcomes for women
with postpartum mental health prescriptions and present results for the full sample and the subsample of
women who do not get a mental health prescription in the year after the birth of their first child. Figure 5d
plots the effect of an unplanned pregnancy among women who already had one child, matching on age, year,
and age of first child at the time of getting the LARC. We find similar first-stage effects when we consider
this group compared to nulliparous women. Like nulliparous women, women who are already mothers who
become pregnant within 9-months of purchasing a LARC look similar to those who do not before getting
the LARC. However, the average earnings effect is a persistent earnings reduction of five to ten percent,
substantially less than what we see for unplanned pregnancies in nulliparous women. Appendix Figure A18
presents the second unplanned child effects for other outcomes. In contrast to the main results, we see no
effect on occupation for women who already have one child. Overall, the data suggest substantially smaller
effects of unplanned second children compared to unplanned first children.

Taking the results in Figures 4 and 5 together, we conclude that among non-mothers, unplanned preg-
nancies have a large impact on women’s careers, using a wide range of definitions of unplanned pregnancy. In
contrast, planned first pregnancies and unplanned second children have earnings impacts about one-third as
large, and seem to have no impact on women’s careers. In the next subsection, we further disentangle these
effects in light of differences in the probability of having children in the control group over time depending

on intentions and circumstances.

4.3 When is Unplanned Pregnancy Most Disruptive?

Our main results describe the impact of unplanned pregnancy on women who were using LARCs to delay
(or avoid) pregnancy. This combines two effects: these women have unplanned (rather than planned) first
births, and these women are not able to delay birth as intended and thus are younger at the time of their
first pregnancy. Below, we test for age-differences in the impact of pregnancy by estimating heterogeneous
effects of unplanned pregnancy for younger compared to older women.

An ideal setting to study this question would be an experiment in which women of the same age who
wanted to delay pregnancy for the same number of years experienced an unplanned pregnancy at random

times. In our setting we are able to study the impact of unplanned pregnancy on women in different
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circumstances, all of whom were purchasing LARCs to delay pregnancy. These settings are not necessarily
the same. Young women who do not experience an unplanned pregnancy but go on to have children soon
after the initial birth control prescription mechanically cannot be in the set of older, childless LARC users.
However, we consider the birth rate sufficiently small that our setting comes close to the ideal experiment. In
Appendix Table A5 we go further and re-weight younger LARC users so that they have similar composition
to older LARC users based on observables as measured when the older group was the same age as the younger
group.

Figure 6 shows that younger women have earnings losses which are on average more than twenty per-
centage points larger than those of older women. These differences by age are significant in years 3-4 after
prescription, and in those years the compliance rate (relative probability of having a child) is similar. Dif-
ferences in circumstances seem particularly important when we investigate the importance of human capital
accumulation. We find earnings losses of around 40% of counterfactual earnings in years 3-5 after prescrip-
tion for women who have unplanned pregnancies while enrolled in education, while the impact of unplanned
pregnancy on earnings is only about 15% among women who are not enrolled in education at the time of
the unplanned pregnancy.

The initial similarity in the probability of a first child suggests that differences in the abortion rate do
not drive differences in the impact of unplanned pregnancy by age and education investments. However,
turning to the later periods, we see compliance rates diverge slightly as the younger women who initially
delay pregnancy are more likely to have a child later than the older women. This may explain some of the
convergence in the earnings paths of the two groups. We turn to explicitly accounting for this dynamic

non-compliance with treatment assignment (i.e., having children later) in the next section.

4.4 Dynamic Impacts of Unplanned Births

So far, we have focused on how unplanned pregnancies among LARC users affect their labor market outcomes,
mental health, and family size over the course of seven years post-LARC. In this section, we present the
impacts of an unplanned birth using the IV methodology outlined in Section 3.2. These estimates are
necessary if we want to compare our results to existing estimates of the impact of children on women’s
careers in the literature. These estimates are also necessary if we want to formally assess the degree to which
age heterogeneity in reduced form estimates of the impact of unplanned pregnancy discussed in the previous
paragraph are driven by differences in dynamic compliance by age or differences in the effect of children by
age. Essentially, in order to obtain estimates of the dynamic impact of children relative to a counterfactual of

not having a child, we need to account for the impact of later children in the control group in our estimates.
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To compare the earnings path of women who have a child in period 0 to what their earnings would have
been if they had not had a child in periods 0 through ¢, we assume that unplanned pregnancy is a valid
instrument for an unplanned birth. We assume that later births in the control group (women using LARCs
who did not experience unplanned pregnancies) are planned, and these births may have a different impact
on labor market outcomes because, for example, women are further along in their career.

In our baseline specification, we assume that IVF success is a valid instrument for planned birth. However,
we present robustness to several alternative specifications of the impact of planned pregnancy, including
event study estimates as in Kleven et al. (2019a). This is because of concerns that the exclusion restriction is
violated for the IVF instrument, discussed extensively in Bogl et al. (2024). The exclusion restriction means
that IVF failure does not itself affect labor market outcomes of women, which may not be a reasonable
assumption if some women in the control group experience a shock—Ilearning they are infertile despite
wanting children—which has its own labor market effects.

In the case of unplanned pregnancy, we must assume that experiencing an unplanned pregnancy does
not affect labor market outcomes except through its effect on the probability of an unplanned birth. If
women who have an abortion experience labor market impacts from their abortion, this would violate this
assumption. We present conditional means split by those who have an abortion and those who give birth in
Appendix Figures A4 and A5. Tt is clear from these figures that the never-takers (those who have an abortion)
are on lower earnings paths and have worse mental health relative to the compliers. However, in these figures,
we do not see discontinuities at the time of abortion, suggesting that abortion itself does not impact labor
market outcomes, at least in the short term. This is consistent with the American Psychological Association’s
(APA) position on abortion and mental health.*® In a more qualitative account among a somewhat different
population—women on the margin of being denied an abortion, Foster (2020) concludes that abortion does
not have lasting impacts on women, while children do. Perhaps most compelling, in recent work Janys
and Siflinger (2024) study the mental health of Swedish women around the time of an abortion and find a
precisely estimated null effect of abortion on all measures of mental health.

Figure 7 plots the TT impact of children on women’s earnings, employment, and occupation over six

years, estimated using the GMM model in equation (7).

We estimate all models in levels, but present
earnings effects as a fraction of the counterfactual mean earnings among those initially assigned to the

control group: m, where 7;; is the age of person i’s child in year ¢t. Figure 8 plots the TT

43The APA position is based on a panel studying the literature on abortion and mental health. They concluded that abortion
following an unplanned pregnancy “does not pose a psychological hazard for most women.” The APA go on to note that “women
who are terminating pregnancies that are wanted or who lack support from their partner or parents for the abortion may feel
a greater sense of loss, anxiety and distress. For most women, however, the time of greatest distress is likely to be before an
abortion; after an abortion, women frequently report feeling ’relief and happiness’ ” (Cohen, 2006).

44We pool the last two years because we have few observations in the seventh period. Appendix Figure A11d shows robustness
of the unplanned pregnancy effects to this right censoring.
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impact of children on family and mental health outcomes. Each figure presents estimates of the effect of an
unplanned birth (p}), in black, alongside 95% confidence intervals. We plot the impact of a planned birth
(p?) in teal. For earnings, we see substantial negative impacts of an unplanned birth. The earnings impact
of an unplanned birth is 30% of counterfactual earnings initially and about 25% on average in the years
after birth, compared to not having a child. As in the reduced form, we see a drop in employment only in
the first years after birth. Women who have an unplanned birth are almost 30% less likely to be in a higher
skilled occupation by five years after birth, relative to a counterfactual in which that woman did not have
a child. We also see that women are more likely to have subsequent children following an unplanned birth,
and this explains some of the earnings effect. The effects for planned births are muted. Earnings exhibit a
10% reduction relative to the counterfactual for planned births. There are no impacts on other outcomes,
except a short term reduction in the probability of having a prescription for depression and a short-run lag
in additional births compared to what we see among women experiencing unplanned births.*®

When we account for differences in the dynamic first stage by age and educational enrollment, we see
that younger women and women enrolled in education experience the largest impacts of an unplanned birth.
In Table 3, we focus on summary measures, rather than displaying the dynamics of the impact of unplanned
birth due to the reduced sample size when studying subgroups of the data. The odd columns of Table 3 come
from our baseline IV-GMM estimation, while the even columns add controls for the average pretreatment
outcome in the three years before LARC prescription in order to increase precision. Point estimates suggest
that younger women have earnings that are 32-33% lower than counterfactual earnings, while older women
have earnings losses that are only 14-16% lower than counterfactual earnings. These differences by age are
significant at the ten percent level. We don’t find evidence that this age-wedge is driven by differences in the
“type” of women receiving LARCs at various ages: in Appendix Table A5, we reweight the younger group
to have similar characteristics as the older group when they were a similar age (those who would not have
a child before they are 28 unless they have an unplanned pregnancy). The estimates are not meaningfully

affected by this reweighting, consistent with an empirically small fraction of the young LARC users having

4511 interpreting these differences, it is important to note that women undergoing IVF and those who experience an unplanned
pregnancy are quite different from one another in terms of other observable characteristics, such as pre-pregnancy income (see
Table 1). Some of these characteristics could be endogenous to planning, but we can explore whether the results are similar when
we study the subgroup of IVF users who look most like our LARC population on observables. We use a DiNardo et al. (1996)
propensity score re-weighting to compare estimates while holding characteristics fixed. In particular, we predict the probability
that a woman in the IVF sample would be in the LARC sample based on her income, education, civil status, employment,
occupation, private sector, and age in the year of the fertility procedure and weight the IVF observations by this probability.
Appendix Figures A19 and A20 display the weighted versions of the estimates over time, using the IV-GMM estimator as before.
When we re-weight women receiving IVF to have characteristics similar to those using LARCs (the “unplanned” sample), we
find that planned births are associated with larger earnings declines relative to the estimates without the propensity score
re-weighting, but these impacts of reweighted planned births are still two-thirds to half the size of the impact of unplanned
birth. We note that these estimates are quite noisy. Occupation differences between the impact of planned and unplanned births
remain unchanged after re-weighting. This means that unplanned birth has career consequences not only because unplanned
births happen earlier in life or to women in different income groups than planned births, but also potentially because they
happen at times which are unobservably sub-optimal from a career perspective.
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children before age 28.

Differences in circumstances seem particularly important when we investigate the importance of human
capital accumulation. We find that cumulative earnings losses for women enrolled in education are 37-39% of
their counterfactual earnings. In contrast, women who are not accumulating human capital through schooling
at the time of an unplanned pregnancy have earnings losses of 18-21% of counterfactual earnings. These
differences are significant at the five percent level with controls. We also see that those enrolled in education
spend significantly fewer years in occupations requiring medium or high skills. Appendix C.3 discusses
patterns of occupation upgrading in this population in more detail. Overall, these occupation patterns paint
a compelling picture that women who experience an unplanned pregnancy miss out on valuable occupation
upgrading—often catalyzed by enrollment in education—during their early careers when such occupation

upgrading is ubiquitous.

Robustness.  Appendix Figure A21a presents our estimates of the impact of an unplanned child under
different windows for defining unplanned pregnancy relative to LARC purchase. The most conservative
window—three months (gray line)—gives similar point estimates as our main estimates (black line). While
the survey evidence is clear that women are not changing intentions when removing the LARC in the first six
months, we take a conservative approach and assume that all excess pregnancies in the nine month (relative
to three month) window—30% of pregnancies—are planned. We model this by weighting each observation in
the IV-GMM estimation by the probability that it was unplanned according to the timing of the pregnancy,
and using estimates from the weighted IVF sample for the impact of planned births.#6 This gives us the
green line in Appendix Figure A21b, which implies the impact of unplanned pregnancy might be larger
than our baseline. To the extent that we misclassify some pregnancies as unplanned when they are in fact
planned, our baseline estimates are a lower bound for the impact of unplanned birth.

To alleviate concerns about imbalance due to marital status and education, Figure A21c¢ shows that our
results hold when we additionally match on marital status and education the year before the prescription.
Another assumption underlying our baseline estimates is that the timing of IVF success can be used to
identify the impact of planned children on women’s labor market outcomes. Figure A21d plots the impact
of various assumptions concerning pP, the planned birth impact, on our estimates of p*, the unplanned
birth impact. We find that our estimates of the impact of unplanned birth on earnings including paid leave
are virtually unchanged under various potential (and differing) estimates of p?. When we use event study
estimates, weighted or unweighted IVF estimates, or assume that the impact of unplanned and planned

children are the same, this does not affect our estimate of p*. We also show that if we allow for reasonable

46By “weighted IVF sample” we refer to the estimates in Appendix Figure A19.
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levels of anticipation by assuming that all of the pre-trend in event study estimates reflects changes in labor
market outcomes in anticipation of pregnancy for planned births, we also see that there is not a large impact
on the estimated impact of unplanned birth. The reason these assumptions do not matter much for our
conclusions is that in fact, in each period only a small share of the control group has a (presumably planned)

child.

5 Discussion

In this section, we discuss the implications of our estimates for the broader understanding of the impact of
children on careers. We extrapolate from our estimates to the overall population of women and relate our
work to event study estimates using the empirical strategy of Kleven et al. (2019a).

In our data, the raw gender earnings gap is 31.5% in 2005.%” What portion of this overall gap is driven
by the effects of children on women’s careers? Following Kleven et al. (2019a), we estimate the association
between first childbirth and earnings using the subset of our data that overlaps with available medical records
(2005-2013). Appendix Figure A22 presents results from an event study that includes paid parental leave
in earnings.*® On average, childbirth is associated with an 18.3 percent earnings decline over years 1-6. By
comparison, our estimates of the causal effect of unplanned births show an average decline of 23.9 percent
over the same horizon.

Survey evidence from a study of births in Sweden between March 2008 and August 2010—roughly overlap-
ping with our study period—suggests that 23.2 percent of births result from unplanned pregnancies (Lukasse
et al., 2015). Assuming the event study reflects the average impact of all first births, and our estimate iden-
tifies the causal impact of unplanned births, we can recover the implied impact of planned births using the

equation:
~event study __

D
1—1r

r*pY

P =

where 7 is the fraction of births resulting from unplanned pregnancies. An estimate of -16.6 percent is twice
as large as our estimate of the impact of planned birth using IVF success as an instrument, as presented
in Figure 7. As discussed in Bogl et al. (2024) and Martinenghi and Nejad (2025), these IV estimates may
understate the effects of children because the experience of an IVF failure and/or childlessness may lead to
reduced labor market earnings through channels such as mental health and divorce. Our estimates thus offer

an alternative estimate of the impact of planned births on women’s careers.

47This is calculated as the difference in average labor market earnings of men and women between age 22 and 65 in Sweden
(including 0s) as a fraction of average earnings for men. If we focus on the ages of women in our sample (up to age 43) the raw
gap is similar: 34.3%.

48 Fstimates of the effect of children are similar in a balanced panel using this same data window, though year of birth must
be limited to 2005-2007 to maintain balance.
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Our setting allows us to compare women that have the same intentions: all got highly effective birth
control in order to delay having children. We see that the arrival of children shapes these women’s future, but
the impacts of children vary across the life cycle. Our study suggests that there is substantial heterogeneity
in the impact of children depending on the circumstances surrounding childbirth. To the extent that women
are aware of these costs, and the costs are idiosyncratic, we might expect that women avoid having children
at certain times in their lives. Indeed, we see that women are 50% less likely to be enrolled in education
when having planned vs. unplanned children. If women strategically time childbirth, it becomes difficult to
interpret estimates from event studies causally, as discussed in Bensnes et al. (2025). Unplanned pregnancies

provide a natural experiment that reveals career effects of children otherwise hidden by planning.

6 Conclusion

In this paper, we investigate a natural experiment in which women using long-acting reversible contraceptives
(IUDs and implants) become pregnant. This setting is ideal for studying the impacts of unplanned pregnancy
because LARCs are effective and work passively, so our counterfactual is not confounded with choices (such
as not taking the birth control pill regularly) that make identification challenging. We document that there
are no empirically significant labor market differences between women who become pregnant shortly after
purchasing the LARC and those who do not in the years before they purchased the LARC, conditional only
on age and year of prescription. However, after an unplanned pregnancy, a woman’s career trajectory changes
dramatically. Unplanned pregnancies lead to substantially lower earnings for many years, and women who
have unplanned pregnancies are also less likely to advance to more skilled occupations.

Using our IV-GMM strategy to estimate the impact of unplanned children on women’s careers, we find
longer-term earnings impacts of about 25%, as well as large reductions in the propensity to be in higher-
skilled occupations. The effects are substantially larger when women are younger at the time of the unplanned
pregnancy or when they are enrolled in education in the year before. Our estimates imply that labor market
impacts of children depend significantly on the mother’s age and human capital investments, with planning
mitigating these career impacts.

Our estimated impacts of children do not capture the effects of anticipated motherhood that manifest
before treatment assignment. Women may choose education paths (e.g., college majors) with children in
mind (Bronson, 2019) regardless of whether they later have unplanned or planned pregnancies. These early
life decisions represent a component of the cost of motherhood that neither our estimates nor event-study
estimates such as Kleven et al. (2019a,b) capture. A rich structural literature following Polachek (1981) and

including work by Weiss and Gronau (1981), Heckman and Walker (1990), Francesconi (2002), Caucutt et
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al. (2002), Sheran (2007), Keane and Wolpin (2010), and Gayle et al. (2024) get some traction on assessing
the dynamic trade-offs that children generate. Most closely related, Adda et al. (2017) model how women’s
occupation choices depend on their future fertility plans, with prospective mothers choosing occupations
featuring less human capital depreciation during work interruptions. The central role of timing and planning
in our findings lends strong empirical support to modeling the impact of motherhood dynamically using
structural models where women consider when to have children and choose careers with associated child-
related costs in mind. Combining such models with our empirical strategy to measure fertility intentions
could relax the key strong assumptions about women’s knowledge and timing in these models.

To the extent that unplanned pregnancies can alter women’s lifetime trajectories and shape future fertility
choices beyond the focal birth, unplanned births play an important role in explaining overall fertility rates.
Buckles et al. (2022) finds that the recent decline in unplanned births in the US accounts for 57% of the
decline in the total fertility rate since the Great Recession. Extrapolating our findings on the intensive
margin impact of unplanned births to the US setting, as much as 85% of the decline in the fertility rate
can be accounted for by the decrease in unplanned pregnancies. The generational shift toward delayed
childbearing and reduced unplanned births is consistent with women avoiding pregnancy during periods

when it would be particularly disruptive to their career development and economic well-being.

References

Aalto, Aino-Maija, Eva Mo6rk, Anna Sjogren, and Helena Svaleryd, “Does childcare improve the health of
children with unemployed parents? Evidence from Swedish childcare access reform,” IFAU Working Paper 2019:1,
2019.

Adams, A., M. Jensen, and B. Petrongolo, “Birth Timing and Spacing: Implications for Parental Leave
Dynamics and Child Penalties,” Technical Report 19324, CEPR Press, Paris & London 2024.

Adda, Jerome, Christian Dustmann, and Katrien Stevens, “The Career Costs of Children,” Journal of
Political Economy, 2017, 125 (2), 293-337.

Albrecht, James, Anders Bjorklund, and Susan Vroman, “Is there a glass ceiling in Sweden,” Journal of
Labor Economics, 2003, 21 (1), 145-177.

_ , Peter Skogman Thoursie, and Susan Vroman, “Parental Leave and the Glass Ceiling in Sweden,” in “Gender
Convergence in the Labor Market,” Vol. 41 of Research in Labor Economics, Emerald Group Publishing Limited,
2015, pp. 89-114.

Ananat, Elizabeth Oltmans and Daniel M Hungerman, “The Power of the Pill for the Next Generation: Oral
Contraception”’s Effects on Fertility, Abortion, and Maternal & Child Characteristics.,” Review of Economics and
Statistics, 2012, 94, 37-51.

Andresen, Martin Eckhoff and Emily Nix, “What Causes the Child Penalty? FEvidence from Adopting and
Same-Sex Couples,” Journal of Labor Economics, 2022, 40 (4), 971-1004.

Angelov, Nikolay, Per Johansson, and Erica Lindahl, “Parenthood and the Gender Gap in Pay,” Journal of
Labor Economics, 2016, 34 (3), 545-579.

_, — ,and _, “Sick of family responsibilities?,” Empirical Economics, 2020, 58, 777-814.

31



Angrist, Joshua D. and William N. Evans, “Children and Their Parents’ Labor Supply: Evidence from Exoge-
nous Variation in Family Size,” The American Economic Review, 1998, 88 (3), 450-477.

_ , Bruno Ferman, Carol Gao, Peter Hull, Otavio L. Tecchio, and Robert W. Yeh, “Instrumental Variables
with Time-Varying Exposure: New Estimates of Revascularization Effects on Quality of Life,” Working Paper
33296, National Bureau of Economic Research September 2025.

Apgar, V., “A Proposal for a New Method of Evaluation of the Newborn Infant,” Current Researches in Anesthesia
& Analgesia, 1952, 32 (4), 260-267.

Avdic, Daniel and Arizo Karimi, “Modern family? Paternity leave and marital stability,” American Economic
Journal: Applied Economics, 2018, 10 (4), 283-307.

Bailey, Martha J., “More Power to the Pill: The Impact of Contraceptive Freedom on Women’s Life Cycle Labor
Supply,” Quarterly Journal of Economics, 02 2006, 121 (1), 289-320.

Baker, Andrew, Brantly Callaway, Scott Cunningham, Andrew Goodman-Bacon, and Pedro HC
Sant’Anna, “Difference-in-Differences Designs: A Practitioner’s Guide,” Journal of Economic Literature, 2026.
forthcoming.

Bell, Monica C., Kathryn Edin, Holly Michelle Wood, and Geniece Crawford Mondé, “Relationship
Repertoires, the Price of Parenthood, and the Costs of Contraception,” Social Service Review, 2018, 92 (3), 313—
348.

Ben-Porath, Yoram, “The Production of Human Capital and the Life Cycle of Earnings,” Journal of Political
Economy, 1967, 75 (4), 352-365.

Bensnes, Simon, Ingrid Huitfeldt, and Edwin Leuven, “Reconciling Estimates of the Long-Term Earnings
Effect of Fertility,” 2025, Working Paper.

Bhalotra, Sonia R. and Damian Clarke, “Twin Birth and Maternal Condition,” Review of FEconomics and
Statistics, 12 2019, 101 (5), 853-864.

_ , — , Hanna Miihlrad, and Marten Palme, “Health and Labor Market Impacts of Twin Birth: Evidence from
a Swedish IVF Policy Mandate,” IZA Discussion Papers 14990, Institute of Labor Economics (IZA) January 2022.

Bird, Aniké, Steven Dieterle, and Andreas Steinhauer, “Motherhood Timing and the Child Penalty: Bounding
the Returns to Delay,” CEPR Discussion Papers 13732, C.E.P.R. Discussion Papers 2019.

Bjorklund, Anders, “Does family policy affect fertility? Lessons from Sweden,” Journal of Population Economics,
2006, 19, 3—24.

Black, Sandra E., Paul J. Devereux, and Kjell G. Salvanes, “The More the Merrier? The Effect of Family
Size and Birth Order on Children’s Education,” Quarterly Journal of Economics, 2005, 120 (2), 669-700.

Blackburn, McKinley L, David E Bloom, and David Neumark, “Fertility timing, wages, and human capital,”
Journal of Population Economics, 1993, 6 (1), 1-30.

Blandhol, Christine, John Bonney, Magne Mogstad, and Alexander Torgovitsky, “When is TSLS Actually
LATE?.” Review of Economic Studies, 2026. forthcoming.

Bloom, Howard S, Larry L Orr, Stephen H Bell, George Cave, Fred Doolittle, Winston Lin, and
Johannes M Bos, “The benefits and costs of JTPA Title II-A programs: Key findings from the National Job
Training Partnership Act study,” Journal of human resources, 1997, pp. 549-576.

Bogl, Sarah, Jasmin Moshfegh, Petra Persson, and Maria Polyakova, “The Economics of Infertility: Evi-
dence from Reproductive Medicine,” Technical Report, National Bureau of Economic Research 2024.

Broderick, Tamara, Ryan Giordano, and Rachael Meager, “An automatic finite-sample robustness metric:
when can dropping a little data make a big difference?,” arXiv preprint arXiv:2011.14999, 2020.

Bronars, Stephen G and Jeff Grogger, “The economic consequences of unwed motherhood: Using twin births
as a natural experiment,” The American Economic Review, 1994, pp. 1141-1156.

32



Bronson, Mary Ann, “Degrees are Forever: Marriage, Educational Investment, and Lifecycle Labor Decisions of
Men and Women,” Unpublished manuscript, 2019.

Buckles, Kasey, Melanie Guldi, and Lucie Schmidt, “The Great Recession’s Baby-less Recovery: The Role of
Unintended Births,” Journal of Human Resources, 2022.

Caceres-Delpiano, Julio, “Can we still learn something from the relationship between fertility and mother’s em-
ployment? Evidence from developing countries,” Demography, 2012, 49 (1), 151-174.

Caucutt, Elizabeth M, Nezih Guner, and John Knowles, “Why do women wait? Matching, wage inequality,
and the incentives for fertility delay,” Review of Economic Dynamics, 2002, 5 (4), 815-855.

Cellini, Stephanie Riegg, Fernando Ferreira, and Jesse Rothstein, “The Value of School Facility Investments:
Evidence from a Dynamic Regression Discontinuity Design,” Quarterly Journal of Economics, 2010, 125 (1), 215
261.

Charles, Kerwin Kofi and Melvin Stephens Jr., “Abortion Legalization and Adolescent Substance Use,” Journal
of Law and Economics, 2006, 49 (2), 481-505.

Chung, Yoonkyung, Barbara A. Downs, Danielle H. Sandler, and Robert Sienkiewicz, “The Parental
Gender Earnings Gap in the United States,” Working Paper CES 17-68, 2017.

Cohen, Susan A., “Abortion and Mental Health: Myths and Realities,” Guttmacher Policy Review, 2006, 9.

Cristia, Julian P., “The Effect of a First Child on Female Labor Supply: Evidence from Women Seeking Fertility
Services,” The Journal of Human Resources, 2008, 43 (3), 487-510.

DiNardo, John, Nicole M. Fortin, and Thomas Lemieux, “Labor Market Institutions and the Distribution of
Wages, 1973-1992: A Semiparametric Approach,” Econometrica, 1996, 64 (5), 1001-1044.

Domeij, David and Paul Klein, “Should day care be subsidized?,” Review of Economic Studies, 2013, 80 (2),
568-595.

Donohue III, John J. and Steven D. Levitt, “The Impact of Legalized Abortion on Crime*,” Quarterly Journal
of Economics, 05 2001, 116 (2), 379-420.

_ , Jeffrey Grogger, and Steven D. Levitt, “The Impact of Legalized Abortion on Teen Childbearing,” American
Law and Economics Review, 06 2009, 11 (1), 24-46.

Dougan, William, Jorge Luis Garcia, and Illia Polovnikov, “Reexamining a Multisite Early Childhood Ed-
ucation Program: Gradual Scale-Up, Birth Spacing, and Parental Investment,” Journal of Political Economy
Microeconomics, 2025, forthcoming.

Duvander, Ann-Zofie E., “Family policy in Sweden: An overview,” Social Insurance Report, 2008, 15, 1-18.

_, Trude Lappegard, and Mats Johansson, “Impact of a reform towards shared parental leave on continued
fertility in Norway and Sweden,” Population Research and Policy Review, 2020, 39, 1205-1229.

Eichmeyer, Sarah and Christina Kent, “Parenthood in Poverty,” CEPR Discussion Paper No. 17722, 2024.

Endler, Margit, Amanda Cleeve, Ingrid Sddv, and Kristina Gemzell-Danielsson, “How task-sharing in
abortion care became the norm in Sweden: A case study of historic and current determinants and events,” Inter-
national Journal of Gynecology € Obstetrics, 2020, 150, 34-42.

Ferman, Bruno and OtAvio Tecchio, “Dynamic LATEs with a Static Instrument,” 2025.

Foster, Diana Greene, The Turnaway Study: Ten Years, a Thousand Women, and the Consequences of Having or
Being Denied an Abortion, Scribner, 2020.

Francesconi, Marco, “A Joint Dynamic Model of Fertility and Work of Married Women,” Journal of Labor Eco-
nomics, 2002, 20 (2), 336-380.

Gayle, George-Levi, Andrés Hincapié, and Robert A Miller, “Life-Cycle Fertility, Human Capital, and Family
Polices: A Discrete-Continuous Choice Framework,” 2024.

33



Ginja, Rita, Arizo Karimi, and Pengpeng Xiao, “Employer responses to family leave programs,” American
Economic Journal: Applied Economics, 2023, 15 (1), 107-135.

Goldin, Claudia, “A Grand Gender Convergence: Its Last Chapter,” American Economic Review, 2014, 104(4),
1091-1119.

_ and Lawrence F. Katz, “The Power of the Pill: Oral Contraceptives and Women’s Career and Marriage
Decisions,” Journal of Political Economy, 2002, 110 (4), 730-770.

Gomez, Anu Manchikanti, Stephanie Arteaga, and Bridget Freihart, “Structural Inequity and Pregnancy
Desires in Emerging Adulthood,” Arch Sex Behav., 2021, 50, 2447-2458.

Groes, F, A Houstecka, D Iorio, and R Santaeulalia-Llopis, “The Unequal Battle Against Infertility: Theory
and Evidence from IVF Success,” CEPR Discussion Paper No. 18766, 2024.

Grogger, Jeff and Stephen G. Bronars, “The Effect of Welfare Payments on the Marriage and Fertility Behavior
of Unwed Mothers: Results from a Twins Experiment,” Journal of Political Economy, 2001, 109 (3), 529-545.

Gruber, Jonathan, Phillip Levine, and Douglas Staiger, “Abortion Legalization and Child Living Circum-
stances: Who is the ‘Marginal Child’?,” Quarterly Journal of Economics, 02 1999, 114 (1), 263-291.

Grunloh, Danielle S, Teya Casner, Gina M Secura, Jeffrey F Peipert, and Tessa Madden, “Characteristics
associated with discontinuation of long-acting reversible contraception within the first 6 months of use.,” Obstetrics
and gynecology, 2013, 122, 1214-21.

Gustafsson, Siv and Frank P. Stafford, “Child care subsidies and labor supply in Sweden,” Journal of Human
resources, 1992, pp. 204-230.

and _ , “Three regimes of child care: The United States, the Netherlands, and Sweden,” in “Social protection
versus economic flexibility: Is there a trade-off?,” University of Chicago Press, 1994, pp. 333-362.

_ and Roger Jacobsson, “Trends in female labor force participation in Sweden,” Journal of Labor Economics,
1985, 3 (1, Part 2), S256-S274.

Han, Sukjin, “Identification in nonparametric models for dynamic treatment effects,” Journal of Econometrics, 2021,
225 (2), 132-147. Themed Issue: Treatment Effect 1.

Heckman, James J. and James R. Walker, “The relationship between wages and income and the timing and
spacing of births: Evidence from Swedish longitudinal data,” Econometrica, 1990, pp. 1411-1441.

_ , John Eric Humphries, and Gregory Veramendi, “Dynamic treatment effects,” Journal of Econometrics,
2016, 191 (2), 276-292.

Henrekson, Magnus and Mats Persson, “The effects on sick leave of changes in the sickness insurance system,”
Journal of Labor Economics, 2004, 22 (1), 87-113.

Hoem, Britta and Jan M Hoem, “Sweden’s family policies and roller-coaster fertility,” Journal of Population
Problems, 1996, 52 (3-4), 1-22.

Hotz, V. Joseph, Susan Williams McElroy, and Seth G. Sanders, “Teenage Childbearing and Its Life Cycle
Consequences: Exploiting a Natural Experiment,” Journal of Human Resources, 2005, 40 (3), 683-715.

Jacobsen, Joyce P., James Wishart Pearce, and Joshua L. Rosenbloom, “The Effects of Childbearing on
Married Women’s Labor Supply and Earnings: Using Twin Births as a Natural Experiment,” Journal of Human
Resources, 1999, 34 (3), 449-474.

Janys, Lena and Bettina Siflinger, “Mental health and abortions among young women: Time-varying unobserved
heterogeneity, health behaviors, and risky decisions,” Journal of Econometrics, 2024, 238 (1), 105580.

Jaumotte, Florence, “Labour force participation of women: Empirical evidence on the role of policy and other
determinants in OECD countries,” OECD Economic studies, 2004, 2008 (2), 51-108.

Johansson, Per and Marten Palme, “Moral hazard and sickness insurance,” Journal of Public economics, 2005,
89 (9-10), 1879-1890.

34



Keane, Michael P. and Kenneth I. Wolpin, “The Role of Labor and Marriage Markets, Preference Heterogenity,
and the Welfare System in the Life Cycle Decisions of Black, Hispanic, and White Women,” International Economic
Review, 2010, 51 (3), 851-892.

Kleven, Henrik, Camille Landais, and Jakob Egholt Sggaard, “Children and Gender Inequality: Evidence
from Denmark,” American Economic Journal: Applied Economics, October 2019, 11 (4), 181-209.

_, —, Johanna Posch, Andreas Steinhauer, and Josef Zweimiiller, “Child Penalties across Countries:
Evidence and Explanations,” AEA Papers and Proceedings, May 2019, 109, 122-26.

Kuka, Elira and Nadama Shenhav, “Long-run effects of incentivizing work after childbirth,” American Economic
Review, 2024, 114 (6), 1692-1722.

Liu, Qian and Oskar Nordstrom Skans, “The duration of paid parental leave and children’s scholastic perfor-
mance,” The BE Journal of Economic Analysis & Policy, 2010, 10 (1).

Lukasse, Mirjam, Made Laanpere, Helle Karroand Hildur Kristjansdottir, Anne-Mette Schroll, An-
Sofie Van Parysand Anne-Marie Wangel, Berit Schei, and Bidens study group, “Pregnancy intendedness
and the association with physical, sexual and emotional abuse — a European multi-country cross-sectional study,”
BMC Pregnancy and Childbirth, 2015, 15.

Lundborg, Petter, Erik Plug, and Astrid Wiirtz Rasmussen, “Can Women Have Children and a Career? IV
Evidence from IVF Treatments,” American Economic Review, June 2017, 107 (6), 1611-37.

Lundin, Daniela, Eva Moérk, and Bjérn Ockert, “How far can reduced childcare prices push female labour
supply?,” Labour Economics, 2008, 15 (4), 647-659.

Martinenghi, Fabio I. and Maryam Naghsh Nejad, “Career, Family, and IVF: The Impact of Involuntary
Childlessness and Fertility Treatment,” IZA Discussion Paper 17965, Institute of Labor Economics (IZA), Bonn,
Germany June 2025.

Miller, Amalia R., “The Effects of Motherhood Timing on Career Path,” Journal of Population Economics, 2011,
24 (3), 1071-1100.

Miller, Sarah, Laura R. Wherry, and Diana Greene Foster, “What Happens after an Abortion Denial? A
Review of Results from the Turnaway Study,” AEA Papers and Proceedings, May 2020, 110, 226-30.

_, _ ,and _ , “The economic consequences of being denied an abortion,” American Economic Journal: Economic
Policy, 2023, 15 (1), 394-437.

Ministry of Social Affairs, “Abortion Act (1974:595),” https://lagen.nu/1974:595 1974.

Mpglland, Eirin, “Benefits from delay? The effect of abortion availability on young women and their children,”
Labour Economics, 2016, 43, 6-28.

Moérk, Eva, Anna Sjogren, and Helena Svaleryd, “Childcare Costs and the Demand for Children - Evidence
from a Nationwide Reform,” Journal of Population Economics, 2013, 26.

Neal, Derek, “The Complexity of Job Mobility Among Young Men,” Journal of Labor Economics, 1999, 17 (2),
237-261.

Nielsen, Helena Skyt, Marianne Simonsen, and Mette Verner, “Does the gap in family-friendly policies drive
the family gap?,” Scandinavian Journal of Economics, 2004, 106 (4), 721-744.

no Vélez, Juliana Londo and Estefania Saravia, “The Impact of Being Denied a Wanted Abortion on Women
and Their Children*,” The Quarterly Journal of Economics, 01 2025, 140 (2), 1061-1110.

Nordic Statistics database, “Average age of women at the birth of the first child in the
Nordic  countries from 2013 to 2023, https://www.statista.com/statistics/1297799/
average—age-women-birth-first-child-nordic—countries/ 2024. Chart. Published June 19,
2024. Accessed May 23, 2025.

Olah, Livia and Eva Bernhardt, “Sweden: Combining childbearing and gender equality,” Demographic Research,
02 2008, 19, 1105-1144.

35


https://lagen.nu/1974:595
https://www.statista.com/statistics/1297799/average-age-women-birth-first-child-nordic-countries/
https://www.statista.com/statistics/1297799/average-age-women-birth-first-child-nordic-countries/

Persson, Petra and Maya Rossin-Slater, “When dad can stay home: fathers’ workplace flexibility and maternal
health,” American Economic Journal: Applied Economics, 2024, 16 (4), 186-219.

Polachek, Solomon W., “Occupational Self-selection: a Human Capital Approach to Sex Differences in Occupa-
tional Structure.,” Review of Economics and Statistics, 1981, 63, 60—69.

Pop-Eleches, Cristian, “The Impact of an Abortion Ban on Socioeconomic Outcomes of Children: Evidence from
Romania,” Journal of Political Economy, 2006, 114 (4), 744-773.

Rgnsen, Marit and Marianne Sundstrém, “Family policy and after-birth employment among new mothers—A
comparison of Finland, Norway and Sweden,” Furopean Journal of Population/Revue europeenne de demographie,
2002, 18, 121-152.

Rosenzweig, Mark and Kenneth I. Wolpin, “Testing the Quantity-Quality Fertility Model: The Use of Twins
as a Natural Experiment,” Econometrica, 1980, 48 (1), 227-40.

Sheran, Michelle, “The Career and Family Choices of Women: A Dynamic Analysis of Labor Force Participation,
Schooling, Marriage and Fertility Decisions,” Review of Economic Dynamics, July 2007, 10 (3), 367-399.

Sobotka, Tomas and Eva Beaujouan, “Two Is best? The persistence of a two-child family ideal in Europe,”’
Population and Development Review, 2014, 40 (3), 391-419.

Speranza, Stephen, “Why American Women Everywhere Are Delaying Motherhood,” The New York Times, 2021.

Steingrimsdottir, Herdis, “Reproductive rights and the career plans of US college freshmen,” Labour Economics,
2016, 43, 29-41.

Stenberg, Anders and Olle Westerlund, “Does comprehensive education work for the long-term unemployed?,”
Labour economics, 2008, 15 (1), 54-67.

Stenchever, Morton A., Comprehensive gynecology, Mosby, 2001.

Stevenson, Amanda J., Katie R. Genadek, Sara Yeatman, Stefanie Mollborn, and Jane A. Menken,
“The impact of contraceptive access on high school graduation,” Science Advances, 2021, 7 (19).

Stoddard, Amy, Colleen McNicholas, and Jeffrey F. Peipert, “Efficacy and safety of long-acting reversible
contraception,” Drugs, 2011, 71.

Sundaram, Aparna, Barbara Vaughan, Kathryn Kost, Akinrinola Bankole, Lawrence Finer, Susheela
Singh, and James Trussell, “Contraceptive Failure in the United States: Estimates from the 2006—2010 National
Survey of Family Growth,” Perspectives on sexual and reproductive health, 2017, 49 (1), 7-16.

Sundstrém, Marianne and Ann-Zofie E. Duvander, “Gender division of childcare and the sharing of parental
leave among new parents in Sweden,” Furopean Sociological Review, 2002, 18 (4), 433-447.

and Frank P. Stafford, “Female labour force participation, fertility and public policy in Sweden,” FEuropean
Journal of Population/Revue Europeenne de Demographie, 1992, pp. 199-215.

Trussell, James, “Contraceptive failure in the United States,” Contraception, 2004, 70 (2), 89-96.

van den Berg, Gerard J. and Bettina M. Siflinger, “The effects of a daycare reform on health in childhood—
Evidence from Sweden,” Journal of Health Economics, 2022, 81, 102577.

_ and Johan Vikstrom, “Long-Run Effects of Dynamically Assigned Treatments: A New Methodology and an
Evaluation of Training Effects on Earnings,” Econometrica, 2022, 90 (3), 1337-1354.

Weiss, Yoram and Reuben Gronau, “Expected Interruptions in Labour Force Participation and Sex-Related
Differences in Earnings Growth,” Review of Economic Studies, 1981, 48 (4), 607-619.

Zohar, Tom, Nina R. Brooks, and Caué& Dobbin, “Women’s Autonomy and Abortion Decision-Making,” Madrid:
CEMFI Working Paper, 2025.

36



Figures

Figure 1: Matching Analysis: Dynamic Effects of Unplanned Pregnancy (LARC)
on First Childbirth and Earnings
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Note: This figure displays the impact of unplanned pregnancy on first childbirth and earnings including paid leave (y-axis)
by time since LARC prescription (x-axis). The vertical dashed line marks the year of LARC prescription (¢ = 0). Earnings
including paid leave is measured in thousands real 2010 SEK in (c) and percentage of control group mean (d). Panels (a) and
(c) show conditional means separately for the “control group” of women who do not conceive within nine months of LARC
prescription (black solid line) and the “treatment group” of women who conceive within nine months of LARC prescription
(purple dashed line). Panels (b) and (d) show the dynamic effects and 95% confidence interval of the impact of unplanned
pregnancy. Control variables include a saturated model with indicators for age and year of LARC prescription. Sample: Women
born in 1965-83 with no prior child births and less than 44 years old at the time of LARC prescription.
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Figure 2: Matching Analysis: Dynamic Effects of Unplanned Pregnancy (LARC)

on Earnings, Employment, and Occupation
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(f) ITT: Occupation with Higher Skill Requirements

Note: This figure displays the impact of unplanned pregnancy on earnings, employment, and occupation (y-axis) by time since
LARC prescription (x-axis). The vertical dashed line marks the year of LARC prescription (¢ = 0). Earnings are measured
in thousands real 2010 SEK in (a) and as a percentage of control group earnings in (b). Employment is measured in the last
week of November. Occupation is an indicator for being in an occupation requiring higher skills. Panels (a), (c), and (e) show
conditional means separately for the “control group” of women who do not conceive within nine months of LARC prescription
(black solid line) and the “treatment group” of women who conceive within nine months of LARC prescription (purple dashed
line). Panels (b), (d), and (f) show the dynamic effects and 95% confidence interval of the impact of unplanned pregnancy.
Control variables include a saturated model with indicators for age and year of LARC prescription. Sample: Women born in
1965-83 with no prior child births and less than 44 years old at the time of LARC prescription.



Figure 3: Matching Analysis: Dynamic Effects of Unplanned Pregnancy (LARC)
on Number of Children and Mental Health.
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Note: This figure displays the impact of unplanned pregnancy on number of children born to date, prescription for anti-anxiety
medication and prescription for anti-depression medication (y-axis) by time since LARC prescription (x-axis). The vertical
dashed line marks the year of LARC prescription (¢ = 0). Prescriptions for Anti-Anxiety or Anti-Depression medication are
indicators for whether an individual filled any such prescription in the year. Panels (a), (¢), and (e) show conditional means
separately for the “control group” of women who do not conceive within nine months of LARC prescription (black solid line)
and the “treatment group” of women who conceive within nine months of LARC prescription (purple dashed line). Panels (b),
(d), and (f) show the dynamic effects and 95% confidence interval of the impact of unplanned pregnancy. Control variables
include a saturated model with indicators for age and year of LARC prescription. Sample: Women born in 1965-83 with no
prior child births and less than 44 years old at the time of LARC prescription.
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Figure 4: Matching Analysis: Dynamic Effects of Unplanned Pregnancies Using Alternative Definitions
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Note: This figure displays the impact of unplanned pregnancy on labor market and birth outcomes (y-axis) by time since
contraceptive prescription (x-axis). The vertical dashed line marks the year of prescription (¢t = 0). Figures (a) and (c) show
the dynamic effects and 95% confidence intervals for giving birth to a child (i.e., the “first stage”), and figures (b) and (d) show
earnings including paid leave as a percentage of control group earnings. Baseline control variables include a saturated model
with indicators for age and year of prescription. Our baseline definition of unplanned LARC pregnancy is compared to various
windows since LARC for defining unplanned pregnancies in (a) and (b) and compared to two alternative definitions based on
SARGCs in (c) and (d); see Section 2.3.2 for definitions and Appendix Figures A13 and A15 for comparison of SARC definitions
to alternatives. Sample: Women born in 1965-83 with no prior child births and less than 44 years old at the time of LARC or
SARC prescription.
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Figure 5: Matching Analysis: Dynamic Effects of Planned Pregnancies and 2nd Children

Years since prescription/treatment
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(c) 2nd Child: Additional Childbirth (d) 2nd Child: Earnings including paid leave

Note: This figure displays the impact of pregnancy on labor market and birth outcomes (y-axis) by time since LARC or
SARC prescription or IVF treatment (x-axis). The vertical dashed line marks the year of LARC or SARC prescription or IVF
treatment (¢t = 0). These figures show the dynamic effects and 95% confidence intervals for an additional childbirth (i.e., the
“first stage”) in (a) and (c), and for earnings including paid leave relative to the control group mean in (b) and (d). Baseline
control variables include a saturated model with indicators for age and year of LARC or SARC prescription, as well as years
since first childbirth for the LARC specifications. The IVF sample additionally interacts age and year of IVF treatment controls
with time since last contraceptive and the "+ match on higher education" specification adds an additional interaction with an
indicator for completing higher education. Sample: Women born in 1965-83 with no prior childbirths at the time of the SARC
prescription or IVF treatment (top panel) or with one prior childbirth at the time of LARC (bottom panel). We also present
results for a LARC subsample of those who do not take out a prescription for any anti-depression or anti-anxiety medication
in the year their first child is born (“no postpartum mental health prescription”).
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Figure 6: Matching Analysis: Heterogeneity by Age and Enrollment
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Note: This figure displays the impact of an unplanned pregnancy by time since LARC by age in panel (a) and (b) and by
enrollment in education the year before prescription in panel (c) and (d). Panels (a) and (c) show the dynamic effects and 95%
confidence intervals for giving birth to a child (i.e., the “first stage”), and figures (b) and (d) show earnings including paid leave
as a percentage of control group earnings. The vertical dashed line marks the year of LARC prescription (¢ = 0). Controls
include a saturated model with indicators for year and age at LARC prescription. Sample: Women born in 1965-83 with no
prior child births and less than 44 years old at the time of LARC prescription.
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Figure 7: LATE Analysis: Dynamic Effects of Unplanned Births Compared to Planned (Labor Market

Outcomes)
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Note: This figure displays the impact of first child and 95% confidence interval (y-axis) by time since birth (x-axis). Two
estimates of the impact of first child are displayed: the effects estimated in a subsample of women who wanted and planned
for children (women undergoing IVF), in teal; the effects estimated in a subsample of women who wanted to delay children
(LARC users), in black. Sample: Women born in 1965-83 with no prior child births and less than 44 years old at the time of
IVF procedure or LARC prescription.
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Figure 8: LATE Analysis: Dynamic Effects of Unplanned Births Compared to Planned (Family and
Mental Health Outcomes)

(a) Number of Childbirths

(b) Anti-Anxiety Prescription

(c¢) Anti-Depression Prescription
Note: This figure displays the impact of first child and 95% confidence interval (y-axis) by time since birth (x-axis). Two
estimates of the impact of first child are displayed: the effects estimated in a subsample of women who wanted and planned
for children (women undergoing IVF), in teal; the effects estimated in a subsample of women who wanted to delay children
(LARC users), in black. Sample: Women born in 1965-83 with no prior child births and less than 44 years old at the time of
IVF procedure or LARC prescription.
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